~ | a Y \

Malssam Ahmad Jdid Florenti'nVSmarahdache

Damascus University University of New Mexico
Syria United States

Neutrosophic linear models and
algorithms to find their optimal
solution

The authors

Florentin Smarandache Maissam Ahmad Jdid
An Emeritus Professor of Mathematics  Faculty member at the Faculty of Science
University of New Mexico, United States Damascus University, Syria.

2022-2023



NEUTROSOPHIC LINEAR MODELS AND
ALGORITHMS TO FIND THEIR
OPTIMAL SOLUTION

The authors

Florentin Smarandache Maissam Ahmad Jdid

An Emeritus Professor of Mathematics  Faculty member at the Faculty of Science
University of New Mexico, United States Damascus University, Syria.

2022-2023



Florentin Smarandache
University of New Mexico, Mathematics, Physics and Natural Sciences
Division,
705 Gurley Ave., Gallup, NM 87301, USA
smarand@unm.edu

Born: Balcesti, Valcea district, Romania.
Date of Birth: 12.10.1954
Academic degree:

e PhD, PostDocs, is an Emeritus Professor of Mathematics at the
University of New Mexico, United States.

e He got his MSc in Mathematics and Computer Science from the
University of Craiova, Romania, Ph. D in Mathematics from the
State University of Kishinev.

e Postdoctoral in Applied Mathematics from Okayama University of
Sciences, Japan .And The Guangdong University of Technology,
Guangzhou, China.

His scientific achievements:

) He is the founder of neutrosophy (generalization of dialectics),
neutrosophic set, logic, probability and statistics since 1995.

) He published hundreds of papers and books on neutrosophic
physics, superluminal and instantaneous physics, unmatter, quantum
paradoxes, absolute theory of relativity, redshift and blueshift due to
the medium gradient and refraction index besides the Doppler effect,
paradoxism, outerart, neutrosophy as a new branch of philosophy, Law
of Included Multiple-Middle, Law of Included Infinitely-Many-
Middles, multispace and multistructure, HyperSoft set, TreeSoft Set,
IndetermSoft Set and IndetermHyperSoft Set, SuperHyperGraph,


mailto:smarand@unm.edu

SuperHyperTopology, SuperHyperAlgebra,  SuperHyperFunction,
Neutrosophic  SuperHyperAlgebra, degree of dependence and
independence between neutrosophic components, refined neutrosophic
set, neutrosophic over-under-off-set (with degrees of membership/
indeterminacy/nonmembership less than 0 and bigger thanl),
plithogenic set / logic / probability / statistics, symbolic plithogenic
algebraic structures, neutrosophic triplet and duplet structures,
quadruple neutrosophic structures, extension of algebraic structures to
NeutroAlgebra and AntiAlgebra, NeutroGeometry and AntiGeometry,
NeutroTopology and AntiTopology, Refined Neutrosophic Topology,
Refined Neutrosophic Crisp Topology, Dezert-Smarandache Theory.

He reviewed many peers and many books in international journals.

He presented papers and plenary lectures to tenths of international

conferences and seminars around the world.

He also published many books of poetry, dramas, children’s

stories, literary translations, essays, a novel, folklore collections,

traveling memories, and art albums.

He wrote articles and books in four languages: English, Romanian,

French, and Spanish.

His books were translated to Arabic, Chinese, Russian, Spanish,

Greek, Portuguese, Italian, German, Serbo-Croatian, and Turkish,

see

https://fs.unm.edu/LiteratureLibrary.htm and

https://fs.unm.edu/SciencelLibrary.htm .
[ http://fs.unm.edu/FlorentinSmarandache.htm ]



https://fs.unm.edu/LiteratureLibrary.htm
https://fs.unm.edu/ScienceLibrary.htm
http://fs.unm.edu/FlorentinSmarandache.htm

Maissam Ahmad Jdid
Faculty of Science, Damascus University, Damascus, Syria.
maissam.jdid66 @damascusuniversity.edu.sy
Correspondence: jdidmaisam@gmail.com
Born: Damascus — Syria.
Date of Birth: 27.04.1966
Origin: Tartous - Husayn al-Baher.
Academic degree:
e (Ph. D) in mathematical modeling from Tver State University -
Russia
Current place of work:
e Faculty member at Damascus University - Faculty of Science -
Department of mathematics - since 2006.
Previous place of work:
e lecturer at Al-Sham Private University - Faculty of Informatics
Engineering from 2015-2023.
e lecturer at Antioch Private Syrian University in 2022-2023
College of Civil Engineering - College of Architecture.
Honorary Membership
¢ Neutrosophic Science International Association —University of
New Mexico, USA
¢ International Association of Paradoxism - University of New
Mexico, USA
Editor-in-Chief
o Journal Prospects for Applied Mathematics and Data Analysis,
(ASPG), USA
https://americaspg.com/articlesvoulume/34
https://orcid.org/my-orcid?orcid=0000-0003-4413-4783
https://www.scopus.com/authid/detail.uri?authorld=57353028500



mailto:maissam.jdid66@damascusuniversity.edu.sy
mailto:jdidmaisam@gmail.com
https://americaspg.com/articlesvoulume/34
https://orcid.org/my-orcid?orcid=0000-0003-4413-4783
https://www.scopus.com/authid/detail.uri?authorId=57353028500

https://www.researchgate.net/profile/Maissam-Jdid
https://scholar.google.com/citations?user=-5pTuFcAAAAJ&hl=ar
https://www.facebook.com/profile.php?id=61551427142439&mibextid=
9R9pXO
https://digitalrepository.unm.edu/do/search/?q=Jdid&start=0&context=
8211305&facet=



https://www.researchgate.net/profile/Maissam-Jdid
https://scholar.google.com/citations?user=-5pTuFcAAAAJ&hl=ar
https://www.facebook.com/profile.php?id=61551427142439&mibextid=9R9pXO
https://www.facebook.com/profile.php?id=61551427142439&mibextid=9R9pXO
https://digitalrepository.unm.edu/do/search/?q=Jdid&start=0&context=8211305&facet
https://digitalrepository.unm.edu/do/search/?q=Jdid&start=0&context=8211305&facet

In The Name of Allah, The Most Beneficent, The Most Merciful

So Exalted is Allah, the True Sovereign. Do not be hasty with
the Quran before its inspiration is concluded to you, and say,
“My Lord, increase me in knowledge”

(Allah Almighty is Truthful)

My dear colleagues

Searching for the best is the path of human interest at all times, and
in our endeavor to provide the best and keep pace with the great
scientific development witnessed in our contemporary world, we
present to you this humble work entitled:

(Neutrosophic linear models and algorithms to find their
optimal solution)

Science is the basis for managing life's affairs and human activities,
and living without knowledge is a kind of wandering and a kind of
loss. Using scientific methods helps us understand the foundations of
choice, decision-making, and adopting the right solutions when there
are many solutions and many options.

Through this work, we present a study of linear models using the concepts
of neutrosophic science, the science that was built on the basis that there
is no absolute truth, there is no confirmed data, issues cannot be limited to
right and wrong only. There is a third state between error and right, an
indeterminate, undetermined, uncertain state. It is indeterminacy.
Neutrosophic science gave each issue three dimensions, namely (T, I, F),
correctness in degrees, indeterminacy in degrees, and error in degrees. It
was founded by the American philosopher and mathematician Florentin
Smarandache, in 1995 and came as a generalization of fuzzy logic that
was founded by the scientist Lotfi. A. Zadeh, in 1965. Neutrosophics is a
new science. It studies the different spectrums that a person can imagine
in a single issue, which gives a more accurate description of the data of
the issue under study and thus accurate results that leave no room for
coincidence that help in making decisions that suit all the circumstances
experienced by the work environment of the system under study. In our
quest to search for the best. In this book, we present a study of linear



models and algorithms to find the optimal solution for them using the
concepts of neuroscientific science. We know that the linear
programming method is one of the important methods of operations
research, the science that was the product of the great scientific
development that our contemporary world is witnessing. The name
operations research is given to the group of scientific methods used. In
analyzing problems and searching for optimal solutions, it is a science
whose applications have achieved widespread success in various fields of
life. The characteristic that characterizes this science is the development
of mathematical models, tools and techniques that have the ability to
express the concepts of efficiency and scarcity in a well-defined
mathematical model for a specific situation. It has the ability to use
scientific methods to solve complex dilemmas in managing large systems
in factories, institutions and companies and helps decision makers in them
to make optimal scientific decisions for the workflow. These issues were
addressed according to classical logic, but the ideal solution was a
specific value appropriate to the circumstances in which the data was
collected. It does not take into account the changes that may occur in the
work environment. To obtain more accurate results and enjoy a margin of
freedom, we present in this book a study of neutrosophic linear models
and algorithms to find the optimal solution for them. What is meant by
neutrosophic models are models in which the data are neutrosophic
values, that is, variables such as in the objective function, which
expresses profit if the model is a maximization model, and expresses a
cost if the model is a minimization model, which in turn is affected by
environmental conditions.

We take it in the form N¢; = ¢; + ¢;, where g;; is the indeterminacy, and
it takes one of the forms ¢ € [4j,,4;; | or & € {41, 4;,} or otherwise,
which is any neighborhood of the value c;; that we obtain while adding
The data on the issue then becomes the cost (or profit) matrix
Nc¢; = [¢; * ], and also the fixed values that represent the right side of

]
the constraint swings, which express the available capabilities of capital,

time, raw materials, etc., and they are also affected. In environmental
conditions, we take it from the form Nb; = b; + §;, where §; is the

indeterminacy of the required quantities. It can take one of the forms



8; € [uir, tiz] Or O; € {1, 12}, and the same situation applies to
examples of variables in constraints that express quantities. The raw
materials consumed in the production process are taken from the form
Na;; = a;; +y;;, where y;; is the indeterminacy of the quantities
necessary for the raw material i to produce one unit of product j. It can
take one of the forms y;; € [@;j1, @ij2], OF ¥ij € {@ij1, @ij2}, Which helps
us obtain more accurate results and gives companies a margin of freedom.

This book includes eight chapters:
Chapter I: Study of neutrosophic linear equations.
Chapter Il: Neutrosophic Linear Models.

Chapter I1I: The graphical method for finding the optimal solution for
neutrosophic linear models.

Chapter IV: The simplex direct neutrosophic algorithm for finding the
optimal solution for linear models.

Chapter V: The modified simplex neutrosophic algorithm to find the
optimal solution for linear models.

Chapter VI: The simplex algorithm with a synthetic basis to find the
optimal solution for linear models.

Chapter VII: Neutrosophic Dual Linear Models and the Binary
Algorithm.

Chapter VI1I: Some applications to neutrosophic linear models.

We hope to God Almighty that this work will achieve the desired
benefit from its preparation.

Authors

Florentin Smarandache and Maissam Ahmad Jdid
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Chapter |
Study of neutrosophic linear equations

Introduction.
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1.2. Systems of neutrosophic linear equations in which the
number of equations equals m and the number of
variables equals n.
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Chapter |
Study of Neutrosophic linear equations

Introduction:

Since the research and studies using neutrosophics produced
more accurate results compared to research employing classical
logic, we considered necessary to reformulate the systems of
linear equations and some of the methods for solving them
using the concepts of neutrosophic science, given the
significance of the linear programming method as one of the
methods of operations research.

1.1. Systems of linear equations according to
classical logic:

The propositions of linear equations in which the number of
equations equals m and the number of variables equals n are
given according to classical logic in the following general
form:

a11x1 + alzxz + -4 alnxn = bl

a21x1 + azzxz + -+ aann - bz

Am1X1 + ApaXy + -+ QnXn = b
And written in the following matrix form:
AX=B
Where:
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a1 iy ... dqp b1 X1
dp1 dpp ...dpp b X2

A= B=|"? X =
dm1 dm2 -+ Amn by, Xn

Where a;; and b; are real numbers for all values of
i=12,..,mandj =12, ..,n

Three cases of linear equation systems were identified and
distinguished.

First case:

The number of variables and equations is the same, i.e., m = n.
Second case:

There are more equations than variables, i.e., m > n

Third case:

The number of equations is less than the number of variables,
l.e., m<n.

The systems of linear equations that follow will be presented
using the ideas of neutrosophic science. In this case, the real
numbers a;; and b; will be treated as neutrosophic numbers, or

as indefinite values of the form Nb; and Na;;. Perfectly

determined, they can be any neighborhood of the real numbers
a;; and b;, expressed in any of the following forms:

Naij = aij + gij and Nbl = bi + Ui where gij € [AlijJAZij] or
&j € {/hij,/lzu} or otherwise, then the systems of neutrosophic
linear equations is written in the form below.
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1.2. Systems of neutrosophic linear equations where
the number of equations equals m and the
number of variables equals n:

General form:

Na;ix; + Naj,x, + -+ Nayp,x, = Nb,
Nay1x, + Nagyx, + -+ Naypx,, = Nb,

Naynxq + Nagyx, + -+ NayXm = Nby,
In the following matrix form:

NA.X = NB
Where:
Na;; Nayy..Naq, Nb, Xq
NA = Na,, Na,, ...Na,, NB = Nb, X — X2
Namy Nty o Nty Nby, Xn

We analyze the preceding equation systems in accordance
with the three previously mentioned cases to determine
their general solution.

First case:
The number of variables and equations is the same, i.e., m = n.
We write the systems of equations as follows:

Nay1x; + Naj,x, + -+ Naypx, = Nb;

Na,1x; + Nay,x, + -+ Na,,x,, = Nb,

Nayi1x1 + Nay,x, + -+ Nay,x, = Nb,

-4 -
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Or, in matrix form:

NA.X = NB
Where:
Na;; Nayy..Naq, Nb, X1
NA = Na,, Na,, ...Na,, NB = Nb, ¥ = X2
Naw,  Nayg .. Nan, Nb, X

The matrix is a square matrix whose determinant is Ay= |NA|
Here we distinguish two cases:

1- Ay= 0. Two cases follow from this case:
a. If Ay=0 and Aij;t 0 where Aij Is the determinant

resulting from the determinant of the matrix of A, after
replacing the column containing of the unknown x; with
the column of constants, then the systems have no
solution.

b. If Ay=0 and Aij= 0, this means that the systems of

equations are not linearly independent, meaning that
some are linearly related to each other. In order to handle
this case, we eliminate one of the two equations that are
linearly related; as a result, there are now m’ equations
instead of two, where m" = m — 1 and m’ < n,which is
the same as the second case that will be addressed later.

c. When Ay# 0, that is, the systems of equations are
linearly independent and the systems have a single
solution, that can be found in multiple ways. We
investigate the Gauss-Jordan method in this study
because it serves as the foundation for the direct simplex
algorithm that we employ to find the best solution for
linear models.

-5-
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1.3. Gauss- Jordan method for solving systems of
neutrosophic linear equations where m = n:

We express the equations in the following matrix form to make
the method's mathematical foundation more clear:

Na11 Na12 ...Naln x]_ Nbl
Na21 Nazz ...Nazn x2 sz

aan mas mEE mes mEE wE wwn .. = s (1)
Na,; Na,,..Na,, ] |*n Nb,
Or in the following abbreviated form:
NA.X =NB (2)
Since Ay= |[NA| # 0, this means that the matrix NA has an
inverse i.e., NA~1. We multiply both sides of equation (2) by
NA~tand we find:
NA™1.(NA.X) = NA"1.NB
Hence, we get:

[.X=NB’
Which is written in the foIIowing detailed form:
10 0..0 Nbq
0 1 0..0 Nb;
=" ®
0 0 0 1 Nb;,,

This process is the basis of the Gauss- Jordan method for
solving a system of linear equations. In order to convert Figure
(1) to Figure (2), we follow the following steps:

1- We express Figure (1) in the following table:
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Variables
; NB
Equations 1 2 n
1 Nay; | Naq, Nay, Nb,
2 Na21 Nazz NaZn sz
n Na,; | Na,, Na,, Nb,

Table No. (1): Table of equations

2- We convert the matrix NA to the unit matrix I by
processing the rows of the table so that we make all
non-diagonal elements in all its rows equal to zero
and the diagonal elements equal to one. The steps
below are used to eliminate the variable x, from the
equation t:

a- To make x, equal to one, we divide all the elements
of row t by Na;,. This causes x; to equal one and
modifies the other expressions.

b- We set all elements of the column with x, (except
row t) equal to zero.

c- We calculate the rest of the elements of the new table
from the following two relation:

Na,; Na;;:Na,. — Na;.Na,;
Nagj _ (Naij — Nay, t]) _ V@ N Aes is!VQt;j

Nag, Na;g ()
/ th NblNatS - Nalsth
Nbi=(Nbl-—Nais >=
Na;, Na;,

The element Na,, is called the pivot element.
Following the previous process, the following table is
produced:
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Variables
) N !
Equations X1 | Nx N NB
1 1 0 0 Nb;
2 0 1 0 Nb)
n 0 0 1 Nb;,

Table No. (2) Final solution table
The linear equation systems are expressed in the following
matrix form:

I.NX = NB'’
X1 Nb;
X2 _ |Nb; N

0 00..1] [x] InNb,

Nx, Nbq
Nxz _ Nbé
Nx, Nb),

= Nx; = Nb; ,Nx, = Nb;, ..., Nx, = Nb,,
Second case:
There are more equations than variables, i.e., m > n.
In this case, we form a new system from the set of equations in
which the number of equations is equal to the number of
variables by excluding a number of equations of m — n. Then,
to make sure the equations that were excluded are satisfied; we
solve the new systems in the same way as we solved the first
case.

Third case: There are fewer equations than there are variables,
l.e., m<n.

We are presented with a set of equations of the following form
in this particular case.

-8 -
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Na11x1 + Na12x2 + -4 Nalmxm + -+ Nalnxn == Nb1

Na,;x; + Na,,x, + -+ Na,,xX,, + -+ + Na,,x,, = Nb, (5)
Na1x1 + Nag,x, + -+ NagmXm + -+ Nagnx, = Nb,,
Which is written in the following matrix form:

_x1
X2
Na;; Nayy...Najpy ... Nay, Nb,
NA = Najy; Nay, ...Naypy, ... ... Naq, NB = Nb, X =%,
Na,; Nayy...Nayy .. NGy, Nb, N
[ X,

In the following brief form:
NAmn) -Xm1) = NBan1y (6)
1- We divide the matrix N Ay, ») into two matrices:
a- A square matrix of rank (m.m) which we denote
NCimm)-
b- And a rectangular matrix of rank (m.n —m) which
we denote ND(, 5—m)
2- The column matrix X, ;) is divided into two matrices

X' m1y and X (n_m 1y

Subsequently, the equation systems (5) are expressed in the
matrix form shown below:

X,(m.l)

[NC(m.m)» ND(m.n—m)] . ] = NB(m.l) (7)

X"(n—m.l)
NC(m.m)-X,(m.l) + NDmn—m)- X m-m.1) = NBan.1)
We find that:

NC(m.m)-X’(m.l) = NBm.1) — ND(m.n—m)-X" n-m1 (8)
Assuming that |[NC| # 0, we multiply both sides in relation (8)
by NC~* and we find:

NC~1.NC.X' =NC™*.(NB—-ND.X")

-9-
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I.X =NC > .NB—NC L.ND.X) (9)
Assuming that NC™*.NB = NB" and NC™".ND = ND(,, ,,_pm) We
find that:
X1

0
1 X2

1 0..0
0 0..0
0 00..1 Xm

Nb; Ndi;  Ndi, . Nd1(n m)] Xm+1
l ‘ 0o

Nbé Nd21 Ndlzz . Ndl(n m)l

(
|
— |
Which can be converted as follows into a set of linear
equations:

Nx; = Nb; — (Ndj1Xpm4q + NdipXpyp + 00 + Nd,l(n—m)xn)
Nx; = Nby — (Nd31Xmeq + NdjpXmyo + - + Nd’z(n—m)xn)

Nx,, = Nb’ (Nd 1Xma1 + Nd m2Xmaz + o+ Ndm(n mXn)

This means that we were able to calculate m in terms of
(n—m), Xpms1) Xma2r - Xn. We note that the values of the
variables x;, x,, ..., x,,,, it relates to the values taken by the
variables x,,, 1, X2, - » X5, OF In Other words, what we give to
the variables x,,,1, X432, ---, X, and that for every proposition
of values such as B,,+1, Bim+2, -+, BnfOr these variables we get a
set of values for the variables x4, x5, ..., X, IS:

Nxy = Nbj — (Ndi1Bimsr + NdioBmsz + -+ Ndi () Bn)

Nx; = Nby — (Nd31Pmsr + Ndppfmyz + - + Ndé(n—m).gn)

Nxp, = Nb’ (Nd 1.8m+1 + Nd 2.8m+2 + -t Ndm(n m):Bn)
Thus, we obtain a solution that includes all the variables of
proposition (5)

Here is how the solution is structured:

-10 -
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(Bl, IBZl R Bm' ﬁm+1» ﬁm+2' ] Bn)

But since the variables x,,,41, X2, .-, XpCan take an infinite
number of qualitative values (even if they are restricted by
certain conditions), we obtain an infinite number of
corresponding values for the variables x;, x,, ..., X,
Thus, the set of equations (5) has an infinite number of
acceptable solutions of the following form if |[NC| # 0:

(le X2y s X Xm+ 10 Xm425 =05 xn)
Thus, we obtain a solution that includes all variables of the
proposition, which is the ordered solution:

(B1, B2y ++vs B B+ 1 Bm+2s -+ Bn)
1.4. Basic solutions of the neutrosophic linear

equations:
Since proposition (5) has an infinite number of acceptable
solutions, we will try to limit ourselves to a limited number by
setting the variables x,,,1, Xm42, ..., Xy, €qual to zero. Then
proposition (9) takes the following form:

10 0..0] [x Nb,

0 1 0..0f [*2]|_|[Nbs (11)

0 0 0..11 *m Nb,,
We get:

x, = Nb; ,x, =Nb;,.., X = Nb,,
So, the complete solution is:

(Nby,Nb, ...,Nb;,, 0,0, ...,0)

Because it can be attributed to the rule with single normal
vectors in the space R™, we refer to this solution as the basic
solution:

-11 -
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ES 07 107
0 1 0
61 = 0 82 = O em = 0
0 0 0
o o ]

The set of vectors ey, e,, ..., e, form a rule because they are
linearly independent, and the vector NB' can be expressed
using the factorials x4, x5, ..., x,,, as follows:

NB' = e x; + eyxy + -+ epxm
We call the variablesx,, x,, ..., x,,, basic variables and we call
other variables x,,, 41, X;p42, ) X
free or non-basic variables because they take qualitative
values.
The process of selecting the variables x4, x5, ..., x,,, as basic
variables is a random process, since we can form other basic
solutions, if we know that the available possibilities to obtain
basic solutions are:

n!
Ch= ———
" ml(n—-m)!
There is a finite number of infinitely possible solutions.

Example 1:
The two linear equations below have a joint solution.

2xy + 7x, + 3x3 + 2x,4 = [2,5]

3x; +9x, + 4x5 + x4, = [3,7]

X1 + 5x, + 3x3 + 4x, = [4,8]
In the set of equations, the number of variables is n = 4 and
the number of equations is m = 3. Therefore, the number of
basic variables is equal to 3 and the number of non-basic free
variables is n —m = 1. The number of possible solutions is
calculated from the relation:
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n!
m o
Cn m! (n —m)!

4!

BRI

Ci
We write as follows:
(X1, %2,%x3,0) , (%1, %2,0,x4) , (1,0, %3, %4), (0, X2, X3, X4)
To obtain these solutions, we write the systems of equations
in the following form:
2xy + 7x, + 3x3 = [2,5] — 2x,
3x; +9x, + 4x3 + x4 = [3,7] — x4
X1 + 5x, + 3x3 = [4,8] — 4x,
The previous proposition is written in the following matrix

form:
2 7 3] ™ [2,5]] T2
[3 9 4].[962]: [3,7]] — 1].[x4]
1 5 31 IX3 [4,8] 4
2 7 3 Xy [2,5]] 2
C=[3 9 4| X' = |x2| NB=|[37]] D=|1] X =[x,]
1 5 3 X3 [4,8] 4
We calculate the determinant |C]| .
We find:
2 7 3
ICl=13 9 4|=-3%#0
1 5 3
We determine the matrix's reciprocal to identify the solutions:
2 7 3
C=[3 9 4]
1 5 3
We find:
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We compensate in the relation:

We get:

7
3
5
3

-2

=

__7 2 _1_
3 3
5 1 -1
3 3
-2 1 14

NC L. NC.X' = NC~'.(NB—-ND.X")

2

-1
1

1 A

-1].

E

0]
0
1]

w
e
w N

2
- [1] [x4]

4
Nx;
Nx,

Nxs
—7

O - O |

_1 . 1 . [x4]
—1 = | la

-2 1 14

3
5
3

Which can be transformed into the following systems of

equations:

le -

5]

~16
3

l 1 ‘-[xzr]
1

)
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Setting the free variable x, equal to zero we get:
_ _1 -
0.5
1]

"3
[3,5]

le ==

-1 4
x1 == I:O,? ,x2 = — 1,§:|,X3 = [3,5]

Thus, we obtain the first neutrosophic basic solution, which is:

(x1,%,%3,0) = ([0%1 ,— [1%] , [3,5],0)

We obtain other basic solutions in the same way.

Dissolved basic solutions:

The basic solution is a degenerate and invalid solution if we
obtain a value of zero for the variables that we have chosen as
a basis.

1.5. Gauss- Jordan method for solving a set of linear

equations where m < n:
The following are the basic steps of the Gaussian-Jordan
method, which are based on the previously mentioned
mathematical principles:
1- We write the systems of equations (5) in the following
matrix form:

I.X +NCL.D.X =NC *.NB = NB’
1 X1 ,
[[,NC'.ND] [X] = NB' (12)

Which is written in the following detailed form:
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[1 0 0..0 Nd, Nd, ...Nd;(n_m)] x11 [Nb}

0 1 0.0 Ndy Ndy Ndignm| |¥2| 2 [ND2| (g3

xa)  INbE,

[0 0 0..1 Ndpy Ndps ... Ndpm
The transition from Figure (5) to Figure (12) is done the same
steps we mentioned in the previous paragraph, but this method
does not give us a basic solution unless we set the free
variables equal to zero. If we do that, we only get the first
solution. To obtain all solutions, we perform the following

steps:

a. We organize the following table:

Variables
Equation X1 Xg | eene | X Xm+1 Xma2 | eeee | Xn NB
1 A1 | Gz | o | Gam | @ame1 | @amaz | o | Gan | Nbj
2 Az1 | Qa2 | - | G2m | G2m+1 | Gzmiz | -« | Ga2n | Nby
m Am1 | Om2 Amm | Amm+1 | Gmm+2 « | Amn Nb;n

Table No. (3) The first table for the Gauss- Jordan method
b. We find the identity matrix I,,,x,, by processing the rows
of the previous table in the same way as explained in the
previous paragraph. To do this the specify variables that
are entered in the base and let them be x, x,, ..., x,,. AS
a result of this processing, we obtain the following table:

Variables ,
Equation X1 | X2 | eeee | Xm | Xma1 | Xmaz | eoe Xn NB
1 1 O |...] 0 | Ndi; | Ndiy | ....| Ndip_m Nb;

2 0 1] .. 0 | Nd3; | Ndby | .. | Ndjp_m Nb,

m 0 0| .. 1 | Nd;,; | Nd3, . | Ndppp—m | Nb;

Table No. (4): Table of the first basic solution
c. Setting all the free variables in Table (4) equal to zero,
we obtain the following first basic solution:
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(Nbj,Nb,, ...,Nb.,,0,0, ...,0)

a. To obtain a second basic solution, we replace one of the
basic variables, say x,,, with one of the non-basic
variables x,,,,, by selecting the appropriate pivot
element, and here it is Nd,,,;. We work to delete x,,,4+4
from all equations except equation m. In this equation,
we set the coefficient of this variable to one. We use the
two relations (4) to carry out the necessary
computations. We solve the subsequent second basic
solution:

(Nby,Nby, ...,Nb,,_4,0,Nb,,,4,0,...,0)
We repeat the steps mentioned in step (d) to get additional
basic solutions.
1.6. Non-negative basic solutions of systems of

neutrosophic linear equations:
Certain basic solutions are unsatisfactory because they defy the
condition if all or some of the variables are required to be non-
negative. Among the basic solutions, we must search for
positive basic solutions in such a situation.
The Gauss-Jordan method was developed to directly obtain
positive solutions because it is difficult to apply the method
described in the example, particularly when there are many
variables.
The new method was called the simplex method, which is
carried out according to the following steps:
1.7. The simplex method for finding non-negative
basic solutions to a system of linear equations

where m < n:
In the systems of equations (5):
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1- By multiplying the equation with the negative second
side by (-1), we are able to make all elements of the
constant's column NB on the second side of the
equations non-negative.

2- We put the coefficients of the new systems in a table.

3- We form a rule consisting of m variables by selecting
the variable that we want to enter into the rule, for
example, x,, then we calculate the index.

Nb;1  Nb,

Nal-s] "~ Nay
We call the element Na,, the pivot element, we
delete the variable x, from all equations according to
the Gauss- Jordan method, except for the equation t,
in which its coefficient is equal to one. We repeat the
previous step until we form a base consisting of m
variables.

4- Setting the non-basic variables equal to zero we
obtain the following non-negative basic solution:

(Nb{,Nb,...,Nb,,_4,0,Nb},,4,0,...,0)

5- We designate one of the variables as a basic variable,
find the pivot element, and then carry out the same
steps as for the variablex; to obtain additional new
non-negative basic solutions. We continue working
until we have all of the non-negative basic solutions
after we find a new one.

9=Mln[ >0; Nal-s>0,Nbl->0

We explain the above using the following example:
Example 2:

X1 — 3%4 + 2x5 = —[1,3]
Xy + 2%, — 3xs = [2,8]
We multiply the first equation by (-1) until the condition
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Nb; > 0 is met, and we obtain the following new systems:
—x; — 3x3 — 2xs = [1,3]

Xy + 2%, — 3x5 = [2,8]
The stopping criterion is when we cannot find a free column
that we have not use for switching that contains a positive
element (at least one), This means that all the elements of the
free columns that were not used during the swap are negative
values.
In the systems of equations, the number of variables is n =5
and the number of equations is
m = 2 Therefore, the number of basic variables is equal to 2
and the number of non-basic free variables is n —m = 3. The
number of possible solutions is calculated from the relation:

n!
m o ————
Cn m! (n —m)!
i.e.,
) 5!
Cs _2!(5—2)!_10

We write as follows:
(x1,%5,0,0,0), (x4,0,x3,0,0), (x3,0,0, x4, 0), (xq,0,0,0, x5),
(0, x5,x5,0,0)(0,x5,0,x,4,0),(0,x5,0,0,x5), (0,0, x5, x4, 0),
(0,0,x3,0,x5),(0,0,0, x4, x5)
To obtain these solutions, we organize the following table:

Variables
) NB
Equations 1 Y2 | 3 X4 s
1 —1 0 0 3 -2 [1,3]
2 0 1 0 2 -3 [2,8]

Table No. (5): The first table for the simplex method
To find a basic solution to the set of equations, we select a
variable, for example x,, to be a basic variable, and to
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determine the appropriate anchor element, we calculate the
index:

9 = Min [Nbi] = Min [[1’3] [2’8]] _ [13]

Na; 3 7 2 3

That is, the pivot is a,, = 3. The following table is produced
after the necessary computations are made to remove the
variable x, from the two equations:

Equatio\rf;mabIes *1 X2 3 x4 s NB’
X4 1 0 0 1 2 [1 1]

3 3 3’
2 2 1 0 0 5 F 6]

3 3 3’

Table No. (6) The second table for the simplex method
We choose another variable to be a basic variable. We note that
the variable x, is ready to be a basic variable, and thus we get
the following table:

Variables

Equation 1 2 | X3 X4 *s NB
X4 1 0 0 1 2 [1 1]
3 3 3
%2 2 1] o 0 5 [g 6]
3 3 3’

Table No. (7): Final solution table
Thus, we obtain a base consisting of the variables x, , x,. We
set the free variables equal to zero, and we obtain the following
non-negative neutrosophic basic solution:

0 [55] 0f5.1]-0

We repeat the steps we took to find the previous solution to get
additional solutions.
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Conclusion:

In this research, we have presented a study of the sets of
neutrosophic linear equations as a basis for neutrosophic linear
programming, and the Gauss-Jordan method, which is
considered the mathematical basis for the simplex method to
find positive basic solutions that can be used when there are
constraints on some, or all, of the variables to be positive
values, which in turn is the basis for the method direct simplex
to find the optimal solution for linear models. Using the
examples that we have presented on systems of neutrosophic
equations, we have arrived at basic neutrosophic solutions that
express indeterminate values. Such propositions can be used in
cases where the data provided to the systems operating
according to these systems of equations are subject to change.
Here we can benefit from the margin of freedom offered by
neutrosophic values.
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Chapter 11
Neutrosophic Linear Models
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2-1-1-The general formula for the neutrosophic linear model.

2-1-2- The canonical neutrosophic formula for the linear
model.
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Chapter 11
Neutrosophic Linear Models

Introduction:

In this chapter, we present the formulas of neutrosophic linear
mathematical models, that we mean linear models containing
in their mathematical relation neutrosophic values, whether in
the objective function relation or in the constraint relation,
which takes into account all the changes that may occur in the
operating environment of the system represented by the model,
which it ensures that the facility has a safe workflow, meaning
that we will take the variables in the objective function as
neutrosophic values, i.e. N¢; = ¢; * g;

Also, the values that express the available capabilities are
neutrosophic values, i.e., Nb; = b; £ 6;and , Na;; = a;; + p;;
where (j = 1,2,...,n,i = 1,2,...,m) are undefined values that
have a margin of freedom and are taken according to the nature
of the situation represented by the linear model, then We
present the basic formulas of linear models using the following
study:

2—1- Basic formulas of neutrosophic linear models:

Neutrosophic linear models can be classified according to the
following formulas:

2-1-1-The general formula for the neutrosophic linear
model:

The general neutrosophic formula for the linear mathematical
model is given in abbreviated form as follows:
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NZ = (cj + sj)xj — Max or Min

1

n
]:

Constraints:

n =
ZNGUXJ (S) bi i6l ; = 1,2,...,m
j=1

Where Cj + €j ) bi i 61" aij, ] = 1,2, ...,n,i = 1,2, e, M
are constants having set or interval values according to the
nature of the given problem, x; are decision variables.
It is given in the following detailed form:
Find:

NZ = Ncyx; + Ncyxy + -+ Nepx,, — (Max or Min)
Constraints:

=
Na;1x1 + Najpx, + -+ Naj,x, (S) Nb; i=12,..,m

X1, X9, e, X = 0

Linear models can also be expressed using matrices, and
therefore the neutrosophic linear model given in the general
form can be written using matrices as follows:

Find:
NZ = NC X — (Max or Min)

Constraints:
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>
NA X(S) NB

X=0
Where:
Na;; Nayz..Naq, Nb, Ncq X1
NA = Na,, Na,, ..Na,, NB Nb, NC = Nc, X = X2
Nam: N - Namn Nby New L

2-1-2- The canonical neutrosophic formula for the linear
model:

The linear program is set canonical if all the variables are
constrained to be non-negative and if all the constraints are
given in the form of inequalities must be placed in the form

( < is less than or equal to). The neutrosophic canonical form
is written in the following abbreviated form:

n
NZ = Z(cj + ej)xj — Max
j=1

Constraints:

n
Nainijii(si ; i = 1,2,...,m
—1

]
xj =0
It is given in the following detailed form:
Find:

NZ = Ncyxq + Ncyxy, + -+ Ncyx, — Max
- 95 -
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Constraints:
Na11x1 + Na12x2 + + Nalnxn S Nbl

Nalel + Nazzxz + e + Naann S sz

Na,,1x; + Nay,x, + -+ Na,,x, < Nb,,
X1, X9, e, Xp = 0

Linear models can also be expressed using matrices, and
therefore the neutrosophic linear model given in the canonical
form can be written using matrices as follows:

Find:
NZ =NC X — Max

Constraints:

NAX < NB
X=0
Where:
Na;; Nayz..Naqi, Nb, Nc¢, X1
NA = Na,q Na,, ..Na,, NB = Nb, NC = Nc, X = X2
Nami N - Namn Nbp Ne, xn

2-1-3- The standard neutrosophic formula for the linear
model:

The standard form plays an important role in finding a solution
to linear programming problems, as the issue of searching for a
solution to a linear programming problem has been
transformed into the process of searching for a solution to a set
of linear equations consisting of n equations with n+m
unknowns, and solving this sentence is useful if it is possible,
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i.e. If it fulfills the conditions of non-negative x; = 0, then the

optimal solution for the linear model is the ideal values of the
variables that fulfill the constraints and give the objective
function the greatest or smallest possible value according to the
text of the problem being solved. The standard neutrosophic
formula is given in the following abbreviated form:

Find:
n
NZ = Z(cj + &)x; — (Max or Min)
j=1
Constraints:
n
ZNaijxj =bh;+6; ; i=12,...,m
j=1

It is given in the following detailed form:
Find:

NZ = Ncyx; + Ncyxy, + -+ Neyx,, — (Max or Min)

Constraints:

Na11x1 + Na12x2 + .-+ Nalnxn = Nbl
Na21x1 + Na22x2 + -+ Naann == sz

Nay1x1 + Napyox, + -+ Nayx, = Nby,

X1, X9, ey Xp = 0
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Linear models can also be expressed using matrices, and
therefore the neutrosophic linear model given in the standard
form can be written using matrices as follows:

Find:
NZ = NCX — (Max or Min)

Constraints:

NAX =NB
X=0
Where:
Na,; Nay,..Naq, Nby Ncq X1
NA = Na,, Na,, ..Na,, NEB = Nb, NC = Nc, X = X2
Napms Ny .. Ny, Nbp Nea Lo

Here we note that all constraints are of the equality type, except
for the non-negative constraints, which remain inequalities.
Also, the right side of each equality constraint must be non-
negative, and all decision variables must be non-negative. The
objective function in the standard Neutrosophic form can be a
maximization function or a minimization function.

2-1-4- The symmetrical formula of the neutrosophic linear
model:

We say of a linear program that it is in the symmetrical form if
all variables are constrained to be non-negative and if all
constraints are given in the form of inequalities , the
inequalities of the constraints of the maximization problem
must be in the form (<) less than or equal to, while the
inequalities of the constraints in the minimization problem
must be In the form (=) is greater than or equal to, then we
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write the neutrosophic symmetric formula in one of the
following two forms:

First figure:

The neutrosophic symmetric formula for the linear
mathematical model is given in the abbreviated form as
follows:

n
NZ = z(cj + s]-)x]- — Max
j=1

Constraints:
n
ZNCI,UXJ < bi i 6i ; [ = 1,2,...,m
j=1

It is given in the following detailed form:
Find:

NZ = Ncyxq + Ncyxy, + -+ Ncpx, — Max
Constraints:
Nallxl + Nalzxz + b + Nalnxn S Nbl

Nalel + Nazzxz + cee + NClann S sz

Nay1x1 + Napyox, + -+ Napyx, < Nby,
X1, X9, e, X = 0
Using matrices as follows:
Find:
NZ =NC X — Max
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Constraints:

NAX < NB
X=0
Where:
Na;; Nayy..Naqi, Nby Nc,y X1
NA = Na,, Na,, ..Na,, NB = Nb, NC = Nc, _ |*2
Napms Ny .. Ny, Nbp Ne, Xn

Second form:
The summary is as follows:

The neutrosophic symmetric formula for the linear
mathematical model is given in the abbreviated form as
follows:

n
NZ = Z(cj + sj)xj — Min
j=1

Constraints:

n
Na;jx; =2 b; £6; ; i=12,..,m
j=1

xj =0
It is given in the following detailed form:
Find:
NZ = Ncyxq + Ncyxy + -+ Ncpx, — Min
Constraints:
Nay1x; + Naj,x, + -+ Nay,x, = Nby
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Nalel + Nazzxz + e + Naann 2 sz

Na,1x1 + Nay x5 + -+ Nanx, = Nb,,
X1, X9, e, Xp = 0
Using matrices as follows:
Find:
NZ = NC X — Min

Constraints:

NAX > NB
X=0
Where:
Nay; Nay,..Naq, Nby Ncq X1
NA = Na,, Na,, ..Na,, NB = Nb, NC = Nc, X = X2
Nami N - Nt Nbp Ne, n

2-2- How to move from one formula to another:
Some presentation of the formulas of the neutrosophic linear
models. It should be noted that we can move from one formula
to another by following the following elementary
transformations:
e Converting the minimum value of the objective
function f(x) to a maximum value by multiplying it
by (-1) we get (- (f (x)).
e If the inequalities were of the form (greater than or
equal to) they will be converted to the form (less than
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or equal to) by multiplying both sides by (-1), and
vice versa.

e The equality constraint can be converted into two
inequalities of different direction.

o |f the left side of an (inequality) constraint is given in
absolute value, it can be converted into two regular
inequalities.

e Constraint inequalities of the type (greater than or
equal to) are converted to an equality constraint by
subtracting an appropriate positive variable (i.e.,
artificial variable) from the left side of the inequality
and this variable is entered into the objective function
with zero coefficient.

e Constraint inequalities of the type (less than or equal
to) are converted into an equality constraint by
adding an appropriate positive variable (i.e., slack
variable) to the left-hand side of the inequality and
then this variable is entered into the objective
function with zero coefficient.

e If one of the decision variables x is not constrained
by the non-negative condition (that is, it can be
negative, positive or zero), then it can be expressed as
the difference between two non-negative variables
x',x as follows x = x’ —x'and x',x =0

2-3- Examples of the above:

The linear models in all examples are given in detailed form:
Example 1:

Call the following neutrosophic linear programming in its

general form:

Min NL= 3+t ¢&)x; — 3B+ e&)x, + (7 £ &3)x5
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Constraints:

X1+ x, +3x3 <40 £ 6,
X1 +9x, — 7x3 = 50 + 6,
5x; +3x, =20 % 63
|5x, + 8x3| < 100 + &,
X1, %X =0
Where ¢; It is indeterminate and could be
g € [Ayj,A55] or g € {4, 25} ;) = 1,2,3.
Also, the values that express the available possibilities §; are
neutrosophic values. This means that
It is indeterminate and could be
6; € [mp pai] or &; € {uq uzi} i =1,234
To convert the above problem into the neutrosophic canonical
form, we perform the following transformations:
» The objective function is a function of minimization that we
turn into a function of maximization:

Min NL= 3t ¢&)x; — (B &)x, + (7 £ &5)x3
Transformed into:
Max NZ = —(3x g)x; + B &)x, — (7 £ £5)x3
* The second constraint is given (greater than or equal to) is
converted into (less than or equal) by multiplying both sides by
(-1) we get:
—x1 — 9%, + 7x3 < —(50 £ §,)

* Third constraint 5x; + 3x, = 20 + 65 transformed into two
entries:

5x1 +3x, <20+ 45

5x; + 3x, = 20 £ 63
Then we turn the constraint 5x; + 3x, = 20 * §5 into:

—5x; —3x, < —(20 £ §5)
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 The constraint |5x, + 8x3| < 100 % &, is equivalent to the
two inequalities:
5x, + 8x3 <100 £ 6,
—5x, —8x3 <100 £ 6,
e The variable x5 is not restricted by the non-negative
constraint, so it is replaced by the following assumption
x3 = x5 — x;wherexs, x; = 0.
The canonical neutrosophic form becomes:

Max NZ = —(3 + £)x; + (3 + &,)x, — (7 + £5) (x5 — x3)
Constraints:

X1+ X, +3(x5 —x3) <40+ 64
—x; — 9%, + 7(x5 — x3) < —(50 £ 6,)
5x1 + 3x, <20 % 65
—5x; — 3x, < —(20 £ 65)
5x, + 8(x5 — x3) < 100 + 6,
—5x, — 8(x5 — x3) < 100 + 6,

X1, X0, X5, X5 =0
Example 2:

A factory produces four types of products S;,S,,,S5,S,. For
this purpose, the following raw materials are used M, M,, M5 .
The factory management wants to study the optimal
organization of production during a period of time (for
example, a month) and determine the monthly production for
each product in order to achieve a maximum profit, bearing in
mind that the profit is directly proportional to the number of
units sold of the products. The available quantities of raw
materials needed for each product and the profit have been
showed in the following table:
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Products Product Type

Available
Materi -
Sy S, S3 S, Quantities
M, 1.5 1 2.4 1 3000 + 6,
M, 1 5 1 3.5 9000 + 6,
M, 1.5 3 3.5 1 7000 + &5
winoneproduct | 4+¢ | 81+¢ | 5t& | 61y

Let us suppose x,, x,, X3, X, are the numbers of units produced
from the types Products, during the production period (a month
for example), and accordingly, the consumed quantity of the
raw material M, in the production of the four varieties will be:

1.5x; +x, + 2.4x3 + x4

And it must not exceed 3000+ 5, from the available quantity,
that is:

1.5x; + x5, + 2.4x3 + x4, < 3000 £ §; (D)

Likewise, the amount of raw material M, consumed in the
production of the four types is:

X1 + 5x, + x3 + 3.5x, <9000 £ 6, (2)

And the amount consumed of the raw material M; in the
production of the four types is:

1.5x%; 4+ 3x, + 3.5x3 + x, <7000+ 8,  (3)
In addition, the produced quantities must be non-negative, i.e.:
X1, X9,X3,X4 = 0 4)
And they are what is called non-negative conditions.

Thus, we have identified all the constraints imposed on the
variables of the problem.

-35 -



Neutrosophic linear models and algorithms fo find their optimal solution

We now define the objective function. If quantified units
X1, X5, X3, X4 OF Species are produced in order, then the profit
during the productive period will be:

NZ=(MA%+e)x;+(Bxe&)x, +(5xe3)x3+(6F¢&)x,

It represents the objective function. Therefore, the
mathematical model of the problem is:
Max NZ = (4t e)x; + (8 L &5)x, + (5 L &5)x5 + (6 1 &4)xy

Constraints:

1.5x; + x5, + 2.4x53 + x, < 3000 % 6,
X1 + 5x, + x3 + 3.5x, <9000 + 6,
1.5x; + 3x, + 3.5x3 + x, < 7000 £ &5
X1, X9,X3,X4 = 0
We have obtained a neutrosophical canonical linear model

using the appropriate transformations, which can be written in
the following neutrosophical standard form:

Max NZ - (4 i 81)x1 + (8 i gz)xz + (5 i 83)x3
+ (6t &5)x, + 0y, + 0y, + 0y,

Constraints:

1.5x; + x5, + 2.4x3 + x4, + y; = 3000 £ 6,
X1 + 5x, + x3 + 3.5x, + y, = 9000 % 6,
1.5x1 + 3x, + 3.5x3 + x4 + y3 = 7000 % 65
X1, X9,X3,X4 = 0

-36 -



Neutrosophic linear models and algorithms fo find their optimal solution

Conclusion:

The indeterminacy that we added to the data described by the
linear model provides us with neutrosophical linear models that
simulate reality and take into account most of the changes that
could occur in the operating environment of the system
represented by the linear mathematical model, and enable us to
continue studying linear programming topics such as finding
accompanying programs that need to be developed. The
mathematical model in the symmetrical form, solving linear
models using the simplex method that requires developing
models in the standard form, and other linear programming
topics.
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Chapter 111
The graphical method for finding the optimal
solution for neutrosophic linear models

Introduction.
3.1. Graphical method for solving linear models.

3.2. Graphical method for finding the optimal solution for
neutrosophic linear models.

3.3. Non-negative constraints for optimal solution of some
neutrosophic linear models using the graphical method.

3.4. Neutrosophic linear mathematical model conclusion.
Conclusion.
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Chapter 111
The graphical method for finding the optimal
solution for neutrosophic linear models

Introduction:
After introducing the linear models and their different formulas
based on the concepts of neutrosophic science, in this chapter
we present the neutrosophic graphical method that we use to
solve the neutrosophic linear models.
The graphical method represents the model graphically and is
one of the simplest methods for solving linear programming
problems. However, it is not sufficient to solve all linear
programming problems, as linear programming problems often
contain a large number of variables, and the use of the
graphical method is limited to the following cases:

e The number of unknownsisn=1,orn=2,orn=3.

e In linear models whose constraints are equal constraints, if
the number of unknowns and the number of equations meet
one of the following conditions:n—-m=1orn—-m=2 or
n—m=3.

Here we can transform the model into a function of one
variable, or two variables, or three variables; by using the non-
negative constraints that the variables of the linear model have.
In this research, we present a reformulation of the graphical
method for solving linear models using neutrosophics, as well
as the graphical method for solving linear models where the
constraints are equal, and the difference between the number of
unknowns and the number of constraints is equal to one, two,
or three.
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3.1. Graphical method for solving linear models
We find the optimal solution by following the steps below:

1. We determine the half-planes defined by the inequalities
of the constraints by drawing the straight lines resulting
from the transformation of the inequalities of the
constraints. To do this, we specify two points that fulfill
the constraint, and connect the two points to obtain the
straight line that corresponds to the constraint. This
straight line divides the plane into two halves to
determine the half-plane that satisfies the constraint. We
select a point at the top of the mapping from one of the
two half-planes. We substitute the coordinates of this
point into the inequality. If it is satisfied, then the region
in which this point is located is the solution region. If it
IS not satisfied, then the opposite region is the solution
region.

2. We define the common solution region, i.e., the region
resulting from the intersection of the halves of the
planes defined by constraint inequalities. This region
must be non-empty so that we can proceed with the

solution.
3. To represent the objective function, we note that its
relation contains three unknowns, Z, X1 ,Xs.

Therefore, we need to know a value for Z that is
unknown to us. Here we assume a value, let it be

Z, = 0, draw the equation of the objective function Z;
specify another value, let it be Z,, and represent the
equation. We get a line that is parallel to the first line,
and if we continue like this, we get a series of parallel
lines that represent the objective function.
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- C
4. We draw ray C = [C;] where c; is coefficient of x; and

c, is coefficient of x, in the objective function
statement, and the direction of its increasing function is

> C
the direction of ray C = [Cﬂ and the direction of its

decreasing function is the opposite direction. This ray,
l.e.,, the drawing is done according to the type of
objective function (maximization or minimization). To
put it more clearly, we find the optimal solution point by
drawing the line representing Z; parallel to itself

- c . .
towards the ray C = [Cﬂ to find the maximum value of

the objective function (and reversing this direction to
find the smallest value), until it passes through the last
point of the common solution region and this point is the
optimal solution point, which is located at the
boundaries of the common solution region and any other
displacement, no matter how small, takes it out of it.

3.2. Graphical method for finding the optimal
solution for neutrosophic linear models

From the definition of neutrosophic linear models, we find that
we can apply the same previous steps to obtain the optimal
solution, which is a neutrosophic value suitable for all
conditions. We illustrate the above with the following example:

Example 1

A company produces two types of products A; A, and uses
three types of raw materials B; B,,Bsin the production
process; the available quantities of each of the raw materials
are B; ;i = 1,2,3, the quantity required to produce one unit of
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each products A4; ; j = 1,2, and the profit derived from one
unit of each of the products A; A, is shown in the following
table:

products available
, A, A, "
raw materials quantities
B, 6 4 36
B, 2 3 12
Bs 5 0 10
profit [6,8] [2,4]

Table Issue data
Requirement
Determine the quantities that must be produced of each product

A; ; j = 1,2 for the company to achieve maximum profit:

Solution:

Suppose x; is the quantity produced from the product,

wherej = 1,2, then we can formulate the following
neutrosophic linear mathematical model:

Z =[6,8]x; +[2,4]x, > Max
Constraints:
6x, +4x, <36 (1)
2x, +3x, <12 (2)
5x; <15
X,%X, =0

The previous model is a linear neutrosophic model because the
coefficients of the variables in the objective function are
undetermined. To find the optimal solution for the previous
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model, we will apply the graphical method according to the
following steps:

The first constraint
We draw the straight line representing the first constraint:
6X1 + 4x2 = 36

We impose:
x,=0=>4x,=36=>x,=9
We get the first point: A(0,9).

We impose:

X2=0=>6x1=36=>x1=6
We get the second point: B(6,0)

We take a point at the top of the designation from one of the
two halves of the resulting plane after having drawn the
straight line through the two points A(0,9) and B(6,0). Let it
be the point 0(0,0) and substitute it in the inequality of the
first entry. We find that the inequality is satisfied i.e., the half
of the plane to which the point 0(0,0) belongs is half of the
solution plane of the first-constraint inequality.

We proceed in the same way for the second and third
constraints and obtain the following graphical representation:
Figure No. (1):
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Figure No. (1) Graphic representation of the limitations of the linear
model in Example 1

After we have shown the constraints, we notice that the
common solution area is bounded by the polygon whose
vertices are the points, (0,0) , £(3,0) , M and €(0,4)

The point M is the intersection point, and the second and third
constraints coordinates are obtained by solving the following
two equations:

2x1 + 3x2 == 12
5x1 == 15
We find: M(3,2)

Substituting the coordinates of the vertex points into the
objective function expression, we get:

Z, =0

Zy € [12,16]

Zy € [22,32]

Z €[8,16]
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This means that the highest value of function Z is reached at
point (3,2),i.e., the company must produce three units of the
first product and two units of the second product, then it will
achieve the maximum profit.

Max Z = Zy; € [22,32]
Note:

The process of substitution of the objective function by the
coordinates of the points of the vertices of the common
solution area is possible when the number of points is small,
since we can easily substitute them in the objective function,
and the point that gives the best value for the objective function
is the optimal solution, but when there is a large number of
constraints, we get a large number from the vertical points
located on the perimeter of the common solution region. In this
case, the method of determining the coordinates of all these
points and substituting them into the objective function
becomes impractical. Therefore, we resort to the representation
of the objective function and the determination of the optimal
solution point as we have already mentioned.

3.3. Non-negative constraints for optimal solution of
some neutrosophic linear models using the
graphical method

Example 2

Find the optimal solution for the following linear neutrosophic
model:

Z =x; —x, —3x3 + x4 + [2,5]x5s — x¢ + 2x, — [10,15] > Max
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Constraints:

Xy —X;+x3=5 (D
2X1 — Xy — X3 — X, = —11 (2)
X1+ X, — x5 = —4 3)
X, +x5 =6 (4)

2x; — 3x, —Xg +2x, =8 (5)
X1, X9, X3,X4, X5, Xg, X7 = 0
Solution:

We note that the number of constraints is m =5 and the
number of variables is n = 7, which means thatn —m = 2.
Therefore, based—on the non-negative constraints, find the
optimal solution for the previous model using the graphical
method according to the following steps:

1- We calculate five variables in terms of only two
variables.

2- Since the variables of the linear model satisfy the non-
negative constraints, then we obtain from the variables
that we calculated five inequalities of the type greater
than or equal to.

3- The objective function with only two variables is
obtained by substituting the five variables.

4- We write the new model, which is a linear model with
two variables, so that the optimal solution can be found
graphically.

We apply the previous steps to Example 2.
We find:
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X3 =5—x; +x, (D'
X, = 3x;—2x,+6  (2)
Xs =X, +x, +4 (3)'
X6 = 6 — X3 (4)’
Xy =7— X1+ %y (5)’

Substituting in the objective function, we get:

Z = [1,4]x, + [3,6]x, + [8,25]
Since x3, x4, X5, X6, X7 = 0 from (1)°, (2)°, (3)’, (4)’, (5)’, we
get the following set of constraints:

5—-x+x, =20
—3x1+2x,—3=20
x1+x,+4=>0
6—x, =0
7—x1+x,=20
Neutrosophic linear mathematical model:
Find:
Z = [1,4]x, + [3,6]x, + [8,25] » Max
Constraints:
5—-x,+x, =20
3x1 —2x,+6=0
X1 +x,+4=>0
6—x, =20
7—x1+x,=20

X1,% =0
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The model has two variables, so the optimal solution can be
found graphically by following the same steps indicated in
Example (1).

The required graphic representation is found in Figure No. (2):

Figure No. (2): Graphical representation of the constraints of the
linear model in Example 2

Region D is the region of joint solutions and is defined by the
polygon OBRSC, where,0(0,0) , (5,0) , €(0,3) , and for the
two points R, S we find:

Point R is the point of intersection of the first and fourth
entries.

We obtain its coordinates by solving the set of equations:
5—x1+x,=0
6—x,=0
We get: R(11,6)
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Point S is the point of intersection of the second and fourth
entries.

We obtain its coordinates by solving the set of equations:
3x1 —2x,+6=0
6—x,=0
We get: 5(2,6)

Since the optimal solution is located at one of the vertices of
the common solution region, we substitute the coordinates of
these points with the objective function:

At point 0(0,0)

At point B(5,0)

At point R(11,6)
Zg € [37,105]
At point 5(2,6)
Zs € [28,69]
At point €(0,3)
Z € [17,43]
The greatest value of the objective function is at the point
R(11,6) thatisx; = 11 and x, = 6.
We calculate the values of the remaining variables by (1)’, (2)’,
3), ), (5).
Wefind:x; =0 ,x, =27 ,x5 =21 ,x =0,x;, = 2.
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Substituting in the objective function of the original model we
obtain the maximum value of the Z function, which is:

MaxZ € [68,126]

Important Notes:

1-

A vertical point in space R™ is covered by the graphical
solution. The ideal solution pertains to a vertical point,
which is the outcome of several lines or planes
intersecting, therefore the number of non-existent
components is at least n — m components.

Certain conditions that are irrelevant to the solution
process might be included in the model.

When one of the sides of the common solution area that
passes through the ideal solution point is parallel to the
straight-line Z=0, the ideal solution can be a single point
or an infinite number of points. Thus, when the objective
function is represented by a straight line, this line will
apply to the parallel side, and all of the infinitely many
points on that side will be perfect solutions.

We say that the objective function has an endless
number of acceptable solutions that offer us greater
values of Z if the region of acceptable solutions is open
in terms of growing the function Z, meaning that we
cannot stop at a particular perfect solution.

The situation in which there is no perfect (acceptable)
solution and the zone of alternatives is an empty set (the
problem is impossible to solve) when the conditions
conflict.
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Conclusion:

This chapter covered both the graphical method and a method
that is rarely covered in references on classical operations
research: using non-negative constraints to graphically find the
optimal solution for some neutrosophic linear models.
However, it should be noted that there are some neutrosophic
linear models that have two variables. In these cases, it may be
difficult to reach the common solution region or to determine
the optimal solution once the common solution has been found,
so it is preferable to use the simplex neutrosophic method. The
researcher must choose the best approach for the model he
wishes to solve because the main objective is to arrive at the
best solution.
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Chapter IV

The simplex direct neutrosophic algorithm for
finding the optimal solution for linear models

Introduction.

4-1- The neutrosophic linear models set in the symmetrical
form and of the Max type.

4-2- The neutrosophic linear models are in symmetric form and
are of type Min.

Conclusion.
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Chapter IV

The simplex direct neutrosophic algorithm for
finding the optimal solution for linear models

Introduction:

Linear programming is the method that helps in selecting
decisions and approving the best program for independent
activities, taking into account the available resources. Linear
programming is used in solving problems in which the goal is
specific, such as securing a maximum profit, securing a
minimum cost, or saving the greatest time or effort ... Etc.,
noting that the problem of linear programming consisting of a
linear function and knowledge of a set of inequalities or
equations (constraints) is characterized by the presence of a
large number of acceptable non-negative solutions, and what is
required is to find the optimal solution from among these
solutions. To reach this solution, we rely on the information
that we presented it in the first chapter when we studied non-
negative solutions to the system of neutrosophic linear
equations. Then we used the simplex method, which is the
mathematical basis for the direct simplex algorithm used to
find the optimal solution for the linear models that we will
present in this chapter.

Direct simplex algorithm for solving neutrosophic linear
models:

The direct simplex algorithm consists of three stages:

a- The stage of converting the imposed model into an
equivalent systematic form.
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b- The stage of converting the regular form into a basic
form to obtain the non-negative basic solutions.

c- The stage of searching for the optimal solution required
from among the non-negative basic solutions.

In this chapter, we will use the direct simplex algorithm to
find the optimal solution for the neutrosophic linear models,
which were presented in the second chapter of this book,
and here we distinguish the following cases:

1- The neutrosophic linear models are in symmetric form
and are of type Max.
2- The neutrosophic linear models are in symmetric form
and are of type Min.
3- The neutrosophic linear models are given in the general
form.
Using the direct simplex method to find the optimal
solution:

4-1- The neutrosophic linear models set in the
symmetrical form and of type Max:

The neutrosophic linear model of type Max is written in the
symmetrical form, as we mentioned in the second chapter, in
the following form:

Find:
NZ = Ncyxq + Ncyxy, + -+ Ncyx, — Max
Constraints:
Nai1xq + Naj,x, + -+ Nay,x, < Nb;
Nay x; + Nayyx, + -+ Nay,x, < Nb,
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Na,1x1 + Nay x5 + -+ Nagnx, < Nb,,
X1, X9, e, Xp = 0
The study is carried out according to the following steps:
1- We write the model in standard form; we get:
Find:
NZ = Ncyxq + Ncyxy + -+ Nepxn + 0.y1 + 0.y, + -+ 0.3, — Max
Constraints:
Nay1x; + Naj,x, + -+ Nay,x, +y; = Nb;
Nayx, + Nay,x, + -+ Naypx, + vy, = Nb,

Na,1x1 + Na,x, + -+ Nayn X, + Ym = Nbyy,

X1, X2, ""xnr y1:y2; rym = 0

2- We convert the model to the basic form. Here we notice
that the additional variables serve as an initial base from
which we start searching for the optimal solution.
Therefore, we arrange the model information in the
following table:

riables N Available
basic 1 Xz ] e no | V1Y Ymo| ouantities

V1 Na;; | Nay, Naq, |10 |..] 0 Nb;

Vs Na,; | Na,, Nay,, | 0|1 |..] 0 Nb,

Vi Nay, | Napg, Nay, | 0 ] 0 |..| 1 Nb,,
objective

. N N 0]0(0] O Z—-0

function Ne €2 “n

Table No. (1): Basic information of the model
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We have a first base consisting of the variables y;,y,,..., Vi,
then the variables x,, x,, ..., x,are non-base variables and we
move to the next step:

3- We determine the appropriate variable from the
equations and insert it into the rule by studying examples
of the variables in the row of the objective function Z.
Since the objective function is a maximization function,
we select the largest positive values in the row of the
objective function. In other words, we take:

Max(Ncy,Nc,, ...,Nc,) = Ncg
For example, let it be Nc, corresponding to the variable x;.

Thus, we have determined the pivot column. This means that
the variable x; will enter the base to determine the variable that
will exit from the base, and therefore the pivot line. We
calculate the following indicator:

0 € Mi [Nbi
mn Na

th
,]=Na >0; Najz>0,Nb;>0
s ts
The element located at the intersection of the pivot column
with the pivot row is the pivot element.

- We divide the pivot row by the pivot element, we get:

Na,, Nag, Nay_y . Ny Nay, Nb,

Na,,'Na,,’ Na, '~ Na, ~~'Na, ~'Na,

- We make all the elements of the pivot column equal
to zeros, except for the pivot element, which is equal
to one.

- We perform the appropriate calculations to calculate
the current of the new table using the following
relations:
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Nb; = Nb; — Nb,

Nc¢; = Ncj — Nc,

, —
Nal-j = Nal-j

is

ts

Na,

Na;;j NciNa,; — NcsNay;

— Na .Nal-s _ NaijNatS — Nathais
Y Na,q Na,
Na Nb;Na,, — Nb,Na,,

Nag Na
We get the following table:
riables .
X X X X x Available
_— 1 2 s—1 s n | Y1 | Ym quantities
Y1 Naj; | Naj, Najs_1 | 0 | .| Naj, | 1| O 0 Nb;
Vo Na,, | Na,, Naye_q | 0 | ..| Nay, | O | 1 0 Nb;
Na;; | Nag, Na;s_1 Nayy, Nb;
Xs —— 0|0 0
Nays | Nag Nags Nagg Na;g
Ym Nay,; | Nap, Naps_1| 0 | .. | Napn | O | O 1 Nb,,
objective , , , , ,
function Nc; | Ncy Nci_, | O Ne, | 0] 0[]0 O NZ

Stopping criterion:

algorithm

Table No. (2) The first step in the simplex direct neutrosophic

- We apply the stopping criterion of the Simplex algorithm
to the objective function row in Table No. (2).

Since the objective function is of the maximize type, the
objective function row in the table must not contain any
positive value, (but if the objective function is of the
minimization type, the objective function row in the new table
must not contain any negative value), in If the criterion is not
met, we return to step No. (3) and repeat the same steps until
the stopping criterion is met and we obtain the required optimal
solution. Thus, we obtain new non-negative neutrosophic basic
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solutions and non-basic (free) solutions equal to zero. The ideal
solution is written in the following form:

(Nb}, Nby, ..., Nb,, 0,0, ...,0)

The following table represents the final solution if the basic

solutions are: (x, x5, ..., X))

iables | X x X Available
basic 1] 72 m m+1 n Y1 Y2 Ym | quantities

X1 1,0 0 Najim4q Nai, | Nfi1 | Ny NBim Nbg

X2 1 0 Najm 41 Nazy | NBzy | NBa2, NBom Nb,

Xm 010 1 Na;n,m+1 Naypn | NBmi | NBma NBmm Nby,
objective | 0 | 0 0 | Ncpysq Ncy, | Nq; | Ng, Ngm NZ'
function

Table No. (3) The final solution in the simplex direct neutrosophic
algorithm

Where Nf;; and Ngqg, are the examples of the additional
variables in the constraints and in the objective function after
performing the aforementioned iterative operations, the optimal

solution is:
X1 = Nbi,xZ == Nbé, ...,xm == Nb;n

Which gives the maximum value of the following objective
function:

NZ' = Nc¢;Nbj + Nc,Nbb + -+ + Nc,, Nb/,
We explain the above using the following example:
Examplel:
Problem Statements Classical Values:

A company produces two types of products A, B using four raw
materials F,, F,, F5, F,. The quantities needed from each of
these materials to produce one unit of each of the two
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producers A, B, the available quantities of the raw materials,
and the profit returned from one unit of both products are
shown in the following table:

Products Required quantity per Available
unit guantities of
Raw Materials A B the raw
materials
Fy 2 3 19
F, 2 1 13
F; 0 3 15
F, 3 0 18
Profit Returned per unit 7 5

Table No. (4) Classic data for the issue
Required:

Finding the optimal production plan that makes the company's
profit from the producers A, B as large as possible.

We symbolize the quantities produced from the product A with
the symbol x,, and from the product B with the symbol x, ,
after building the appropriate mathematical model and solving
it, we conclude that x; = 5,x, = 3, and hence the maximum
profit MaxZ = 50 of monetary unit.

Problem Statements neutrosophic Values:

A company produces two types of products A4, B using four raw
materials F,, F,, F5, F,. The quantities needed from each of
these materials to produce one unit of each of the two
producers A, B, the available quantities of the raw materials,
and the profit returned from one unit of both products are
shown in the following table:
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Products Required quantity per Available
unit guantities of the

Raw Materials A B raw materials

F, 2 3 [14,20]

F, 2 1 [10,16]

Fs 0 3 [12,18]

F, 3 0 [15,21]
Profit Returned per unit [5,8] [3,6]

Table No. (5) Neutrosophic data for the issue
Required:
Finding the optimal production plan that makes the company's
profit from the producers A, B as large as possible.

Symbolize the quantities produced from the product A with the
symbol x;, and from the product B with the symbol x, , the
problem will be reformulated from the neutrosophic
perspective as follow:
NZ =[5,8] x; + [3,6] x, — Max
Constraints:
2x, + 3x, +y; = [14,20]
2x, + x5, +y, =[10,16]
3x, +y; = [12,18]
3x, +y, = [15,21]
xX1,%; =0
The above program needs to reformulated to an equivalent
form by adding slack variables:
NZ = [5,8] x, + [3,6] x, + 0y, + Oy, + Oy3; + 0y, — Max

Constraints:
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le + 3x2 + Vi = [14‘,20]
2x1 + Xy + Yo, = [10,16]

3x2 + Y3 = [12,18]
3x1 + V4 = [15,21]

xll x2'y1;yZ:Y3,}74 2 O

We arrange the previous information in the following table:

Variables | x4 X1 Y1 ya y3 ys | Available
basic guantities
Y1 2 3 1 0 0 0 [14,20]
Vs 2 1 0 1 0 0 [10,16]
V3 0 3 0 0 1 0 [12,18]
Va 0 0 0 0 1 [15,21]
objective
function [5,8] [3,6] 0 0 0 0 NZ -0

Table No. (6): The first step in the simplex method

e \We note that the additional variables form an initial base
consisting of the variables (y,y, v, v,). Then we
consider the variables (x,,x,) are non-basic variables
and we move to the next step:

e We determine the appropriate variable from the
equations and insert it into the rule by studying the
examples of the variables included in the expression for
the objective function NZ. Since the objective function is
a maximization function, we choose the variable with the
largest positive examples from the last row in the table,
that is, from the row of the objective function. In other
words, we take

Max([5,8], [3,6]) = [5,8]
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It is clear that versus to the column of x; , meaning that the
variable x; should be placed instead of one of the basic
variables. Now to demonstrate which basic variables should be
ejected, the following calculation has been done:

[14,20] [10,16] [15,21]] [15,21]

0 € Min T T3 =3 = [5,7]

The value of 6 indicates that the row versus to the variable y,,
and the element positioned in the cross row/column is 3 which
is the pivot element, divide the elements of the row versus to

v, yields:

30000 1/([1521]
333333 3 7
Then we make all the elements of the pivot column equal to
zero, except for the pivot element, which is equal to one. We
perform the appropriate calculations using the following
relations:

Na;; Na;jNa;s — Na;jNa

Naij =Naij_NathatS = Nats
, Na; Nb:.Na,. — Nb,Na;
Nbl — Nbl _ th LS — L t;v t LS
Qs As
Na,; Nc;Na,. — Nc.Na,;
N¢j = N _NCSN b__J t;V S Y
ats ats

We obtain the following table:
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variables X x Available
basic 1 2 | Y1 | Yz | Vs Y4 quantities
-2
v, 0 3 1 0|0 = [4,6]
-2
v 0 1 0 110 = [0,4]
Vs 0 - o | o |1 0 [12,18]
» 1 oo | oo % [5.7]
objective -8 -5 | NZ
function 0 (3611 0 0 0 [?’?] — [25,56]

For No. (7), the second step is the simplex method

It still there is a non-negative value in the row of the objective
function (i.e., [3,6]) which is versus to the x, column, this
leads to the fact that the variable x, should be entered into the
basic variables. Now, the question is: which basic variable
should be ejected? Track the following calculation to answer
this question,

[4,6] [0,4] [12,18]] [4,6] 4

€ Mj - == 2
0 € Min | ===~ 3~ 32

which is versus to the slack variable y,, the pivot element equal
3, hence the row versus to y, should be divided by 3 , the
required calculations yield the following table:
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Variables X X Available
basic 1 z 1 Y2 3 Y4 quantities
1 -2 4
0 - 0 0 = il
2 ! 3 9 3.2]
1 —4 —4
0 0 - 1 0 — —
Y2 3 9 52l
2
Y3 0 0 -1 0 1 3 [8,12]
% 1 | o 0 0 0 % (5,7]
N . -6 NZ
objective function | 0 0 [-2, -1] 0 0 [?, —1] — [29,68]

Table No. (8) Final solution

It is clear from the row of the objective function that all the
elements are either zero or neutrosophic negative numbers, this
means that we have reached to the optimal solution is:

4 —4

x; €[5,7],x; € [5,2],31; € [?,2],3/; €812y =y; =0
Substitute the above optimal solution into the objective
maximum function, yields:

MaxNZ € [5,8].[5,7] + [3.6]. E 2] — [25,56] + [4,12] = [29,68]

which is identical to the result in the previous tableau.

Substituting the optimal solution into the constraints we find:

2[57] + 3 E z] +0 = [14,20]
2057] + Ez] + [_?42] = [10,16]
3 E,z] + [8,12] = [12,18]
3[5,7] + 0 = [15,21]
We observe that the optimal solution satisfies all constraints.
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We summarize the previous results in the following table:

issue data results
C1 Cy b, b, bs b, Xq Xy Max Z
7 5 19 13 15 18 5 3 50
issue data results
Cin | Con b1y byn bsy byn Xiv | Xy | Max NZ
[5,8] | [3,6] | [14,20] | [10,16] | [12,18] | [15,21] | [5,7] [f 2] [29,68]
3’

Table No. (9) Comparison between the results of solving the problem,
classical data, and neutrosophical data

4-2- The neutrosophic linear models are in
symmetric form and are of type Min.

The neutrosophic linear model of type Min is written in the
symmetrical form, as we mentioned in the second chapter, in
the following form:

Find:
NL = Ncyxq + Ncyxy, + -+ Nepx, — Min
Constraints:
Nay1x; + Nayp,x, + -+ Nay,x,, = Nby

Nalel + Nazzxz + -4+ Naann > sz

Nay1x1 + Napyox, + -+ Nayx, = Nby,

X1, X9, e, X = 0
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We can search for the optimal solution by following one of
the following methods:

The optimal solution for the previous linear model can
be found by converting the objective function to a
function of the maximization type, as we mentioned in
the second chapter, by multiplying the line of the
objective function by (-1), then we write the model in the
standard form. Here we notice that there is no ready-
made initial rule because the variables All additional
ones are preceded by a minus sign, meaning we must
first search for an initial solution and then improve this
solution until we reach the optimal solution by following
the same previous steps.

We can also find the dual model, and it will certainly be
like a symmetry of the maximization type, and then we
find the optimal solution for it as we did previously, or
by using the dual algorithm to solve the model and the
dual model, which we will present in the seventh chapter
of this book.

In such models, it is preferable to use the synthetic
simplex algorithm, which will be presented in Chapter 6
of this book.

Also, we can find the solution without making any
change in the objective function, but we make one
modification to the aforementioned steps, which is that
when we want to determine the anchor column, we select
the most negative element, and its column is the anchor
column, and we follow the solution as we mentioned
above, and the stopping criterion here is that all The line
elements of the objective function are either positive or
zero.
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1- Neutrosophic linear models are given in the general
form:

The neutrosophic linear model is written in the following
general form:

Find:
NZ = Ncy;xq + Ncyxy + -+ + Ncyx,, — (Max or Min)

Constraints:
>

Na;1x1 + Najpx, + -+ Naj,x, (<> Nb; i=12,..,m

X1, X9, e, X = 0

In a first step, we write the model in the standard form, and to
write it in the basic form, we rarely have additional variables.
Here we notice that some of the additional variables are
suitable to be a basic variable, and others are not. Also, if there
are some constraints of the type of equality, then there are no
corresponding additional variables. As a result, there are no
basic variables. A ready-made prototype, and we need to build
an initial base from which to start searching for the optimal
solution. Also, here it is preferable to use a simplex with an
artificial base that will be presented in the sixth chapter of this
book.

Important Notes:

In the final table for the model of the maximization type, if
some of the examples corresponding to the free variables in the
objective function line are positive, this means that we have not
reached the required ideal solution, and in this case, we must
delete the free variables corresponding to the positive value.
We return to step (2) and do the necessary. We repeat this.
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Operations until we get a objective function line that contains
nothing but zeros or negative (positive) numbers. Or we reach
one of the following cases:

a_

There is no ideal solution because the solution region is
open in the direction of increasing NZ, and we infer this
from the absence of a positive element in the fulcrum.
There is an infinite number of optimal solutions because
the levels of the objective function NZ are parallel to one
of the sides or surfaces of the common solution region.
We infer this from the appearance of a zero in the last
row corresponding to one of the free variables in the
table of the last optimal solution. Then we can obtain
another optimal solution by changing the variable. with
one of the basic variables, we will get another basic
solution as a result.

If there is no optimal solution, this happens because the
constraints conflict with each other. We infer this from
the absence of any positive element except for the
constant Nb, in one of the lines. This means that the right
side takes a negative value while the left side takes a
positive value, and this only happens. When restrictions
conflict.

After obtaining the optimal solution, we must verify that
it satisfies all the imposed constraints and gives us the
same value for the objective function, by substituting the
objective function and the constraints.
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Conclusion:

We conclude from the previous study and the results shown in
Table (9) that when using neutrosophic data we obtain areas of
any indeterminate values, and this indeterminacy is more
accurate, simulates reality, and takes into account most of the
changes that may occur in the operating environment of the
system represented by the linear mathematical model, while the
values that We obtain when solving according to classical data,
they are specific values and do not take into account the change
that may occur in the operating environment of the system
represented by the mathematical model. Therefore,
neutrosophical data provide us with a more general and
comprehensive study than the study using known classical
data, i.e. working using classical data It is no longer sufficient
at the present time, because the development of science and the
instability in the status of the facility’s work environment has
placed before us a large number of cases that need quick and
accurate treatment to avoid losses that the facility may be
exposed to, which cannot be treated using classical data, and
here comes the role of data. Neutrosophy, which provides us
with more comprehensiveness in interpreting the results and
helps us in obtaining the required accurate results. On the one
hand, we focus on the necessity of choosing the appropriate
algorithm to solve the model under study from among the
algorithms that we will present in this book to save effort and
time in searching for the optimal solution.

-69 -



Neutrosophic linear models and algorithms fo find their optimal solution

Chapter V

Modified Neutrosophic Simplex algorithm to
find the optimal solution for linear models

Introduction:
5-1- Steps of the modified simplex neutrosophic algorithm:

Conclusion and results:
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Chapter V

Modified Neutrosophic Simplex algorithm to
find the optimal solution for linear models

Introduction:

In this chapter, we present the modified neutrosophic simplex
algorithm, which was introduced to address the difficulty we
faced when applying the direct simplex algorithm, which is
the large number of calculations required to be performed in
each step of the solution, which requires a lot of time and
effort.

5-1- Steps of the modified simplex neutrosophic
algorithm:

We explain the steps of the modified simplex algorithm using
the following neutrosophic linear mathematical model:

MaxZ = Ncyxq + Ncyxy, + -+ Nepxy,
allxl + alzxz + e + alnxn S Nbl
alel + azzxz + + aann S sz
a31x1 + a32x2 + + agnxn S Nb3

Am1X1 + QX + o+ QX < Nbyy,
X1, X9, ey Xp = 0

To find the optimal solution for this linear neutrosophic
model using the modified simplex algorithm.

-71 -



Neutrosophic linear models and algorithms fo find their optimal solution

1- We write the neutrosophic linear model in standard form,
we get the following model:

maxZ = CiyXq1 + ConXp + -+ Cun Xy + 0y1 + 0y, + -+ + Oy,
A11%1 + Q1X5 + o+ QX + Y1 = byy
Az1%X1 + g% + o+ QX + Y2 = Doy
Az1Xy + g% + o+ AzpXy + Y3 = Day
Am1X1 + AmaXy + o+ A Xy + Y = by
X1, X2, s X Y1, V2, V3s o) Ym = 0
2- We convert the regular linear model to the basal form and
place the coefficients in a short table whose first column
includes the basic variables and whose top row includes the
non- basic variables only.

a. We define the pivot column, which is the column
corresponding to the largest positive value in the
objective function row because the objective
function is a maximization function (but if the
objective function is a minimization function, it is
the column corresponding to the most negative
values). Let this column be the column of the
variable x,.

b. We define the pivot row; The pivot row is
determined with following indicator:

6 = min Eﬂ]=?ﬂ!>0; ais >0,bjy >0
Qs Qts
Let this row be the line of the base variable y,
Then the pivot element is the element resulting from the

intersection of the fulcrum column and the pivot row, i.e., We
explain the second step in the following table:
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-Basic variables . N X . Nb
Basic Variables 1 2 s n t
yl a11 a12 ...... als aln Nb1
Vs a1 Aoy | e Qs Aon Nb,
Ve asq (o 7% S RO - ...... Atn Nb;
Ym fo o I Qs Amn Nb,,
NZ Ncy Ncy, | ...... Ncg Nc, NZ — Nc¢,

Table No. 1: Anchor element table

We calculate the new elements corresponding to the pivot row
and the pivot column according to the following steps:

1. We put opposite the pivot element a, the reciprocal of

1

Ats

We calculate the elements of the row corresponding to
the pivot row (except the pivot row element) by dividing
the elements of the pivot row by the anchor element a,,

We calculate all the elements of the column opposite the
fulcrum (except the fulcrum element) by dividing the
elements of the fulcrum column by the fulcrum element
a;s and then multiplying them by(-1)
We calculate the other elements from the following

relation:

Ais  Q;jArs — A¢jAis

!
aA:: = A;: — A+ =
5] lj t]
Qts

At

Qs Nbiats - thais

Ags

At

ag;j  Ncjags — Nesay

Nc¢i = N¢j — Ncg— =
Ats

We obtain the following table:

At

(1)

(2)

(3)
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-Basic Variables Nb!
. ; x x e e X i
Basic Variable ! 2 Ve n ‘
—Qs
li li ! !
yl a11 a12 ...... a DRy aln Nb1
ts
—Ays
li ! ! !
yz a21 a22 ------- a a21 sz
ts
G | Gz Gen Nb,
Xg p . | e a —
ts ts ts Ats
ams
! ! ! !
Ym Am1 Ama | oeeeees a Amn Nby,
ts
’ i _NCS ’ I
NZ Nc¢; Nc, | ...... veeee. | Necg NZ — N¢,
Qts

Table No. 2: The first stage in searching for the optimal solution

We apply the stopping criterion of the Simplex algorithm to the
objective function row in Table (2) below:

Since the objective function is of the maximize type, the
objective function row in the table must not contain any
positive value, (but if the objective function is of the minimize
type, the objective function row in the new table must not
contain any negative value), in the event that the Criterion: We
return to step No. (3) and repeat the same steps until the
stopping criterion is met and we obtain the desired ideal
solution.

We explain the above using the following example:

Example:

A company produces two types of products 4, B using four raw
materials F,, F,, F5, F,. The quantities needed from each of
these materials to produce one unit of each of the two
producers A, B, the available quantities of the raw materials,
and the profit returned from one unit of both products are
shown in the following table:
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Required quantity per i
Products g d . yp Av.a!lable
) unit quantities of the
Raw Materials .
A B raw materials

F, 2 3 [14,20]

F, 2 1 [10,16]

Fy 0 3 [12,18]

Fy 3 0 [15,21]

Profit Returned per unit [5,8] [3,6]

Table No. 3: Issue data
Required:

Finding the optimal production plan that makes the company's
profit from the producers A, B as large as possible.

Symbolize the quantities produced from the product A with the
symbol x,, and from the product B with the symbol x, , the
problem will be reformulated from the neutrosophic
perspective as follow:

max Z € [5,8] x; + [3,6] x,
Constraints:

2%, + 3x, < [14,20]
2%, + x, < [10,16]
3x, < [12,18]
3x; < [15,21]

X1 =20,x,=>20
We apply the modified simplex algorithm:
1- The standard form of the previous linear model is:
max Z € [5,8] x; + [3,6] x, + 0y; + 0y, + 0y5; + Oy,

Constraints:
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2xy + 3x, +y; = [14,20]
2x, + x5, +y, =[10,16]
3x, +y; =[12,18]
3x, +y, = [15,21]

x1'x2 2 0J’1;)’2;)’3,}’4 2 0

2- We organize the previous information in the following
modified simplex table:

Non-basic var. b
Basic var. *1 *1 '
Y1 2 3 [14,20]
V2 2 1 [10,16]
Y3 0 3 [12,18]
Y4 0 [15,21]
objective function [5,8] [3,6] Z-0

Table No.4: Simplex table according to the modified Neutrosophic
simplex algorithm

We know [a, b] < [c,d] ifa < cand b < d ,Therefore.

It is clear that max([5,8],[3,6]) = [5,8] versus to the column
of x, , meaning that the variable x; should be placed instead
of one of the basic variables.

Now to demonstrate which basic variables should be ejected,
the following calculation has been done:
[14,20] [10,16] [15,21]] [15,21]

0 € min R =3 = [5,7]

The value of 8 indicates that the row versus to the variable y,,
and the element positioned in the cross row/column is 3 where
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is the pivot element, divide the elements of the row versus to
v, yields.

3- We calculate the elements of the new table using
relations (1), (2), (3), we obtain the following table:

Non-basic var.

Basic var. *1 %2 bi
=2
Y1 _ 46
Y2 —2
— 1 0,4
. [0,4]
Y3 0 3 [12,18]
X1 1
- 0 57
. [5.7]
objective function -8 —5
= =] | B Z - [25,56]

Table No.5: Table of the first step in searching for the optimal
solution

4- We apply a stopping criterion in the algorithm. We find:
It still there is a non-negative value in the row of the objective
function (i.e., [3,6]).
This means that we have not yet reached the optimal solution,
S0 we repeat the previous steps as follows:

Where is versus to the x, column, this leads to the fact that the
variable x, should be entered into the basic variables. Now, the
question is: which basic variable should be ejected?

Track the following calculation to answer this question,

And here too because [a,b] <|[c,d] if a<c and b<d

, Therefore.
[4,6] [0,4] [12,18] [4,6]

_ 4
6 € min T 1 3 =3 —[5,2]
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which is versus to the slack variable y,, the pivot element equal
3, hence the row versus to y, should be divided by 3 , the
required calculations yield the following tableau:

Non-basic var.

basic var. *1 e bi
xz _2 4
— -2
- Il :-
V2 -4 -1 —4
— — —.2
3 [ 2
2
V3 z -1 [8,12]
3
1 1 0 [5,7]
objective function [—6,—1] [—2,—1] Z —[29,68]

Table No. 6: Final solution table

We apply the algorithm stopping criterion. We find that the
criterion has been met and thus we have reached the optimal
solution.

The optimal solution for the linear model is:
4 —4
x; € [5,7],x; € [5,2],)15‘ € [?,2],31; €[8,12],y; =y, =0
The value of the objective function corresponds to:
4
max Z € [5,8].[5,7] + [3.,6]. [§’ 2] — [25,56] + [4,12] = [29,68]

It is clear from the row of the objective function that all the
elements are neutrosophic negative numbers, this means that
we have reached to the optimal solution is:

4 —4
€ [5,7], x5 € [5,2],y; € [?,z]ys € [8,12],y; = y; = 0

Substitute the above optimal solution into the objective
maximum function, yields:
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This means that the company must produce quantity

x; € [5,7],0f product A and quantity x; € E,Z]of product B,

thereby achieving a maximum profit of:

max Z € [5,8].[5,7] + [3,6]. E 2] — [25,56] + [4,12] = [29,68]

To compare between the modified Simplex method and the
direct Simplex method, we solved the same example using
the direct Simplex algorithm. Below are the solution tables:

-basic var. b.
Basic var. X1 X1 V1 Y2 Y3 Va i
Y1 2 3 1 0 0 0 [14,20]
Yy 2 1 0 1 0 0 |[10,16]
Y3 0 3 0 0 1 0 [12,18]
Va 0 0 0 0 1 [15,21]
objective function | [5,8] [3,6] 0 0 0 0 Z-0
Table No. 7: Simplex table according to the direct neutrosophic
simplex algorithm
on-basic var. b
Basic var. X1 X2 V1 Y2 Y3 Va4 i
-2
. ¥ EBEEREIRZ
-2
Y, 0 1 0 1 0 3 [0,4]
V3 0 3 0 0 1 0 [12,18]
1
X1 1 0 0 0 0 3 [5,7]
—— ) -8 -5
objective function 0 [3,6] 0 0 0 [?,?] Z —[25,56]

Table No. 8: Table of the first step in searching for the optimal

solution
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n-basic var.
basic var. 1 *2 b4 Y2 | V3 Ya b;
0 0 0 — —
xz 1 9 [3 , 2]
1 —4 —4
0 0 - 0 — —
Y2 3 1 9 [ 3 ’2]
Y3 0 0 -1 0 1 g [8,12]
X1 1 0 0 0 0 % [5’7]
objective function 0 0 [-2, -1] 0 0 [%6 1] 7 —[29,68]

Table No. 9: Final solution table

It is clear from the row of the objective function that all the
elements are either zero or neutrosophic negative numbers, this

means that we have reached to the optimal solution is:

4 —4
x; €[5,7],x; € [5,2],31; € [?,2],3/; €812y =y; =0

Substitute the above optimal solution into the objective
maximum function:

max Z € [5,8].[5,7] + [3,6]. E 2] — [25,56] + [4,12] = [29,68]
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Conclusion:

From the previous study, we note that we obtained the same
optimal solution that was obtained when we used the direct
simplex method, but with a much smaller number of
calculations than the number we did in the direct simplex
algorithm, as is clear by comparing the solution tables using
the modified simplex method, Tables No. (4)., No. (5), No. (6),
with solution tables using the direct simplex method, Tables
No. (7), No. (8), No. (9). Therefore, to shorten time and effort,
we focus on the necessity of using the modified Simplex
method to find the optimal solution for linear models.
Especially when the model contains a large number of
variables and constraints.
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Chapter VI

Finding a rule solution for linear models
using artificial variables

Introduction.

6-1- Artificial base simplex algorithm.

6-2- Processing the model and all constraints of type equals.
6-3- Processing model constraints mixed.

Conclusion.
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Chapter VI

Finding a rule solution for linear models
using artificial variables

Introduction:

In this chapter, we present the simplex algorithm with
neutrosophic artificial variables, which is preferred for use in
linear models where there is no ready-made base where we con
using to obtain the optimal solution. Therefore, artificial
variables are added to the constraints, the number where is
equal to the number of constraints that do not contain a base
variable, and as a first step in the research. Regarding the
optimal solution, we must get rid of all artificial variables and
convert them to non-basic variables so that they take the value
of zero and thus do not affect the ideal solution of the linear
model. We explain the above using the following study:

6-1- Artificial base simplex algorithm:

The purpose of solving linear models is to select the optimal
solution from the set of acceptable solutions. This is done
based on a base solution that is improved using the direct
simplex algorithm, consists of three basic stages:

1. The stage of converting the imposed model into an
equivalent systematic form.
2. The stage of converting the regular form into a basic
form to obtain the non-negative basic solutions.
3. The stage of searching for the ideal solution required from
among the non-negative basic solutions.
4. Therefore, the process of searching for the optimal solution
does not begin until after obtaining a base solution, but in
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many linear models we face great difficulty in obtaining the
base solution, so the simplex method with an artificial base
was proposed, where a base is formed consisting of a set of
artificial variables that are non-negative is added to
constraints that do not contain a basic variable, thus obtaining
the basic solution. Then we improve it using the direct
simplex algorithm until we obtain the optimal solution. In this
research, we will reformulate the simplex algorithm with an
artificial basis to find the optimal solution for linear models
for where it is difficult to obtain a basis solution, using the
concepts of neutrosophic.

Text of the issue:

Find the optimal solution for the following neutrosophic
linear model:

Max Z = NCyx; + NCyx, + -+ NCpx, + NCy

Constraints:

11X + Qu2Xp + o+ Ay Xy + & = Nby

(p1X, + ApoXy + -+ Ay Xy, + &5 = sz

(31X, + A3%5 + -+ Agp X, + €3 = Nb3

Am1X1 + QmaXy + -+ QnXpn + € = Nby,
X1, X9, e, X = 0
Where:
NG =Cit¢g , Nby=b;+3;, a;,
j=12,..,n,i=12,...,m

are constants having set or interval values according to the
nature of the given problem, x; are decision variables. It is

worthy to mention that the coefficients subscribed by the index
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N are of neutrosophic values. The objective function
coefficients NC;, NC,, ..., NC,, have neutrosophic meaning are
intervals of possible values: That is, Nc¢; € [4;1,4;,], where
Aj1, A, are the upper and the lower bounds of the objective
variables x; respectively, j = 1,2,..,n. Also, we have the

values of the right-hand side of the inequality constraints
Nb,,Nb,, ..., Nb,, are regarded as neutrosophic interval values:

Nb; € [u;q1, Uiz], here, u;q1, u;» are the upper and the lower
bounds of the constraint i = 1,2, ..., m.

In the previous model, we note that the number of variables is
n and the number of constraints is m, and this model is in the
standard form.

We move to the second stage, which is to find a basic solution.
Here we use the simplex algorithm with an artificial base,
where is represented with:

1- From the standard form, we form an artificial base form
by adding to the left side of each of the constraint
equations a non-negative artificial variable ¢;. Thus, we
form a base consisting of the non-negative variables
1,2 0 Em

2- Since the artificial variables are introduced into
constraints that were originally linear equations, these
variables must take the value of zero so that the linear
constraints are not affected.

3- Therefore, we must move all of them from the base until
they become non-base variables, and to be able to make
this transition, we use the direct simplex algorithm.

4- We introduce these variables into the objective function
with the likes of M (where M is a sufficiently large
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positive number that is at least greater than any |Nc;|)
and preceded by a minus sign (because the objective
function is a maximization function) so that we do not
transfer them back to the base variables again. second.
5- We obtain the following basic form of the neutrosophic
linear model:
MaxZ = NCyxqy + NCyxy + -+ NCpyx,, — Mgy — M g5 — -+
— M g, + NC,

Constraints:

a11X1 + alzxz R o alnxn + 81 = Nbl

a21x1 + azzxz + -4 aann + 82 - sz

a31x1 + a32X2 + -4 a3nxn + 83 - Nb3

Am1X1 + A Xy + -+ AnXpn + € = Nbyy,
xj=0,6>0,Nb;>0;j=12,..,nandi=1.2,..,m

6- After obtaining the basic solution, we use the direct
simplex algorithm to improve this solution to reach the

optimal solution. Therefore, we arrange the previous
information in a table as follows:

ariables
BaSIC X1 X Xn &1 &y Em bl
& aq a2 Ain 1 0 0 bl
& az1 | Qg2 az, | O 1 0 0 b,
gm aml amZ amn O 0 1 bm
Objective
function NCy | NG wee NG| M | =M | ... | =M | Z = N(,

Table No. (1) General data of the model
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We get rid of the artificial variables. Here we study the
constants b; corresponding to the artificial variables and select
the largest of them, let it be b, corresponding to the variable &;
and we consider its row to be the pivot row. Then we
determine the pivot element in it by dividing the elements of
the objective function row (elements NC;) by the elements of

the &; row and then we take the smallest positive ratio 8 where:

. [NG; NC;,
60 =Min|—>0]| =
J | Qgj Qts

Where a,; > 0, then the pivot element is a., and we exchange

the variables x, and &;,According to the direct neutrosophic
Simplex algorithm instructions.

We repeat step (7) until we get rid of all the artificial variables
and obtain a normal base consisting of the basic variables.

After getting rid of the artificial variables, we return to
working according to the direct neutrosophic simplex
algorithm.

6-2- Processing the model and all constraints of type
equals:

We explain how to find the optimal solution for linear models
whose constraints are all equal constraints using the simplex
algorithm with a synthetic rule using the following example:

Example 1:
Find the ideal solution for the following linear model:
MaxZ = —12x; + [6,9]x, + 3x5

Constraints:
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8x; — x, + 4x3 = [4,6]
6x, — 3x, + 3x3 = [—12,-9]
X1,%X5,%X3 =0
Solution:

1- We convert the model to the standard form, multiply the
second equation by (-1) and we obtain the following
model:

Find a rule solution for the following neutrosophic linear
model:

MaxZ = —12x; + [6,9]x, + 3x5
Constraints:
8x; — x, + 4x3 = [4,6]
—6x; + 3x, —3x3 = [9,12]
X1,X9,X3 =0

2- We add the artificial variables and enter them into the
objective function with a capital letter M preceded by a
minus sign. Here we take M = 15.

Find a rule solution for the following neutrosophic linear
model:

MaxZ = —12x; + [6,9]x, + 3x3 — 15¢; — 15¢,
Constraints:
8x; — x5 + 4x3 = [4,6]
—6x; + 3x, — 3x3 = [9,12]

X1,X9,X3,&1,& =0
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We arrange the previous information in the following table:

Variables
Basic X, X X3 & & b;
& 8 -1 4 1 0 [4,6]
€ - B -3 0 1 [9,12]
Objec_tlve —12 [6,9] 3 —-15 —15 Z—0
function

Table No. (2) :Artificial base table

Since the rule is artificial, we study the constants b;and find
that the largest of them belongs to the interval [9,12]
corresponding to the variable &,. Therefore, we divide the
objective function row by the positive elements in the &, row
and calculate the index 8, and we find that:

[[6,9]] _[69]

6 = Min

j 3 3

Thus, the pivot element is (3) corresponding to x,. Therefore,
we replace x, with &,, then the variable x, becomes a base
variable and &, comes out of the base. We perform the
necessary calculations and obtain the following table:

ariables

Basic 1| X2 X3 & & b;
1

“ . 1 3 [7,10]
1

S R I R 3 [34]

Objective

function | 1061 [ 0 | [912] | —15 | [-18,-17] | Z—[1836]

Table No. (3): The first change table in the base

The artificial variable &; is still present in the base, so we
perform another substitution, adopting the pivot line as the line
opposite it. to determine the pivot column, we calculate the
index 8, we find:

-89 -



Neutrosophic linear models and algorithms fo find their optimal solution

g — Mjin[[o'6] [9,12]] [0,6]

6 3 6
Thus, the pivot element is (6) corresponding to x;, SO we move
x, to the base instead of ¢;, so we get the following table:

riables
Basic g S A €1 & b;
*1 3 1 7 10
1 0 = — —
B [ - | i
1 4 16 22
Xy 0 1 0 § 6 [?6’?
Objective =
function 0 0 E [~18,-15] [—18.7] Z —[18,46]

Table No. (4): The second change in the base

From the previous table, we note that the base variables x;, x,,
and thus we have obtained an initial solution for the linear
model, which It gives us the following rule solution:
7 10 16 22
(x1 € g,?],xz € ?,?],x?, =0, =0,¢ = 0)

But it is clear from the table that this solution is not the ideal
solution because in the objective function row there is a
positive value corresponding to the variable x5. Therefore, we
apply the direct simplex algorithm to improve the basic
solution. We obtain the ideal solution from the following table:

ariables
Basic | X2 X &1 & b;
1 7 10
X3 2 o | 1 1 - [_,_
9 3’3
1 4 16 22
X, 0 11 0 - x [_'_]
3 9 3’3
objective _c3
function 1810 0 | [-27,-24] [—19'7] Z —[39,76]

Table No. (5): The optimal solution for the model
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Optimal solution for the linear model:
—0 c 16 22 c 7 10
xl - rxz [3 ) 3 ,X3 [3) 3

In this solution, the objective function takes its greatest value,
which is:

],el =0, =0

Z € [39,76]

The solution can be verified by substituting the constraints and
the objective function statement, we note that the values in the
ideal solution of the previous linear model are neutrosophic
values.

6-3- Processing model constraints mixed:

We illustrate how to find the optimal solution for linear models
with mixed constraints using the simplex algorithm with a
synthetic rule using the following example:

Example 2:
Find the ideal solution for the following linear model:
MinZ = —3x; + [8,10]x, + [0,6]x;
Constraints:
X, — 2%, + x3 < [3,7]
—4x; + x5 + 2x5 = [9,6]

2x1 —x3 =1

X1,X9,X3 =0
Converting this model to standard form the problem becomes:
Find the ideal solution for the following linear model:

MinZ = —3x; + [8,10]x, + [0,6]x3 + 0y, + 0y,
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Constraints:
X1 — 2x, + x5+ vy, =[3,7]
—4x; + x, + 2x3 — y, = [9,6]
2x, —x3 =1
X1,X2,%X3,Y1,Y2 2 0

The variable y; in the first constraint is a basic variable, and
since there are no other basic variables, we add artificial
variables to the second and third restrictions and enter them
into the objective function in sufficiently positive times
because the model is a minimization model, and thus we obtain
the following basic form:

Find the ideal solution for the following linear model:
MinZ = —3x, + [8,10]x, + [0,6]x5 + Oy, + 0y, + 12¢; + 12¢,
Constraints:
X1 — 2%, + x5 +y; =[3,7]
—4x; + x5 + 2x3 — Y, + & = [9,6]
2x1 —x3+t& =1
X1,X2,X3,Y1, Y2, €1, €2 2 0

We follow the same steps mentioned in example 1 to remove
the artificial variables from the base and insert the basic
variables. After obtaining the base solution, we use the direct
simplex method to find the optimal solution.

Important Notes:

1- If the row ¢; does not include a positive element and
b, > 0, this indicates a conflict of constraints and the
problem is unsolvable.
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NCj
—Z, we calculate the

2- If we cannot find a positive ratio -
tj

largest negative ratio 8" where:
NG,

—<0
atj

NC,
Qs

0' = Max

Where a,; > 0, so a. is the pivot element and it is definitely a
positive element.

Conclusion:

Through the previous study, we presented one of the important
methods for finding the optimal solution for neutrosophic
linear models, which is the synthetic simplex method that we
resort to when we are unable to find a rule solution. We found
that the optimal solution that we obtained is neutrosophic
values, indeterminate values, perfectly defined, belonging to a
field that represents its minimum. The smallest value that the
objective function can take, and the highest alone represents
the highest value of the objective function, which is
proportional to the conditions surrounding the system’s
operating environment, which can be represented by the linear
model.
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Chapter VII

Neutrosophic Dual Linear Models and the
Binary Algorithm
Introduction.
7-1- Neutrosophic companion models.
7-1-1- The matrix form of the neutrosophic dual models.

7-1-2- Finding neutrosophic dual models using the double
table.

7-1-3- Constructing neutrosophic dual linear models using
tables.

7-2- formulation of the binary neutrosophic algorithm.
7-2-1- Steps of the binary simplex algorithm.

7-2-2- Binary simplex algorithm for the original and dual
models.

7-3- Economic interpretation of the dual models.

Conclusion.
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Chapter VII

Neutrosophic Conjugate Linear Models and
the Dual Algorithm

Introduction:

In our practical life, we encounter many problems that are
formulated in the form of linear mathematical models
consisting of an objective function and a set of constraints in
the form of equations or inequalities. The linear model is
written in many formulas that are distinguished by the type of
the objective function and the form of the constraints. The
formulas of linear models are explained in the second chapter
of this book, and we mentioned previously that each of these
formulas has a use. For example, when we want to find the
optimal solution for a linear model, we must first put it in the
standard form. We mentioned that we use symmetric formulas
in the dual theory, which is one of the most important theories
in linear programming, and its basic idea is that for every
Linear model there is a conjugate linear model, as solving the
original linear model gives a solution to the dual model, and
therefore when solving the linear programming model, we
actually get solutions for two linear models. In this chapter, we
present a study of the neutrosophic dual models and the binary
simplex algorithm that works to find the optimal solution for
the two models. The original and the dual ones at the same
time. The importance of this algorithm is evident in that it is
relied upon in several operations research topics such as,
integer programming algorithms, some nonlinear programming
algorithms, sensitivity analysis in linear programming.
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7-1- Neutrosophic companion models:

7-1-1- The matrix form of the neutrosophic conjugate
models:

To find the associated model for a given neutrosophic linear
model using matrices, we put the neutrosophic linear model in
the symmetrical form. As we found in the second chapter, the
linear model is in the symmetrical form if all the variables are
constrained to be non-negative and if all constraints are given
in the form of inequalities (and the inequalities of the
constraints of the maximization model must be they are written
in the form (< less than or equal to) while the inequalities of
the minimization model constraints must be in the form

(= greater than or equal to), then the linear model is written in
the neutrospheres form in one of two cases:

The first case: The original model is symmetrical and of the
maximization type:

Original model:
Find:
NZ =NCX — Max

Constraints:

NAX < NB
X=0
Where:
Na,; Nay;..Nay, Nb, Ncq X1
NA = Na,, Na,, ..Na,, NEB = Nb, NC = Nc, Y = X2
Nami  Nams - Nams Nb, Ne, Xn
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The dual linear model:
Find:
NL = NBY — Min

Constraints:

NATY > NC
Y=0
Where:
Nay; Nay;..Nay, Nby Nc¢,y Y1
NAT = Nay,; Nay, ...Napy, NB = Nb, NC = Nc, v = Y2
Nay,  Nagy o Nags Nbp, Ne, L}j

The second case: The model is symmetrical and
miniaturized:

Original model:
Find:
NZ = NC X — Min

Constraints:

NAX = NB
X=0
Where:
Na;; Nayy..Naq, Nb, Nc,q X1
NA = Nay, Na,, ...Nay, NB = Nb, NC = Nc, X = X2
Nam:  Nams - Nams Nby, New L

The dual linear model:
Find:
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NL =NBY — Max

Constraints:

Where:

NAT =

NATY < NC
Y=0
Na11 Na21 ...Naml Nb1 NCl }’1
Na12 Nazz ...Namz NB = sz NC = NCZ Y = V2
Naln NaZn ...Namn me NCn Ym

We summarize the process of finding neutrosophic dual
models using matrices in the following steps:

1.

We define a new non-negative variable for each
constraint of the original model

We make the wind (cost) vector in the original model a
column vector of constants in the companion model

We make the constants column vector in the original
model the cost (profit) vector in the companion model
We transform a matrix of the parsimony of the variables
of the constraints in the original model into the
parsimony of the variables in the dual model

We reverse the direction of the constraint inequalities
We reverse the direction of the examples, that is, we
change the increase to the maximum limit to a decrease
to the minimum limit, and vice versa.

7-1-2- Finding neutrosophic dual models using the double

table:

We previously found that we can write linear models in three

forms:
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The matrix form is as shown in the previous paragraph.
The following short form:

n
NZ = z(cj + ej)xj — (Max or Min)
j=1

Constraints:

n >
ZNGUX] (S) bi + 6i ) [ = 1,2, e, m
j=1

Xj >0
The detailed figure follows:
Find:
NZ = Ncyx; + Ncyxy, + -+ Ncyx,, — (Max or Min)

Constraints:

>
Naj;x; + Naj,x, + -+ Naj,x, (<> Nb; ;i=1.2,...,m

X1, X9, ey Xp =0

To find the dual model, we put the neutrosophic linear model
in the symmetrical form, and here we distinguish two cases:

First case:

The original model is symmetrical and of the maximization
type:

n
NZ = z(cj + sj)xj — Max
j=1

-99 -



Neutrosophic linear models and algorithms fo find their optimal solution

Constraints:

n

Naijxj < bi + 61' ’ [ = 1,2, ey, M
Jj=1
Second case:

The model is symmetrical and miniaturized:
n
NL = Z(cj + &)x; — Min
j=1

Constraints:
n
ZNCLUX] > bi i 61' ; [ = 1,2, e, M
j=1

In both cases, we have xj = 0, which are the decision

variables, unknown values that we obtain after solving the
linear model.

N¢i=cjte and Nb;=b;+6; and Na;; =a;; +p;
where: (j =1,2,..,n,i = 1,2,...,m) are the data of the issue
under study, and they are neutrosophic values, unspecified
values that enjoy a margin of freedom and are taken according

to the nature of the situation represented by the linear model.
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7-1-3- Constructing neutrosophic dual linear models using
tables:

To build linear neutrosophic models using tables, we draw a

double table for the original and dual models according to the

following steps:

1. The coefficients of the objective function in the original
model are the constants column in the companion model,
and the constants column in the original model are the
coefficients of the objective function in the companion
model.

2. We invert the signs of the inequalities of the constraints
(if they were in the original model of type (=), they
become in the dual model of type =).

3. We change the objective from maximizing in the original
model to minimizing in the dual model.

4. We place each constraint (row) in the original model
corresponding to a column in the dual model, meaning
there is one variable for each constraint in the original
model.

5. The variables in the original model and the dual model
satisfy the non-negative constraints.

We explain the above using the following two cases:

First case:

The original model is symmetrical and of the maximization
type:

First case: The original model is symmetrical and of the
maximization type

Find:
NZ = Ncyxq + Ncyxy, + -+ Ncpx, — Max
Constraints:
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Na11x1 + Na12x2 + °c + Nalnxn S Nbl
Nalel + Nazzxz + i + Naann S sz
Na1x1 + Nay x5 + -+ Nagnx, < Nb,,
X1, X9, e, Xp = 0

The binary table for the original model and the dual model
is as follows:

Original model
objective Ncyxq + Ncyxy + -+ Nepxp Max
nction Constants column
constants
1 Nallxl + Nalzxz + -+ Nalnxn < Nb1
2 Na21x1+Na22x2 +"'+Na2nxn < Nb2
<

m Namlxl + Namzxz + -t Namnxn < me
Non-negf':\tive X1,X2, vy Xn = 0
constraints

Dual model

Objective Nbyy, + Nbyy, + -+ Nb;y, Min

nction
. ctio Con s column
constraints

1 Nay y, + Nazy, + -+ Namiym | = Ncy

2 Nai,y; + Nagy, + -+ Namaym | = Nc,
>

n Naypy: + Nazpy, + -+ Nampnym | = Ncy
> 0

Non-negative
constraints

Table No. (1) Objective follower of the maximization type
The second case: The original model is symmetrical and of
the reduction type:
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Find:
NL = Ncyxq + Ncyx, + -+ Ncpx,, — Min
Constraints:
Nay;x; + Na;,x, + -+ Na;,x,, = Nb,
Nayix, + Nayyxy + -+ Nagpx, = Nb,
Na,,1x; + Na,,x, + -+ Na,,,x, = Nb,,
X1, X9, e, Xy = 0

The binary table for the original model and the dual model
is as follows:

| Original model

objective Ncyx; + Neyxy + -+ Nepxy, Min
unction onstants
constants
column
1 Nayix, + Najpx; + -+ Nagpx, = Nb,
2 Na21x1 + Nazzxz + + Naann 2 sz
=
m Nag,1x + Nagx, + -+ Nagpx, | > Nb,,
Non-negative X X i X > 0
constraints L2 A -
Dual model
Otl),ljr?gttllgi Nbl)’l + NbeZ + A + Nblym Max
Onstants
constants
column
1 Nay,y; + Naz 1y, + -+ Nayy Ym < Ncy
2 Nay,y; + Nagyy, + -+ NaypYm < Nc,
<
n Najny; + Nazpy, + -+ Nampym | < Nc,
Non-negative > 0
constraintS

Table No. (2) objective follower in the original model of the reduce type
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7-2- formulation of the binary neutrosophic
algorithm.

The binary simplex algorithm (for the original and dual
models) neutrosophic. Through this algorithm, we can find the
two ideal solutions for both the original and dual models at the
same time. Before starting the binary simplex algorithm, we
must mention the modified simplex algorithm that we will use
within the steps of the binary algorithm.

Modified simplex algorithm:

In the modified Simplex algorithm, after converting the regular
linear model to the basic form, we place the coefficients in a
short table whose first column includes the basic variables and
whose top row includes the non-basic variables only. We
define the pivot column, which is the column corresponding to
the largest positive value in the objective function row if the
objective function is a maximization function (but if the
objective function is a minimization function, it is the column
corresponding to the most negative values). Let this column be
the column of the variable x,. We define the pivot row. The
pivot row is determined. Through the following indicator:

Nb;1  Nb,
Nais _Nats

N6 = min >0; Nai>0Nb; >0

Let this line be the line of the base variable y,, then the anchor
element is the element resulting from the intersection of the
anchor column and the anchor line, i.e., Na;;. Then we
calculate the new elements corresponding to the anchor line
and the anchor column as follows:
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1. We put opposite the pivot element Na, the reciprocal of
1

Nags

2. We calculate the elements of the row corresponding to
the pivot row (except the pivot element) by dividing the
elements of the pivot row by the pivot element Na,,

3. We calculate all the elements of the column opposite the
pivot (except the pivot element) by dividing the elements
of the pivot column by the pivot element Na,, and then
multiplying them by (-1)

4. We calculate the other elements from the following
relation:

Na; Nb;Na,. — Nb.Na;
Nbl-’ = Nb; — Nb, is _ iVlts t{VHis

Na;, B Na;g
Na; Na;;Na,. — Na,;Na;
N(,ll{- — Naij _ Natj is _ ij ts tj is
J Na, Na,
Nay; B NciNays — NcgNay;

Nc;j = Ncj — Ncg . Na..
We apply the stopping criterion of the direct Simplex algorithm
on the objective function row. If the objective function is of the
maximize type, the objective function row in the table must not
contain any positive value. (But if the objective function is of
the minimization type, the objective function row in the new
table must not be contains any negative value), if the criterion
IS not met, we repeat the same steps until the stopping criterion
IS met and we obtain the desired ideal solution.

7-2-1- Steps of the binary simplex algorithm:

a. We write the two models in basic form by adding or
subtracting additional variables or using synthetic
variables and isolating the non-restricting variables.
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Basal form of the original model:
Find:

NZ = Ncyxq + Ncyx, + -+ Ncyx,, + Ouy + Ouy + -+ + Ou,y,, — Max
Constraints:

Na11x1 + Na12x2 + -+ Nalnxn + ul = Nbl
Nalel + Nazzxz + -+ Naann + uz = sz

Na,,1x; + Nay,x, + -+ Na,,x, + U, = Nbyy,
x=>0;j=12,..,n
u;=>0;i=12,..,m

Here we do not require that Nb; = 0.
Basic form of the dual model:
Find:
NL = Nb,y, + Nbyy, + ---+ Nb;y,, + 0v; + Ov, + --- + Ov,, — Min
Constraints:

Nay;y, + Naz,y, + -+ Napy1 Y, — v1 = N¢y
Nay,y, + Nayyy, + -+ Napym — v, = Nc,

Najny:s + Nazpyz + -+ NaynYm — vp = Ncy
y;20;i=12,..,m
v;=0;j=12,..,n

Here we do not require that N¢; = 0.

The two models have the same coefficients, and the matrix of
instances of the dual model is the transpose of the matrix of
instances of the original model. We write the two models in the
following binary table:
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Original model

Obj:ccttii(‘)’ﬁ Ncyxy + Negxy + -+ + Nepxy + Ouy + Ou, | Max
Corfstant
constants + ot Oupy C;jrr;s
1 Na11x1 +Na12x2 + "'+Na1nxn +u1 = Nb1
2 Nalel +Na22x2 +"'+Na2nxn+u2 = sz
m Na%1 + Napox, + -+ Nagpnx, + Uy, = me
Non- X1, Xy ey Xy, Uq, Uz, eory Uppy > 0
negative
constraints
Dual model
ObjeCt_ive Nblyl + Nb2y2 + -0 + Nblym + 0171 + 0172 + .- Min
nction + 0v, Coftistants
constants column
1 Nay1y; + Nayy, + -+ Nag Ym — 1 = Nc¢q
2 Nayyy, + Nagyy, + -+ Napa Y — v, = Nc,
n Najny: + Nazpy, + -+ NappYm — Up = Ncn
Non- > 0
negative
constraints

Table No. (3) Standard format for the original and companion
models

b. We place the variables and coefficients of the original
model in the modified simplex table, and we place the
variables of the dual model outside the table as follows:
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basic variables with a (-) sign in
the dual model
—V1 —Vy —Upn
Non-basic X1 Xy Xn Follow the
vibrable objective of the
basic vibrahle dual model NB;
s V1 U Nay; | Nag, Naj, Nb,
$3
._E g yz uz Naz]_ Nazz Nazn Nb2
2w
[ [«5)
é S | Ym Um Nap; | Nap, Namn Nbp,
objectiveofthe | N¢; | Nc, Nc, 0 -» Min
original model 70>

Table No. (4): The binary table for the original and dual models according to the
modified Simplex algorithm

7-2-2- Binary simplex algorithm for the original and dual
models:

From the modified simplex algorithm of the original model, we
obtain the optimal solution of the original model when all the
elements are in the last row (the objective function row of the
original model) N¢; <0 ;j=1,2,..,n and at the same time
all the elements are in the column The last (associated
objective function column) Nb; = 0 ;i = 1,2, ..., m and we get
the optimal solution for the dual model when all elements in
the last column (associated objective function column) are
Nb; =20 ;i=1,2,...,m and at the same time the last row (the
objective function row of the original model)

N¢;<0;j=12,..,n

(Because it will correspond to Nc; = —v;) which are the two

conditions Same for both models. Therefore, when searching
for the optimal solution for both models together, we must
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work to make all elements Nb; >0 ;i=1,2,...,m and to
make all elements N¢c; <0 ;j=1,2,..,n, to achieve this we
rely on one of the two models, put its variables and coefficients
in a table, and place the dual model in an external frame of that
table. In general, we find that the necessity of placing the two
models in a short table does not allow us to get rid of the
negative constants on the right side, and therefore the general
case of the previous binary table can it must include negative
constants Nb; < 0 , and the elements of the last row can
include positive elements N¢; > 0 , so when searching for the
optimal solution for the two models, we must work to address
these elements based on one of the two models.

Depending on the original model, we do this in two stages:
First stage:

We make the constant Nb; non-negative, which corresponds to
obtaining a non-negative basic solution for the original model.

Second stage:

We make all elements of the objective function row non-
positive (in the case of the objective function, maximization),
and this corresponds to obtaining the optimal solution required
for the original model.

Based on the dual model, we do this in two stages:
First stage:

We must make the elements of the dual model objective
function column
Nb; >0 ;i=1,2,..,m . The last row is non-negative
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The second stage:

We must make the free constants for the dual model
—Nc¢; non-positive, and this corresponds to obtaining the

optimal solution for the dual model. We explain the above
through the following example:

Find the optimal solution for both the following neutrosophic
linear model and its dual using the binary algorithm

Examplel:
Find:
[5,8] x; + [3,6] x, — Max
Constraints:
2x; + 3x, < [14,20]
2x, + x, < [10,16]

3x, < [12,18]
3x; < [15,21]

x1 = 0,x,
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We form the binary table of the model and the dual model:

Original model
objective
nction (58] x; + [3,6] x; Max
consta onstants
column
1 2x1 + 3x2 < [14’20]
2 2x1 + X < [10’16]
° 32 = [12,18]
! 31 = [15,21]
Non-negative X1,X2 > 0
constraints
Dual model
Obj:((::ttilc\)/ri [14,20]y, + [10,16]y, + [12,18]y; Min
consta + [15,21]y,  stants
column
>
1 2y, + 2y, + 3y, > [5.8]
2 3y1+ Y2+ 3y, > [3.6]
constraints

Table No. (5) The original model and its dual model
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In the following table, we wrote the two models in standard

form:

Original model

Object.ive [5,8] X1 + [3,6] Xy + Ou1 ar Ouz + OU3 ar OU4 Max
ction Copstants
constants column
1 2x1 + 3x2 + Uuq = [14’,20]
2 2x1 + X2 + U, = [10,16]
3 3x, + Usg = [12,18]
4 3x; + Uy = [15,21]
Non-negati
e | 1%t s g > ‘
Dual model
objective | [14,20]y, + [10,16]y, + [12,18]y; + [15,21]y, | Min
ction + Ov; + Ov, Copstants
constants column
1 2y1 + 2y, + 3y, —vq = [5,8]
2 3y1+ Y2+ 3y, — v, = [3,6]
constraints _

Table No. (6) Standard format for the original model and the dual model

We notice from the table that the standard form of the original
model includes a ready-made base of additional variables
Uy, Uy, Uz, Uy, but for the dual model there is no ready-made
base. Therefore, we multiply the two restrictions by (-1) and
we obtain the basic form of the dual model.
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The following table shows the basic form of the original and

dual models:
Original model
bjective [5,8] x; + [3,6] x + Ouy + Ou, + Oug Max
function + Ouy Copstants
constan column
1 2x; +3x, +uy = | [14,20]
2 le + X + U, = [10,16]
3 3x, + ug = | [12,18]
4 3x1 + Uy = [15,21]
Non-negati
e =] o
Dual model
bjective [14,20]y, + [10,16]y, + [12,18]y, Min
function + [15,21]y, + Ov; + Ov, Constants
constal column
1 —2y1 — 2y, =3y, + vy =| —[58]
2 —3y1 =Y, =3y + v, =| —[36]
constraints -

Table No. (7): The basic shape of the original model and the dual model

We put the two models in the modified Simplex algorithm
table and we get the following table:
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objective
function

Non-basic vibrable Dual

Non-basic
ibrable
basicyibrable

%)

objective
function
Dual model
NB;

Table No. (8): The binary table for the original and dual models according
to the modified Simplex algorithm
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First stage:

1- For the original model:

Since the values in the constant’s column are all positive, we
study the values in the objective function row and determine
the largest positive value. We find:
max([5,8], [3,6]) = [5,8]
It is an expression of the variable x;. This means that it will
enter the base. To determine the element that will exit from the
base, we calculate the index N&, where:
~ [[14,20] [10,16] [15,21]] [15,21]

NO € min T T3 = 3 = [5,7]
We find that the pivot column is the column of the non-base
variable x;, meaning that the variable x; will enter the base
instead of the variable u,, and the pivot element is the element
resulting from the intersection of the pivot row and the pivot
column, which is (3)

We perform the switching between variables using a modified
simplex algorithm.

2- For the dual model:

We study the elements of the objective function row. We
notice that all the values are positive. Therefore, we study the
elements of the constant’s column. We find that they are all
negative values. We choose the most negative of them, which
is (—[5,8]) which is the row of the base variable v, so its row
is the pivot row. To determine the pivot column and the pivot
element, we calculate the index N6'where:

[14,20] [10,16] [15,21]] [15,21]

NO' € Max I R — = 3

So, the column of the non-base variable u, is the pivot column,
meaning that the variable u, will enter the base instead of the

-115 -



Neutrosophic linear models and algorithms fo find their optimal solution

variable v,, and the pivot element is the element resulting from
the intersection of the pivot row and the pivot column, which is
(-3). We perform the switching between the variables using the
modified simplex algorithm, from (1) and (2) We get the
following double table:

—Ya —Vp
Non-basic Uy X objective
vibrable function
Original model
basic vibra NB;
o | N uy -2 3 [4,6]
S 3
S |y, U, -2 1 [0,4]
3 3
(&S]
2
c
S |n 5o % 0 [5,7]
objective -8 -5 [3,6] — [25,56]
function [?' ?] 7 — 56]
Original model
Nci
Uy Uy Uz X1
Non-basic Y1 Vo Vs vy objective
vibrable function
basic vibrable Original model
NCi
Uy Ya 2 2 0 -1 [E 5
‘E% 3 3 3 3°3
c o
23 x, v, -3 -1 -3 0 —[3,6]
objective [4,6] |[0,4]]|[12,18] | [5,7] — [25,56]
function L — 56]
Original model
NCi

Table No. (9): The binary table for the first stage, the solution according to the
original and dual models
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Second phase:

We apply the stopping criterion of the algorithm

For the original model:

Since the values in the constant’s column are all positive, we
study the values in the objective function row. We notice that
there is a positive value, which is [3,6], meaning that we have
not yet reached the optimal solution. Therefore, we specify the
pivot column, which is the column of the variable x,
corresponding to the only positive value in the objective
function row. [3,6] to determine the pivot row and the pivot
element, we calculate the index N&, where:

. [[4.6] [0,4] [12,18]] [4.6]
N9€m1n3,1,3—3

It corresponds to the base element u,, so its row is the pivot
row and the pivot element is (3). We swap between the
variables using the modified simplex algorithm.

For the dual model:

We study the elements of the objective function row. We
notice that all the values are positive. Therefore, we study the
elements of the constant’s column. We find that there is a
single negative value, which is (—[3,6]), which is the line of
the base variable v,, so its row is the pivot row. To determine
the pivot column and the pivot element, we calculate the index
N6’ where:

, [4,6] [0,4] [12,18]] [4.6]

N6’ € Max = =3 |T 3
So, the column of the non-base variable y; is the pivot column,
meaning that the variable y, will enter the base instead of the

variable v,, and the pivot element is the element resulting from
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the intersection of the pivot row and the pivot column, which is
(—3). We perform the switching between the variables using
the modified simplex algorithm, from (1) and (2) We get the
following double table:

— Y4 —V1
n-basic Uy Uy objective
vibrahle function
Dual model
basic vibrable NB;
@ | V2 X2 =2 1 )
S 9 3 37
S _ ~
2 ()2 Uz __4 __1 i 2
> 9 3 3’
3 | ys Us 2 -1 [8,12]
— 3
C
S | " X1 1 0 [5,7]
objective function [—6,—1] [-2,—1] — [29,68]
Original model Z —[29;
NCi
X2 Uy Us X1
Non-basic v, Vo Vs vy objective function
vibrable Original model
basic vibra N¢;
2 | U Vs 2| 4 2 -1 [-6,—1]
g 9 9
2
g |w 1 1)1 1 0 [-2,—1]
< 3
2
objective function | 4 4 [8,12] [5,7] —[29,68]
-, 2 -, 2
Dual model 3 3 L —[29
NB;

Table No. (10): The binary algorithm table for the second stage
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We apply the stopping criterion of the algorithm:

1- For the original model, we study the elements of the
objective function row until the criterion for stopping the
algorithm is met, which is the absence of any positive
element

2- For the dual model, we also study the elements of the
constants column until the criterion for stopping the
algorithm is met, which is the absence of any negative
element

3- We find that the criterion has been met and thus we have
reached the optimal solution

The optimal solution of the original model is:
4 4
X, € [5,2] , Uy € [5,2] ,u; € [8,12],x1 € [5,7] ,ui =u; =0

The value of the objective function corresponds to:
NZ*= Max NZ € [29,68]

The optimal solution of the dual model is:

yi €[12] ,y; €[16] ,v;=y; =y3 =v{ =0

The value of the objective function corresponds to:
NL* = MinNL € [29,166]

We note that:

NZ*= Max NZ € [29,68] < NL* = MinNL € [29,166]

This solution is acceptable according to the following
theory:

If (x4, x5, ..., X,)is an acceptable solution to the original model
of type Max and (y;, v, ..., Vi, )Was an acceptable solution for
the dual model of type Min, so the value of the objective
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function of the original model does not exceed the value of the
objective function of the dual model for these two solutions,

that is, it is
n m
j=1 i=1

This is for all acceptable solutions for both models (including
the optimal solution).

7-3- Economic interpretation of the dual models:

We illustrate the economic interpretation of the dual model
through the following example:

Example2:

A factory wants to transfer its products from two warehouses to
three retail centres at the lowest possible cost. The following
table shows the data provided by the factory official:

Sales centers | B, B, B Available
Stores guantities
Quantities required | 200 300 400 900

900

The plant manager's request was for a transportation plan with
a minimum cost so that the distribution centres’ orders could be
met from the available quantities

The previous issue is a balanced transfer issue because
2

3

i=1 j=1
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To formulate the mathematical model

We assume x;; the quantity transported from store i where
i = 1,2, to distribution center j, where j = 1,2,3. Thus, we
obtain the following linear model:

Find:

L €[1,3]xy1 +[2,4]x15 + [0,3]x15 + [4,6]x51 + [1,4] x5,
+ [1,5]x,53 — Min

Constraints:
X11 + X12 + x13 < 300
X11 + X1 + x53 < 600
X11 + X1 = 200
X1z + X5 = 300
X13 + X3 = 400
x;=20; 1=12,j=123
We write the model in the following symmetrical form:

Since the objective function is a minimization function, all
constraints must be of type greater than or equal to, so the
model is written in the following symmetric form:

Find:

L €[1,3]x;1 +[2,4]x15 +[0,3]x15 + [4,6]x51 + [1,4] x5,
+ [1,5]x,3 — Min

Constraints:
—X11 — X12 — Xq3 > —300
—x11 - x21 - x23 2 _600

-121 -



Neutrosophic linear models and algorithms fo find their optimal solution

X1z + X5 = 300
X13 + X3 = 400
x;=0;1=12,j=123
Forming the dual model, we obtain the following linear model:
Find:

Z = -300y; — 600y, + 200y; + 300y, + 400y; — Max

Constraints:
-y +y3 <[13
—y1 + Vs < [2/4
—y1 +¥5 <[0,3
[4,6
[1,4

)

Y, t Y3 =
Y2t Y4 =
-y, +ys < [1,

Y1, Y2, Y3 YarYs = 0

We formulate an appropriate text for the accompanying model
based on the text of the original problem:

)

)

]
]
]
]
|
5]

It is clear from the original model that the factory's goal is to
transport all of its products at the lowest possible cost:

Text of the issue dual to the attached form:

A transport company submitted to a factory an offer that it
would transport the entire quantity in the first warehouse, i.e.,
300 units, at a price of y; monetary unit per unit, and transfer
the entire quantity available in the second warehouse, 600, at a
price of y, monetary units per unit. The company pledged that
it would deliver (200,300,400) units. To the three retail
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centers, respectively. These units are sold in these centers at a
price of (ys3,y4,ys) monetary units, respectively. So that you
can convince the official in the factory that if he accepts her
offer, the cost of transportation in his factory will be less than
the cost if he carries out the transportation process, so that he
carries out the transportation process.

She used the constraints in the dual model and conducted the
following discussion:

You pay the cost of transporting one unit from the first factory
to the first sales center, an amount whose value belongs to the
range [1,3], but if you use the transport company, the cost is
(y3 —y1), and we have from the first entry in the
accompanying model

ys =y < [1,3]
Here the official in the laboratory will notice that the
transportation company’s offer is an appropriate offer.

In the same way we discuss all the limitations of the dual
model, the conclusion that the factory official will reach is that
the cost of transportation on any route if the transportation
company’s offer is accepted is less than or equal to the cost that
he would pay if he himself carried out the transportation
process.

The transport company will adopt the values (y;, V2, V3, Y4, Vs)
,because it will achieve maximum profit through them, as the
transport company’s profit is calculated from the relation:

—300y; — 600y, + 200y + 300y, + 400y:
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It is the same as the objective function of the dual model,
meaning that the dual model represents the transportation
company that is trying to maximize its profits

The basic theorem of association states that the optimal values
of the model and the dual model are always equal. The
manufacturer does not save any money because he will pay the
transportation company the minimum cost of transportation,
but it saves the trouble of solving the original model to
determine the minimum cost of transportation, and for the
transportation company, it has guaranteed the deal to transport
the goods with the maximum profit.

Conclusion:

From the previous study, we arrived at a solution for the
original and utility models at the same time, which are
neutrosophic values from which we know the minimum and
maximum profit that we can obtain, because the interpretation
of the optimal solution for the original model is that it gives us
the best production plan that makes the value of that production
as large as possible, within Available capabilities. As for the
optimal solution for the dual model, it gives us the best values
for the prices of raw materials, which, if used without waste,
will also give us the best production plan, and the result is the
maximum profit.
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Chapter VIII

Some applications to neutrosophic linear
models
Introduction.
8-1- Problem of the composition of mixtures.
8-2- Problem of product mixture.

Conclusion.
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Chapter VIII

Some applications to neutrosophic linear
models

Introduction:

The linear programming method is one of the most used
operations research methods in most practical fields. This
method depends on converting the issue under study into a
linear mathematical model, and then we find the optimal
solution using special algorithms to solve linear models. This
solution helps the decision makers responsible for managing
the system. Which works according to this model to make
sound decisions based on scientific foundations. The most
important stage in linear programming is the stage of creating
the linear model, that is, expressing the situation under study in
mathematical relations. to formulate the linear model, the
following basic elements must be present:

1. Determine the goal gquantitatively, and it is expressed by
the goal function, which is the function for which the
maximum or minimum value is required. That is, we
must be able to express the goal quantitatively, such as if
the goal is to achieve the greatest profit or achieve the
lowest cost.

2. Determine the constraints: The constraints that express
the available resources must be specific, that is, the
resources must be measurable, and expressed in a
mathematical formula in the form of inequalities or
equals.

3. ldentifying the different alternatives: This element
indicates that the problem should have more than one
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solution so that linear programming can be applied,
because if the problem had one solution, there would be
no need to use linear programming, whose benefit is
focused on helping to choose the best solution from
among the acceptable solutions.

In this chapter, we present some problems that lead to
neutrosophic linear models, that is, we will take some or all of
the problem data as neutrosophic values.

8-1- Problem of the composition of mixtures:

By mixtures, we mean anything that is installed from a number
of materials such as diets - medicine - any metal mixture- and
here the stretch loop is to choose the materials that enter the
composition of this mixture so that the cost of production is as
little as possible, the goal of putting forward this model in the
field of education is that the student can link between
neutrosophic equations and linear inequations as well as the
neutrosophic function and problems from real life.
General text of the problem:
We want to install a mixture of raw materials 4,, 4,, ..., A,and
the price of one unit of each of them is equal to
NC{,NC,,...,NC, respectively, and the meal must include an
amount of important elements
B,;,B,, ..., B,, that the quantity of each element shall not be
less thanB,, B, ..., B;,
Nby,Nb,,..,Nb,, Unit in the order required to find the
necessary amounts of each of the materials
Ay, A,, ..., A, Which must be included in the mixture so that
its cost is as low as possible, knowing that the content of each
of the materials A4,,4,,..,A, of each of the elements
By, B,, ..., B,,, is shown in the following table:
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Materials
Elements Ay Ay | A, NB
Bl a11 a12 .......... aln Nb1
BZ a21 azz .......... a2n sz
Bm am1 amz ........... amn me

Table No. (1) Raw materials and elements for the problem of
composition of mixtures
Ifand Nc¢;=c¢; t¢ j=1.2,..,nwhereg; isindefinite and
can be Ej = [/11] ,/’le] or SjE {/11] ,12]‘} or...

Also values that express the quantities of elements that must be
available in the mixtureand Nb; = b; +6; i =1,2,..,m
where §; is indefinite and can be, &§; = [py; uz;] or

;€ {#11' ,lizt} or...
Building the Mathematical Model:
We symbolize the required amounts of each of the materials
A A, ..., A, D xq, X5, ..., x, and put all the information in the
following table:

Materials Minimum
Elements A1 Az An amounts
B, g a2 Ain Nb,
B, az1 azp Qon Nb,
_ Bm _ Amy Am2 Amn me
Profit per unit Ne, Ne, Ne,
Required amounts Xq Xy Xn

Table No. (2) General data on the issue of composition of mixtures
What is required in the problem is to determine a value for
each of the variables x;,x,,..,x, S0 that the objective
function takes the smallest value, within the conditions
imposed
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Based on the data of the problem, the objective function is
written in the following form:

NL = Ncyxy + Ncyx, + -+ Nc,x,,
Mathematically formulate the terms we provide the following
clarification:

Each unit of the material A, gives us a;, unit of the element
B, , and thus we find that x; unit gives us a,;x; unit of the
element B,, and so we find for the rest of the materials and
elements, and therefore the condition related to the element B,
is as follows:

a11X1 + alzxz + + alnxn 2 Nbl
We follow in the same way for all materials and all elements
we get the following mathematical model:
MinNL = Ncix; + Ncyxy, + -+ Ncpxy,
Constraints:
allxl + alzxz + e + alnxn 2 Nbl

alel + azzxz + + aznxn 2 Nb2

Am1X1 + ApaXy + -+ QnXn = Nby,
X1, X9, ey Xp = 0
We write in the following abbreviated form:
n

MinNL =
=1

]
Constraints:
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n
Zaijxj = bi i 61' ;i = 1,2,...,m
j=1

Where Cj + &, bi + 51" aij, _] =12,..,n,i=12,...,m

are constants having set or interval values according to the
nature of the given problem, are decision variables

Examplel:

A school wants to provide breakfast for students consisting
four types of food that are A,, A,, A3, A, and that the price of
one unit of each of them respectively Nc,,Nc,,Nc3,Nc, , and
suppose that it is required that the meal includes a certain
amount of important nutrients:  proteinsB;starch B,
carbohydrates B; that the amount of protein in it is not less
than Nb,

unit and the amount of carbohydrates is Nb, unit and the
amount of carbohydrates is Nb5 unit, it is required to find the
necessary amounts of substances that must be included into the
meal so that its cost is as low as possible and contains at least
the minimum number of nutrients required to be provided in
the meal, if you know what each of the materials and the
important nutrients they contain are required are shown in the
following table:

where Nc¢; =c¢;t¢ and j=1,23,4whereg; isindefinite
and canbe & = [A;; A;]oree{Ay; 4,5} or...

Also values that express the amounts of nutrients that must be
available in the mealNb; = b; + 6; andi = 1,2,3 where §; it
is indefinite and can be &; = [puy; pai] O 8; € {pa; prai}or ...
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We denote the required amounts of each of the materials
A, Ay, Az, A, With symbols x4, x5, x5, x, respectively put the
information contained in the text of the problem’s table as

follows:
Materials Minimum
Elements Ay Az A3 Ay amounts
B ain a» a3 A14 Nb,
B, azq az, azs A4 Nb,
B as; as; ass A3q Nb,
Profit
Ncy Nc, Ncy Nc,
Required amounts |  x;, X, X3 X4

Table No. (3): Basic data for building the linear model for example 1

Follow the objective function:

We find:

NL = Ncyxq + Ncyxy, + Nezxg + Negxy

Nutrient conditions:

Nutrient protein requirement B,

A11X1 + A12X5 + A13X3 + A14X4 = Nby

Requirement of starch nutrient B,

Ay X1 + AyXy + Ap3X3 + Ayuxs = ND,
Requirement of carbohydrate nutrient B
A31X, + A35X, + A33X3 + A34X4 = Nby

Non-negative condition:

That's when the right mathematical model becomes.

Find:

MinNL = Ncyxqy + Ncyx, + Negxz + Negx,y,

X1, X9,X3,X4 = 0
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Constraints:
A11X1 + 12Xy + Aq3X3 + 14X, = Nby
Ay X1 + AypXy + Ap3X3 + AyuXxs = ND,
A31X1 + A32X, + A33X3 + A34X4 = Nby
X1,%X2,X3,X4 =0

To obtain the optimal solution, we use the neutrosophic
simplex method described in the research

8-2- Problem of product mixture:

What is meant by the mixture of products is the production of
products that include in the composition of a number of raw
materials in all production institutions for the workflow to be
ideal and achieve the maximum profit must be based on a
scientific study through which the quantities that must be
produced from each product of the products are determined by
using the available resources ideally so that the market need is
secured and a profit is made. This model can be presented to
students as an example of the use of linear models then
students realize that pens and notebooks and benches, tables,
transportation-------- and other products that they use in their
daily lives have been manufactured using process research
methods that depend on building a mathematical model and the
optimal solution for this model is the ideal plan that the
institution must adopt.
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General text of the problem:

A production institution that can produce products

Ay, A,, ..., A, and includes in its composition of raw materials,
the quantities used of each By, B, ..., B,,, of the raw materials

in each of the products are shown in the following table:

aterials
Elements A Az An NB
B, a1 aqo A Nby
B, asq ays arn Nb,
B,, Ay Ao Amn Nb,,

Table No. (4) Raw materials and elements for the product mix issue

The quantities available to the institution of these raw materials
are Nb,,Nb,, ..., Nb,, where:

Nb; = b; £ §; And where it is indefinite and can be or or ----
otherwise, iti = 1,2, ...,mJ;

8; = [mai mai] 6i€{mi pay} is required to find the amount of
what must be produced from each of the products, knowing
that the profit returned from one unit of each of the products is
respectively ---- j = 1,2,...,n ¢ where and

Ay, Ay, .y ApNCy, NCy, ...,NC, Ncj = ¢j t ¢
where it is indeterminate and can be
& = [ Aa5] g €{A1; A,;}- orother
Building the Mathematical Model:

We code the quantities produced from each of the
productsd,, 4,, ...,A,, Bxj,x,, ..,x, and put all the
information in the following table:
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Products A A 1 Available
. 1 2 n Quantities
Materials
By a1 a2 A1n Nb,
B, a1 Qzo on Nb,
B, [o Ao Amn Nb,y,
Profit Nc, Nc, Ncy,
Quantities X X .
produced L 2 n

Table No. (5) Neutrosophic data for the model

What is required in the problem is to determine a value for
each of the variablesx,, x», ..., x,, So that the objective function
takes the greatest value, within the imposed conditions.

Based on the data of the problem, the objective function is
written in the following form:

NZ = Ncyxq + Ncyxy, + -+ Nepx,

Mathematically formulate the terms we provide the following
clarification:

To produce one unit of the product A, , we need a,; unit of
the material B,, and thus we find that x; unit of the productA;
needs A;a,, unit of the material B;, and so we find for the rest
of the products and materials, and therefore the condition
related to the material is as follows:B,x;A;a,,x,B{B;

a11x1 + a12x2 + + alnxn S Nb1

We follow in the same way for all products and all materials
we get the following mathematical model:

Find the maximum value of the function

MaxNZ = Ncyx; + Ncyxy + -+ Nepyxy,
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Constraints:
a11x1 + a12x2 + + alnxn S Nbl

a;1X1 + ar7Xy + -+ ArnXn < sz

X1, X9, ey Xp =0

It shall be written in the following abbreviated form:

n
j=1

Constraints:

n
Z al-jxj < bi + 61’ ) 1= 1,2,3, v, M
=1

Where Cj igj , bii5i, al-j, ] = 1,2,...,n,i = 1,2,...,m
are constants having set or interval values according to the
nature of the given problem, x; are decision variables

Example2:

A factory for manufacturing pens produces four types
S,,S;,S,,S, and uses the following raw materials

M, , M,, M, for this. The factory management wants to study

the optimal organization of production during a period of time
(for example, a month) and determine the monthly production
of each product to achieve a maximum profit, knowing that the
profit is directly proportional to the number of units sold of
products. We explain the available quantities of raw materials
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required for each product and the profit returned in the
following table:

Materials Available

Elemants 51 $2 53 54 Quantities
M, a1 Qi a3 A14 Nmy
M, azq azz azs A4 Nm,
M; az1 az» as3 Qd3g Nm3

Table No. (6): Data in Example 2

To construct the mathematical model, we assume x ; counting
units produced from S,

X, number of units produced fromsS,

X3 number of units produced fromS;

X, Number of units produced from S,

During the productive period (for example, a month) we put
the information in the following table:

atereals Availabl
Elements 51 52 53 5S4 Qu:ngltjiees
M; a1 aip a3 A14 Nmy
M, azq a2z az3 Az4 Nm,
M; aszq asp ass Qs34 Nm;
Profit Ncy Nc, Ncs Nc,
Quantities
produced *1 X2 X3 Xa

Table No. (7): Basic information for building the mathematical model
From the table we can see that the primary material condition
M;:

A11X1 + Q12X + A13X3 + A4 < Ny

Initial material requirement M:
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Ay1X1 + ArXy + Ax3X3 + AyuXxy < N,
Initial material requirement Ms:
A31X1 + A32X, + A33X3 + A34X, < Ny
In addition, the quantities produced must be non-negative, i.e.:
X1,X9,X3,X4 = 0
We now define the objective function If units of the same type
are produced X, , X5 , X, , X, respectively, the profit during the
production period will be:
NZ = Ncyxq + Neyxy + Negxz + Neyxy
Therefore, the mathematical model of the problem is:
Find the maximum value of the function
MaxNZ = Ncyx; + Ncyx, + Ne3xs + Ney
Within the conditions
A11X1 + A12X5 + A13X3 + A4x, < Ny
Ay1X1 + AyXy + Ay3X3 + AyuXy < N,
A31X1 + A32X; + A33X3 + A3,X4 < Ny
X1, X9,X3,X4 = 0
We will apply the above to the model of optimal use of
agricultural land, using the concepts of neutrosophic
science. We will take data that is affected by the
surrounding conditions, neutrosophic values.
Text of the issue:
Let us assume that we have n agricultural areas (plain or
cultivated), the area of each of which is equal to
A, Ay, e ,A, , We want to plant it with m types of
agricultural crops to secure the community’s requirements for

it. Knowing that we need of crop i the amount b; , if the
average productivity of one area in plain j of crop i is equal to
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Na;;tons/ha. Where j = 1,2, ...... ,nandi =12, .. .. ,m, and
the profit returned from one unit of crop i equal to Np;,
WhereNp; is a neutrosophic value, an undefined non-specific
value that designates a perfect and can be any neighbor of the
value a;;, also Np;which can be any neighbor of p;.
Required:

Determine the amount of area needed to be cultivated with
each crop and in all regions to achieve the greatest possible
profit and meet the needs of society.

Formulation of the mathematical model:

We symbolize by x;; the amount of area in area j that must be
cultivated with crop, and we place the data for the problem in
the following table:

egions 1 2 n Order amount | profit amount
Crops b; Np;
1 Nay, Naq, Nay, b; Np;
X11 X12 X1n
2 Na,, Na,, Nay, b, Np,
X21 X22 Xon
m Nay,q Na,,, Nay, b,, Npn,
Xm1 Xm2 Xmn
Available a, a, a,
space a;

Table No. (8) Issue data

Then we find that the conditions imposed on the variables x;;
are:

1- Space restrictions:

The total area allocated to various crops in area j must be equal
to a; , that is, it must be:
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2- Conditions for meeting community requirements:

The total production of crop i in all regions must not be less
than the amountb, , that is, it must be:

Na11x11 + Na12x12 + “““ + Nalnxln Z b1
Na21x21 + Nazzxzz 4+ e + NaanZn > bz
Naj1Xm1 + NagyXmo + 20 + NaynXmn = b

Find the objective function:

We note that the profit resulting from the production of crop i
only and from all regions is equal to the product of the profit
times the quantity and i.e:

Np;(Naj xiy + Nagx;; + + Nagxin)
Thus, we find that the objective function, which expresses the
total profit resulting from all crops, is equal to:

n n

Z:Npl( Na1] X1]>+Np2< Nazj x2]>

j=1 j=1

n
oo +Npm( Nay, xmj> - Max
j=1

From the above we get the following mathematical model:

Find the maximum value of

n n
Z = Npl( ] 1Na1j x1]> +Np2 <z 1Na'2j x2]> + e e
j= j=

n
+Npm<
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Constraints:

x11 + x12 + """ + xml —_ a1
X12 + X322 + oo e + Xm2 = Ay
xln + xZn + """" + xmn - an
A11X11 T A1Xqp + =00 + AypX1n = by
Ap1X21 + AppXpp + oov e + aynXon = by
Am1Xm1 T ApmaXpmp + 00 T AmnXmn = bm
xl]>0 ,l=1,2, ...... ,m’]=1’2, ...... n

Example3:

Let us assume that we want to exploit four agricultural areas
A; Ay, A3, Ay, and the area of each of them, respectively,
I$ 60,150,20,10, by planting them with the following crops:
wheat, barley, cotton, tobacco, and beet, from which we need
the following: 800,200,600,1000,2500 Let us assume that the
regions’ productivity of these crops and their prices are given
in the following table:

egions | A, A, A, A, order | Price per ton
Crops
wheat {4,6} 4 3 6 2500 {1400,1600}
barley 7 5 4 | {3,5} 1000 {900,1100}
cotton 4 {9,11} 8 5 600 {4500,6000}
tobacco 6 {2,4} 0 0 200 {4000,5000}
beet 3 {10,14} 10 6 800 {400,700}
Space 60 150 20 10

Table No. (9) Example data
Required:
Formulate the mathematical model for this issue so that the
production value is as large as possible
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To formulate the mathematical model, we extract the following
linear conditions:
Space restrictions:
X114 + Xp1 + X317 + X401 + x51 = 60
X132 + X9 + X35 + X4y + x5, = 150
X13 + X33 + X33 + X453 + x53 = 20
X14 + Xp4 + X34 + Xgq + x54 = 10
Order restrictions:
{4,6}x1, + 4x15 + 3x13 + 6x14 = 2500
7x51 + 5x5, + 4x55 + {3,5}x,, = 1000
4x51 +{9,11 }x3, + 8x35 + 5x34 = 600
6x41 + {2,4}x45 + Ox43 + 0x4, = 200
3x5; + {10,14}x5, + 10x55 + 6x5, = 800
Non-Negative restrictions:
xi; =20 ;1= 1,2,345 and j=1234
Objective function that expresses the value of production
IS:
Z = {1400,1600}({4,6}x1; + 4x15 + 3x13 + 6X14)
+{900,1100}(7x51 + 5x55 + 4x,3
+ {3,5}x24 )
+ {4500,6000}(4x3; + {9,11 }x3, + 8x33
+ 5x34 )
+ {4000,5000}(6x,4, + {2,4}x,4, + 0x,3
+ 0x4, ) + {400,700}(3x5; + {10,14} x5,
+ 10x53 + 6x5,) > Max
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Mathematical model:
Find the maximum value of

Z = {1400,1600}({4,6}x,, + 4x,, + 3x15 + 6x14)
+{900,1100}(7x51 + 5x5, + 4x,3
+{3,5}x24)

+ {4500,6000}(4x3; + {9,11 }x3, + 8x35
+ 5X34 )

+ {4000,5000}(6x4, + {2,4}x,4, + Oxy3
+ 0x44 ) + {400,700}(3x5; + {10,14}x5,
+ 10x53 + 6x54) = Max

Constraints:
X117 + Xp1 + X317 + X471 + x50 = 60
X132 + X9 + X359 + X4y + x5, = 150
X13 + Xp3 + X33 + X43 + x53 = 20
X1g4 t Xoq + X34 + X44 + x54 = 10
{4,6}x1, + 4x1, + 3x13 + 6x14 = 2500
7x51 + 5x5, + 4x55 + {3,5}x,, = 1000
4x51 +{9,11 }x3, + 8x35 + 5x34 = 600
6x41 + {2,4}x,45 + 0x45 + 0x4, = 200
3xs; + {10,14}x5, + 10x55 + 6x5, = 800
X =20;i=12345 and j=1234
The first issue:

An executive in one of the companies asked an expert in the
science of operations research to help him obtain an optimal

- 142 -



Neutrosophic linear models and algorithms fo find their optimal solution

solution through which to achieve the lowest cost of
transportation and operation of warehouses he wants to
establish to expand the company's work and provided him with
information through which the expert formulated the following
issue: The text of the problem according to the concepts of
neutrosophic science: A retail company plans to expand its
activities in a specific area by establishing two new
warehouses, the following table shows the potential locations,
the number of customers and the possibility of meeting the
demand for the sites where (*) has been placed in the event that
the site can meet the customer's request and put (X) the
opposite and code Nc;; For the cost of transferring one unit

from site i to customer j he got the following table:

ite ustomer B1 B2 B3 B4
Al * * X *
Ncqq Ncyy Ncyy
AZ * * * *
Ncyy Ncyy Ncy3 Ncyy
A3 X * * *
Nca, Ncia Ncyy
Customer Dy D, Ds D,
orders

Table (10) Transportation cost in case of location selection

With the following information available for each of the
candidate locations for warehouses

information Operating cost Initial Invested Site Capacity
site per unit Capital (Monetary
(monetary unit) Unit)
first Np, kq Ay
second Np, ko A,
third Nps ks Ag

Table (11) operation information
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It is required to choose suitable locations for warehouses that
make the total costs of investment, operation and transportation
as small as possible.

Building the mathematical model: Each site has a fixed capital

cost independent of the quantity stored in the warehouse
referred to that site and also has a variable cost proportional to
the quantity transported, and therefore the total cost of
establishing and operating the warehouse is a non-linear
function of the stored quantity and using binary integer
variables can be formulated the issue of determining the
location of the warehouse in a program with integers where we
assume that the binary integer variabled; Symbolizes the
decision to choose the site or not to choose it in other words

5 = {1 if we chose the site i
' 0 otherwise

Suppose that x;; is the quantity transferred from site i to

customer j, so the constraint expressing the ability of the first
site to meet the requests is as follows:

x11 + xlz + X14 S A161

When §, = 1, the first location with capacityA, is chosen. The
quantity transported from the first site cannot exceed the
capacity of that siteA; When §; = 0 the non-negative variables

X11,X12,X14 = 0 directly, indicating that it is not possible to
ship from the first location

In a similar way, we obtain the following two constraints for
the second and third signatories.

X971 + X292 + Xo3 + X4 < A282

X31 + X33 + X34 < A383
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To choose exactly two locations, we need the following
restriction:

61+62+83=2

As &, can take one of the values of 0 or 1 only, the new
constraint will force two variables from among the three
variables, §; to be equal to one

The restrictions for customer requests can be written as
follows:

first customer x;; + x,; = D,

Second customer x;, + x5, + X3, = D,
Third customer x,5 + x33 = D3

Forth customer x;4 + X34 + X3, = D,

To write the objective function, we note that the total cost of
investment, operation and transportation for the first site is as
follows:

k181 + Np;y(x11 + x12 + x14) + Ncy1x91 + Negoxy,
+ NCy4Xq4

When we do not choose the first site, variable §; = 0 And
that forces the variables

X11¢ X12¢ X4 =0

In a similar way, the cost functions of the second and third
sites can be written, and thus the full formulation of the issue
of assigning the location of the warehouse is reduced to the
following correct mixed program: Z is meant to be made
minimal
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Z = k16y + Npy (11 + x15 + x14) + Ny xqq + NegaXqp +
Necygxyq + ky6; + Npa(Xaq + X2z + Xa3 + X24) + NeayXpg +
Ncapxa + NegaXaz + NeagXoy + k363 + Np3(xsp + X33 +
x34) + Nc3zx35 + NC3zxzs + NezaXag
considering the following restrictions:
X31 + X33 + X34 < A303
61 + 62 + 63 = 2
X171+ X1 = Dy
X12 + X2 + X33 = Dy

X3 + X33 = D3

é; true variable fori = 1,2,3
xij=0;i=1273 and j = 1,2,3,4

The second problem: The second request addressed by the
executive was how | can choose the appropriate projects to
operate a limited capital available in the company through a
number of projects presented, through the information provided
by the official in charge of managing the company, the expert
formulated the following issue:

The issue of the capital budget: A company plans to disburse
its capital during the T; periods. Where:

j=12,..,n, and there iSA;A proposed project where
i =1,2,———,m versus a limited capital B]- Available for
investment in period j and when choosing any project i
becomes in need of a certain capital in each period j we
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denote itNa;;. It is a neutrosophic value, the value of each
project is measured in terms of the liquidity flow
corresponding to the project in each period minus the value
of inflation, and this is called net present value (NPV), we
denote it Nv; Accordingly, the following table can be

organized:
period T, T, T,
project
Ay Nay, Nay, Nay,
Ay Nay, Nay, Nay,
Am Naml Namz Namn
Limited capital B, B, By

Table (12) Return on Investment during Periods

What is required in this problem Is to select the right projects
that maximize the total value (NPV) of all selected projects.
Formulation of the mathematical model:

Here we assume a binary integer variable x;lt takes the value
one if the project j is selected and takes the value zero if the
project j is not selected
x; = {1 if we chose pr_ojecti
0 otherwise
Then the objective function is given by the following relation:

m
Z = Z Nvi X
i=1

Then the objective function is given by the following relation:

m
i_lNaijxiSBj ,'j=1,...,7’l

Accordingly, we get the following mathematical model:
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Find the maximum value of the function:

m
Z = Z NUL' X
i=1

considering the following restrictions:

m

NaijxiSBj ,'j=1,...,Tl

i=1
x; A binary variable takes one of the values O or 1 for all values
of i = 1,...,m in the previous two issues, we got models with
integers that have special methods of solution. This research
cannot be presented and we will present them in later

research using the concepts of neutrosophic science

1- Formulation of the problem and the construction of
mathematical model according to neutrosophic
values:

The study concluded in the research [12] shows us how to
construct neutrosophic linear models, (the linear model is a
neutrosophic model if at least one of the likes of variables in
the objective function or neutrosophic value constraints)

The text of the issue:

The company has n rank for inspectors and wants to assign the
task of quality control to them, and K pieces should be audited
daily during an S hour of work per day, in the following table
we explain the full information about the inspectors and for all
ranks:

- 148 -



Neutrosophic linear models and algorithms fo find their optimal solution

About the Number of Accuracy Inspector's Number of | The fine paid by the
spector pieces (percent) remuneration inspectors company for each
checked ( Monetary Unit fault to the
(hour) per Hour) inspector
Inspect
rank
1 NM, ND; Gy Aq R
2 NM, ND, G, A, R
n NM, ND, G, Ay R

Table (13) Information on inspectors using neutrosophic values
The number of pieces is a neutrosophic value NM; = M; + ¢
where ¢; is the indeterminacy on the number of pieces, it can
take one of the shapes [A;;,4;,] or {4;1,4;,} or any value close
to M; as well as the precision, neutrosophic values

where §; is the indeterminacy on the precision that can take one
of the shapes [u;q, ;-] or {1, 12} or any value close to D;.

Required: Formulate the appropriate mathematical model
through which we can assign the optimal support to the
inspectors so that the cost of inspection is as low as possible

Building the neutrosophic mathematical model:
To build the mathematical model, we impose

X1 X,,— — ——, X, the number of inspectors of each rank on
the order assigned to the inspection task, then the following
inequality must be met:

x] < A] ; ] = 1,2,——,n
Since the company needs to audit K piece daily within S

working hour per day, the following set of restrictions must be
met:
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n
z S(NMj)x; = K

j=1

To obtain the objective function, we note that the company
bears two types of costs during the inspection process, the
inspector's fee and the fine corresponding to the error
committed by the inspector for each piece then the target
follower writes as follows:

100 — ND]-]

—— |

n
NZ=SZ G+ (NM, R-[
=1 J+( J) J 100

Then the mathematical model is written as follows:

100 — ND;
NZ = Sz Gj +(NM )R [—] x; — Min
j=1
Constraints:
X] < A] ; ] = 1,2,——,Tl

n
z S(NM))x; = K

j=1
>0; j=12,————n
Example4:

A company has three ranks for inspectors and wants to assign
the task of quality control to them, and 1500 pieces should be
audited daily during 8 working hours per day, in the
following table we explain the full information about the
inspectors and for all ranks, in this example we will take the
number of pieces checked by the inspectors from each rank as
neutrosophic values
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out the Inspector | Number of Accuracy Inspector's Number of | The fine paid by
pieces (percent) remuneration inspectors the company for
checked ( Monetary Unit per each fault to the
Inspector rank (hour) Hour ) inspector
1 {15,16} 95 4 10 2
2 {10,11} 90 3 6 2
3 {25,26} 98 5 8 2

Table (14) Information on inspectors using neutrosophic values

Required: Formulate the appropriate mathematical model
through which we can assign the optimal assignment to the
inspectors so that the cost of inspection is as low as possible

To build the mathematical model, we impose x; x;, x5 as the
number of inspectors from the three ranks in the order assigned
to the inspection task, then the following inequality must be
met:

< 10
6
8

Since the company needs to audit K pieces daily within S
working hour per day, the following set of restrictions must be
met:

=R
N =
IA A

=
w
IA

n
> 8Mx; = 1500
j=1

That is:
8(Myxq + Myx, + M3x3) = 1500
From it we get the following restriction:
8{15,16}x; + 8{10,11}x, + 8{25,26}x; = 1500
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To obtain the objective function, we note that the company
bears two types of costs during the inspection process, the
inspector's fee and the fine corresponding to the error
committed by the inspector for each piece then the target
follower writes as follows:

Then the cost of the inspector is calculated from j the hourly
rank through the following relation:

100 - Djy
NC] = G] + (NM])R] (W) y ] = 1,2,— ——,n
We get:
100 — 95
NC, = 4 +{15,16) X 2 X (—) — (5.5,5.6}
100
100 — 90
NC, = 3 + {10,11} X 2 X (—) — (5,5.2)
100
100 — 98
NC, = 5 + {25,26} X 2 X (W) — (6,6.04)

The total costs for all inspectors assigned to the task of quality
control per hour shall be given by the following relation:

NTC —Zn [G + (NM)R (100_Df)]
1= 20 |G (WMODR 55— ) ] %

NTC; = {5.5,5.6}x; + {5,5.2}x, + {6,6.04}x;
substituting the following target phrase:
NZ = szn [G,- + (NM))R, (m)] %,
j=1 100
We get:
NZ = {44,44.8}x; + {40,41,6}x, + {48,48.32}x;
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From the above, we can develop the following mathematical
model:

We want to find:

Min(NZ) = {44,44.8}x, + {40,41,6}x, + {48,48.32}x;
Constraints:

x; < 10
X, < 6
x3 < 8
8{15,16}x, + 8{10,11}x, + 8{25,26}x; = 1500
x=0; j=123
Example 5:

A company has three ranks for inspectors and wants to assign
the task of quality control to them, and 1500 pieces should be
checked daily during 8working hours per day, in the following
table we explain the full information about inspectors and for
all ranks, in this example we will take the accuracy of
inspection for each inspector as neutrosophic values in the
form of areas whose minimum range is less accurate and the
highest range is the highest accuracy that the inspector reaches
by rank

out the Inspector Number of Accuracy Inspector’s Number of | The fine paid by
pieces (percent) remuneration inspectors the company for
checked (monetary unit per each fault to the
Inspector rank (hour) hour) inspector
1 15 [95,97] 4 10 2
2 10 [90,92] 3 6 2
3 25 [98,99.5] 5 8 2

Table (15) Information on inspectors using neutrosophic values
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Required: Formulate the appropriate mathematical model
through which we can assign the optimal assignment to the
inspectors so that the cost of inspection is as low as possible

To build the mathematical model, we impose x; x,,x3; the
number of inspectors from the three ranks in the order assigned
to the inspection task, then the following inequality must be
met:

10
6
8

xR
N =
IA A

=
w
IA

Since the company needs to audit K pieces daily within S
working hour per day, the following set of restrictions must be
met:

zn 8M;x; > 1500
j=1
That is:

8(M,x; + Myx, + M3x3) = 1500
We get the following entry:

120x; + 80x, + 200x; = 1500

To obtain the objective function, we note that the company
bears two types of costs during the inspection process, the
inspector's fee and the fine corresponding to the error
committed by the inspector for each piece then the target
follower writes as follows:

Then the cost of the inspector is calculated from j the hourly
rank through the following relation:
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100 — ND; _
We get
NC, = 4 +15 x 2 x (220~ 195971) _ [4.9,5.5]
v 100 I
NC, = 3+ 10 x 2 x (120~ 190921} _ [4.6,5]
27 100 I
100 — [98,99.5]
NC; =54+25%X2X 100 = [5.25,6]

The total costs for all inspectors assigned to the task of quality
control per hour shall be given by the following relation:

n 100 — ND;

substituting the following target phrase:

NZ—Szn [G + MR (100_NDf)]
= i LT\ 100 %

We get:
NZ = [39.2,44]x, + [36.8,40]x, + [42,48]x;

From the above, we can develop the following mathematical
model:

We want to find:

Min(NZ) = [39.2,44]x, + [36.8,40]x, + [42,48]x,
Constraints:

x; < 10
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X, < 6
X3 < 8
120x; + 80x, + 200x3; = 1500
xj=0; j=123

In the two examples! and 2 for the optimal solution we use the
neutrosophic simplex method.

From the previous model, we notice that x; takes a positive
value only when 6; = 1, and in this case, the production of the
product j is limited by the quantity d; and the fixed production
cost K; is included in the goal function

The idea of indeterminacy is the basis of neutrosophic science
represented here through the use of the binary integer variable
because the optimal solution depends on the decision to
produce a product or not to produce it, although we cannot
guarantee the company a safe working environment in light of
the great changes in the labor market through price strikes,
resource availability or non-availability, and so on.

So it was necessary to reformulate this problem using
neutrosophic values for the sales opportunity d; and the cost of
producing one unit of each product C;and selling price P; so
that the sales opportunity becomes d; + ¢; , production cost
C; + u; and selling price P; + ¢; where ¢ and u; and ¢; are
the indeterminacy and is the change in the sales opportunity,
cost and selling price respectively depending on the conditions
of the work environment and takes one of the following forms:

Sj € [Ajl,AJZ] Or Sj € {Ajl ,AjZ} ...and ,Ll] € [le ,ij] or
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[l] S {le ,ij}... and (p] € [911 ,sz] or (p] € {0]1 ,sz}
Which are values close to the values d; and C; and can be any
neighborhood to them.

Then the text of the problem becomes as follows:
The text of the problem according to neutrosophic science:

A company is planning to produce N product where the
product j needs a fixed preparation cost or a fixed production
cost K; independent of the quantity produced, and needs a

variable cost C; + p; per production unit commensurate with

the quantity produced, we suppose that each unit of the product
Jj needs a;; a unit of the supplier i where there is M supplier.

Assuming that the product j that has a sales opportunity d; + ¢;
is sold at the price of P; + ¢; monetary unit per unit and that
only b; unit of the supplier i is available where i =1,2,...,M

the goal of the problem becomes to determine the optimal
product mix that makes the net profit as great as possible.

Formulation of the mathematical model:
Determination of the cost:

From the text of the problem, we note that the total cost of
production is the fixed cost in addition to the variable cost,
which is a nonlinear function of the quantity produced,

But with the help of binary integer variables &;, the problem
can be formulated in the form of a linear model with integers

We assume that the binary integer variable §; symbolizes the
decision to produce the product j or not to produce it in other
words
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(1 j if production desicion was taken
5 ={ )
0 otherwise

Then the cost of producing one unit of the product becomes as
follows 1(15] + (C] + u])x], where 5] =1if Xj > 0 and 5] =0
if x; = 0 and therefore the goal function becomes as follows:
N N
Z= 2 B+ )%= Z 1(’951' + (G + 1))
J= ]=
Restrictions of the problem:
A restriction on the supplier i is given in the following relation:
N
z a”xJSb] ;i=1,2,...,M
j=1

The restriction of the demand for the product j is given by the
following relation:

x <(dj+¢)8 ;j=12,..,N

Mathematical model: Find the maximum value of the function:

N N
Z= z (B o) % = Z (K8 + (G + 1))
J= J=

Within Restrictions

N

z aux]Sb] ;i=1,2,...,M

j=1

x] ZOand5]= 10I’5]=0

And or for all values
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From the previous model, we note that x; takes a positive value
only when §; = 1 and in this case the production of the product
j is limited by the quantity d; + ¢; and the fixed production
cost K; included in the goal function, by solving this model
we get an optimal neutrosophic value for the goal function

NZ* through which we know the profit that the company can
achieve in the best and worst conditions and enable the
company to develop appropriate plans for the workflow in it.

Conclusion:

Through the previous study, we note that by using the linear
programming method, we can provide the optimal solution to
most of the problems that production companies can face by
formulating the situation under treatment with a problem that
can be converted into a linear model, the optimal solution of
which helps decision-makers make optimal decisions for the
workflow so that the greatest profit is achieved. It is possible,
and to obtain solutions that have a margin of freedom, we can
use the data, neutrosophic values, values that take into account
all the conditions that the system represented by the linear
model may experience.
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