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In the medical diagnosis process, the symptoms of patients are always changing with time and relative to
dynamical information at different time intervals. However, existing information expression methods
usually neglect the temporal correlation of information expression, and hardly depict certain and
uncertain information on complex medical diagnosis problems. For the first time, the study presents
dynamic neutrosophic cubic set (DNCS) to express the patient's disease symptoms in a time sequence
(different time intervals). Then, the logarithmic similarity measure (LSM) of DNCSs is put forward and
their properties are verified. After that, a medical diagnosis method is constructed on the basis of the
proposed logarithmic similarity measure in DNCS setting, where the disease symptom information
collected from different time intervals is given by the form of DNCSs. Lastly, a medical diagnosis example
is used to demonstrate its applicability, and then the diagnosis results indicate that the presented method
is effective and feasible.

© 2019 Elsevier B.V. All rights reserved.
1. Introduction

With the development of modern detection technology, more effective intelligent medical diagnosis methods are highly demanded due
to both the increased volume of the symptom information of diseases and the inherent characteristics of disease symptoms such as the
indeterminacy, inconsistency, and dynamic variability at different time intervals. The existing classic fuzzy set (Zadeh,1965) is described by
fuzzy information with only unique membership degree, and then intuitionistic fuzzy sets (Atanassov, 1986) and interval-valued
intuitionistic fuzzy sets (Atanassov and Gargov,1989) are depicted by both membership and non-membership degrees; while neutrosophic
sets (NSs) (Smarandache, 1998) can express the incomplete, uncertainty, and inconsistency information depicted by truth, indeterminacy,
and falsity degrees. As a subset of NS, simplified NSs (Ye, 2014) contains the concepts of single-valued NSs (SvNSs) (Wang et al., 2010;
Broumi et al., 2016a,b) for certain information of truth, indeterminacy, and falsity and interval-valued NSs (IvNSs) (Wang et al., 2005;
Broumi et al., 2019) for uncertain information of truth, indeterminacy, and falsity, and then they were successfully applied in the medical
diagnosis (Ye, 2015; Abdel-Basset et al., 2019; Liu et al., 2018) or decision-making problems (Ye, 2014). Then, Nguyen et al. (2019) gave a
survey of the state-of-the-arts on neutrosophic sets in biomedical diagnoses. Furthermore, to express certain and uncertain information
simultaneously, Jun et al. (2012) defined cubic sets, in which the cubic variable consists of a certain degree given by an exact value and an
uncertain degree given by an interval value. Ali et al. (2016) and Jun et al. (2017) extended cubic sets to the neutrosophic sets and defined a
neutrosophic cubic set (NCS), which consists of a SvNS and an IvNS and can describe the partial certain and partial uncertain information of
the truth, indeterminacy and falsity simultaneously. Ye (2018) further presented basic operations and aggregation method of NCSs. Then,
the cosine (Lu and Ye, 2017), Jaccard, and Dice similarity measures of NCSs (Tu et al., 2018) and the Dombi (Shi and Ye, 2018), hybrid
weighted arithmetic and geometric aggregation operators of NCSs (Shi and Yuan, 2019) were put forward for decision-making applications
in NCS setting. Recently, Fu et al. (2018) gave the notion of cubic hesitant fuzzy sets (CHFSs) to express the hybrid information of uncertain
and hesitancy fuzzy values and presented the generalized distance and similarity measures of CHFSs for medical diagnosis. After that, Fu
et al. (2019) proposed the Dice measure of CHFSs for the initial evaluation of benign prostatic hyperplasia symptoms.
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However, the symptoms of diseases are dynamically changing in the medical diagnosis process regarding different time intervals,
so the current expression models of time-invariant information (i.e. single-period information expression models) cannot
characterize the dynamical information of the patient's disease symptoms at different time intervals. Ye and Fu (2016) proposed a
multi-period medical diagnosis method to deal with medical diagnosis problems with dynamic SvNS information. Ye (2017) further
presented dynamic single-valued neutrosophic multi-sets to process dynamic information collected from different time intervals in
real decision-making situations. However, there is no research on the dynamic neutrosophic cubic set (DNCS), which consists of a
discrete sequence of neutrosophic cubic numbers (NCNs) at different time intervals, to express the partial certain and partial
uncertain dynamical information of truth, falsity and indeterminacy in some applications such as medical diagnosis or dynamic target
tracing.

To satisfy the dynamic diagnosis demand of the dynamical information regarding different time intervals on medical diagnosis
problems, motivated by both NCS (Ali et al., 2016; Jun et al., 2017) and multi-period single valued neutrosophic (dynamic single valued
neutrosophic) information expression methods (Ye and Fu, 2016; Ye, 2017), this work proposes the logarithmic similarity measure (LSM) of
DNCSs and applies it to medical diagnosis. Then, the contributions of this original study are that: (1) the DNCS concept is introduced to
describe the complex and dynamic medical diagnosis information which contains the time-variant neutrosophic cubic information at
different time intervals, (2) the LSM of DNCSs is proposed, and (3) a medical diagnosis method is established based on the proposed LSM in
dynamic neutrosophic cubic setting.

The study is constructed below. Section 2 presents the basic concept of NCSs and the definition of the DNCSs to depict the time-variant
neutrosophic cubic information regarding different time intervals. Then, the logarithmic similarity measure of DNCSs is proposed and its
properties are proved in Section 3. Furthermore, a medical diagnosis method using LSM is put forward in the time-variant neutrosophic
cubic environments in Section 4. A medical diagnosis example is presented to show the application of the proposed medical diagnosis
method, its diagnosis robustness is analyzed by the LSM family regarding some parameter values, and then the comparison with existing
similar methods is carried out in Section 5. The last section contains conclusions and future study.
2. Neutrosophic cubic sets and dynamic neutrosophic cubic sets

2.1. Neutrosophic cubic sets

As defined by Ali et al. (2016) and Jun et al. (2017), a NCS A in a universal set Z is constructed as the following form:

A ¼ fz; < ½T�ðzÞ; TþðzÞ�; ½U�ðzÞ; UþðzÞ�; ½F�ðzÞ; FþðzÞ� >; < mðzÞ; nðzÞ; lðzÞ > jz 2 Zg;
where <[T�(z), T+(z)], [U�(z), U+(z)], [F�(z), F+(z)]> is an IvNS, depicting the truth, indeterminacy and falsity degrees with the interval values
[T�(z), T+(z)], [U�(z), U+(z)], [F�(z), F+(z)] � [0,1] for z 2 Z, and then < mðzÞ; nðzÞ; lðzÞ > is a SvNS, describing the truth, indeterminacy and
falsity degrees with the single values mðzÞ; nðzÞ; lðzÞ 2 ½0; 1� for z 2 Z. Additionally, the NCS A is called an internal NCS if mðzÞ 2 [T�(z), T+(z)],
nðzÞ 2 [U�(z), U+(z)], and lðzÞ 2 [F�(z), F+(z)] for z 2 Z; while it is named as an external NCS if mðzÞ=2 [T�(z), T+(z)], nðzÞ=2 [U�(z), U+(z)], and
lðzÞ=2 [F�(z), F+(z)] for z 2 Z.

For convenient expression, a basic element (z, <[T�(z), T+(z)], [U�(z), U+(z)], [F�(z), F+(z)]>, < mðzÞ; nðzÞ; lðzÞ >) in the NCS A is called a
NCN and can be simply denoted as (<T, U, F>, < m; n; l >), where T = [T�, T+], U = [U�, U+], F = [F�, F+] with T, U, F � [0,1], and
mðzÞ; nðzÞ; lðzÞ 2 ½0; 1� satisfying the conditions of 0 � Tþ þ Uþ þ Fþ � 3 and 0 � mðzÞ þ nðzÞ þ lðzÞ � 3.

2.2. Dynamic neutrosophic cubic sets

Based on the concept of NCS, DNCSs and their relations and operational rules are further presented in this section.

Definition 1. Assume there is a universal set Z and a time sequence set t = {t1, t2, . . . , tn}. A DNCS B(t) in Z collected for the time
sequence set t can be expressed as

BðtÞ ¼ tj; z;
½T�ðtj; zÞ; Tþðtj; zÞ�;
½U�ðtj; zÞ; Uþðtj; zÞ�;
½F�ðtj; zÞ; Fþðtj; zÞ�

* +
; mðtj; zÞ; vðtj; zÞ; lðtj; zÞ� �jtj 2 t; z 2 Z

8<
:

9=
;

where all variables ½T�ðtj; zÞ; Tþðtj; zÞ�, ½U�ðtj; zÞ; Uþðtj; zÞ�, ½F�ðtj; zÞ; Fþðtj; zÞ� � 0; 1½ � and m(tj, z), n(tj, z), l(tj, z) 2 [0,1] imply the time tj
(j = 1, 2, . . . , n) for z 2 Z.

For instance, a DNCS in the universal set Z = {z1, z2, z3} and the time sequence set t = {t1, t2} is given by

BðtÞ ¼
t1; z1;

½0:2; 0:3�;
½0:2; 0:5�;
½0:5; 0:8�

* +
; 0:3; 0:4; 0:6h i

0
@

1
A; t1; z2;

½0:1; 0:3�;
½0:2; 0:4�;
½0:7; 0:9�

* +
; 0:2; 0:3; 0:8h i

0
@

1
A; t1; z3;

½0:4; 0:6�;
½0:4; 0:7�;
½0:9; 1:0�

* +
; 0:5; 0:5; 0:9h i

0
@

1
A

8<
:

9=
;;

t2; z1;
½0:3; 0:5�;
½0:1; 0:2�;
½0:2; 0:5�

* +
; 0:4; 0:1; 0:3h i

0
@

1
A; t2; z2;

½0:2; 0:5�;
½0:1; 0:4�;
½0:4; 0:7�

* +
; 0:4; 0:2; 0:5h i

0
@

1
A; t2; z3;

½0:2; 0:5�;
½0:1; 0:2�;
½0:3; 0:5�

* +
; 0:3; 0:1; 0:4h i

0
@

1
A

8<
:

9=
;

8>>>>>><
>>>>>>:

9>>>>>>=
>>>>>>;

Definition 2. Assume there exist two DNCSs:
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BðtÞ ¼ tj; z;
½T�

B ðtj; zÞ; Tþ
B ðtj; zÞ�;

½U�
B ðtj; zÞ; Uþ

B ðtj; zÞ�;
½F�B ðtj; zÞ; FþB ðtj; zÞ�

* +
; mBðtj; zÞ; vBðtj; zÞ; lBðtj; zÞ� �jtj 2 t; z 2 Z

8<
:

9=
;,

CðtÞ ¼ tj; z;
½T�

C ðtj; zÞ; Tþ
C ðtj; zÞ�;

½U�
C ðtj; zÞ; Uþ

C ðtj; zÞ�;
½F�C ðtj; zÞ; FþC ðtj; zÞ�

* +
; mCðtj; zÞ; vCðtj; zÞ; lCðtj; zÞ� �jtj 2 t; z 2 Z

8<
:

9=
; in t = {t1, t2, ..., tn} and Z.

Then, there are the following relations:
(1)
P
m

Inclusion: B(t) � C(t) if and only if ½T�
B ðtj; zÞ; Tþ

B ðtj; zÞ� � ½T�
C ðtj; zÞ; Tþ

C ðtj; zÞ�, ½U�
B ðtj; zÞ; Uþ

B ðtj; zÞ� � ½U�
C ðtj; zÞ; Uþ

C ðtj; zÞ�,
½F�B ðtj; zÞ; FþB ðtj; zÞ� � ½F�C ðtj; zÞ; FþC ðtj; zÞ�, mB(tj, z) � mC(tj, z), nB(tj, z) � nC(tj, z), lB(tj, z) � lC(tj, z) for z 2 Z, tj 2 t, and j = 1, 2,
. . . , n;
(2) 
Equality: B(t) = C(t) if and only if B(t) � C(t) and C(t) � B(t);

(3) 
Complement:
BcðtÞ ¼ tj; z;
½F�B ðtj; zÞ; FþB ðtj; zÞ�;
½1 � Uþ

B ðtj; zÞ; 1 � U�
B ðtj; zÞ�;

½T�
B ðtj; zÞ; Tþ

B ðtj; zÞ�;

* +
; lBðtj; zÞ; 1 � vBðtj; zÞ; mBðtj; zÞ� �jtj 2 t; z 2 Z

8<
:

9=
;;
(4) 
Union:
BðtÞ [ CðtÞ ¼ tj; z;
½T�

B ðtj; zÞ _ T�
C ðtj; zÞ; Tþ

B ðtj; zÞ _ Tþ
C ðtj; zÞ�;

½U�
B ðtj; zÞ ^ U�

C ðtj; zÞ; Uþ
B ðtj; zÞ ^ Uþ

C ðtj; zÞ�;
½F�B ðtj; zÞ ^ F�C ðtj; zÞ; FþB ðtj; zÞ ^ FþC ðtj; zÞ�

* +
;

mBðtj; zÞ _ mCðtj; zÞ;
vBðtj; zÞ ^ vCðtj; zÞ;
lBðtj; zÞ ^ lCðtj; zÞ

* +
jtj 2 t; z 2 Z

8<
:

9=
;;
(5) 
Intersection:
BðtÞ \ CðtÞ ¼ tj; z;
½T�

B ðtj; zÞ ^ T�
C ðtj; zÞ; Tþ

B ðtj; zÞ ^ Tþ
C ðtj; zÞ�;

½U�
B ðtj; zÞ _ U�

C ðtj; zÞ; Uþ
B ðtj; zÞ _ Uþ

C ðtj; zÞ�;
½F�B ðtj; zÞ _ F�C ðtj; zÞ; FþB ðtj; zÞ _ FþC ðtj; zÞ�

* +
;

mBðtj; zÞ ^ mCðtj; zÞ;
vBðtj; zÞ _ vCðtj; zÞ;
lBðtj; zÞ _ lCðtj; zÞ

* +
jtj 2 t; z 2 Z

8<
:

9=
;:

Definition 3. The operational rules of DNCSs are defined as follows:
(1)
BðtÞ � CðtÞ ¼ tj; z;

T�
B ðtj; zÞ þ T�

C ðtj; zÞ � T�
B ðtj; zÞT�

C ðtj; zÞ;
Tþ
B ðtj; zÞ þ Tþ

C ðtj; zÞ � Tþ
B ðtj; zÞTþ

C ðtj; zÞ
� �

;

½U�
B ðtj; zÞU�

C ðtj; zÞ; Uþ
B ðtj; zÞUþ

C ðtj; zÞ�;
½F�B ðtj; zÞF�C ðtj; zÞ; FþB ðtj; zÞFþC ðtj; zÞ�

* +
;

mBðtj; zÞ þ mCðtj; zÞ � mBðtj; zÞmCðtj; zÞ;
vBðtj; zÞvCðtj; zÞ;
lBðtj; zÞlCðtj; zÞ

* +
tj 2 t; z 2 Z
��

8>><
>>:

9>>=
>>;;
(2)
BðtÞ 	 CðtÞ ¼ tj; z;

T�
B ðtj; zÞT�

C ðtj; zÞ; Tþ
B ðtj; zÞTþ

C ðtj; zÞ� �
;

U�
B ðtj; zÞ þ U�

C ðtj; zÞ � U�
B ðtj; zÞU�

C ðtj; zÞ;
Uþ

B ðtj; zÞ þ Uþ
C ðtj; zÞ � Uþ

B ðtj; zÞUþ
C ðtj; zÞ

� �
;

F�B ðtj; zÞ þ F�C ðtj; zÞ � F�B ðtj; zÞF�C ðtj; zÞ;
FþB ðtj; zÞ þ FþC ðtj; zÞ � FþB ðtj; zÞFþC ðtj; zÞ

� �
* +

;

mBðtj; zÞmCðtj; zÞ;
vBðtj; zÞ þ vCðtj; zÞ � vBðtj; zÞvCðtj; zÞ;
lBðtj; zÞ þ lCðtj; zÞ � lBðtj; zÞlCðtj; zÞ

* +
tj 2 t; z 2 Z
��

8>>>><
>>>>:

9>>>>=
>>>>;
(3)
rBðtÞ ¼ tj; z;

1 � 1 � T�
B ðtj; zÞ	 
r

; 1 � 1 � Tþ
B ðtj; zÞ	 
rh i

;

U�
B ðtj; zÞ	 
r

; Uþ
B ðtj; zÞ	 
rh i

;

F�B ðtj; zÞ	 
r
; FþB ðtj; zÞ	 
rh i

* +
;

1 � 1 � mBðtj; zÞ	 
r
;

vBðtj; zÞ	 
r
;

lBðtj; zÞ	 
r
* +

tj 2 t; z 2 Z
��

8>>><
>>>:

9>>>=
>>>;
for r > 0;
(4)
BðtÞð Þr ¼ tj; z;

T�
B ðtj; zÞ	 
r

; Tþ
B ðtj; zÞ	 
rh i

;

1 � 1 � U�
B ðtj; zÞ	 
r

; 1 � 1 � Uþ
B ðtj; zÞ	 
rh i

;

1 � 1 � F�B ðtj; zÞ	 
r
; 1 � 1 � FþB ðtj; zÞ	 
rh i

* +
;

mBðtj; zÞ	 
r
;

1 � 1 � vBðtj; zÞ	 
r
;

1 � 1 � lBðtj; zÞ	 
r
* +

tj 2 t; z 2 Z
��

8>>><
>>>:

9>>>=
>>>;
for r > 0.
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3. Logarithmic similarity measure of DNCSs

Motivated by the LSM of IvFSs (Lu and Ye, 2018), this section introduces a LSM of DNCSs.
For two NCNs b1 ¼ ð< T1; U1; F1 >; < m1; n1; l1 >) and b2 ¼ ð< T2; U2; F2 >; < m2; n2; l2 >Þ, a function f can be defined as

f ðb1; b2Þ ¼ jT�
1 � T�

2 j þ jTþ
1 � Tþ

2 j þ jU�
1 � U�

2 j þ jUþ
1 � Uþ

2 j þ jF�1 � F�2 j þ jFþ1 � Fþ2 j þ jm1 � m2j þ jv1 � v2j þ jl1 � l2j
	 


9
ð1Þ

Let BðtÞ ¼ tj; zi;
½T�

B ðtj; ziÞ; Tþ
B ðtj; ziÞ�;

½U�
B ðtj; ziÞ; Uþ

B ðtj; ziÞ�;
½F�B ðtj; ziÞ; FþB ðtj; ziÞ�

* +
; mBðtj; ziÞ; vBðtj; ziÞ; lBðtj; ziÞ
� �jtj 2 t; zi 2 Z

8<
:

9=
; and CðtÞ ¼

tj; zi;
½T�

C ðtj; ziÞ; Tþ
C ðtj; ziÞ�;

½U�
C ðtj; ziÞ; Uþ

C ðtj; ziÞ�;
½F�C ðtj; ziÞ; FþC ðtj; ziÞ�

* +
; mCðtj; ziÞ; vCðtj; ziÞ; lCðtj; ziÞ
� �jtj 2 t; zi 2 Z

8<
:

9=
; be two DNCSs in Z = {z1, z2, . . . , zm} along with the weight

vector u = (u(z1), u(z2), . . . , u(zm)) for
Pm
i¼1

uðziÞ ¼ 1 in Z = {z1, z2, . . . , zm} and the weight vector v(t) = (v(t1), v(t2), . . . , v(tn)) for

Pn
j¼1

vðtjÞ ¼ 1 in t = {t1, t2, . . . , tn}. Then the weighted LSM between two DNCSs B(tj) and C(tj) at a special time of tj can be calculated by

LðBðtjÞ; CðtjÞÞ ¼
Xm
i¼1

uðziÞloga a � ða � 1Þ 
 f ðBðtj; ziÞ; Cðtj; ziÞÞ
� �

¼
Xm
i¼1

uðziÞloga a � ða � 1Þ

T�
B ðtj; ziÞ � T�

C ðtj; ziÞ
�� ��þ Tþ

B ðtj; ziÞ � Tþ
C ðtj; ziÞ

�� ��þ U�
B ðtj; ziÞ � U�

C ðtj; ziÞ
�� ��

þ Uþ
B ðtj; ziÞ � Uþ

C ðtj; ziÞ
�� ��þ F�B ðtj; ziÞ � F�C ðtj; ziÞ

�� ��þ FþB ðtj; ziÞ � FþC ðtj; ziÞ
�� ��

þ mBðtj; ziÞ � mCðtj; ziÞ
�� ��þ vBðtj; ziÞ � vCðtj; ziÞ

�� ��þ lBðtj; ziÞ � lCðtj; ziÞ
�� ��

9

2
66666664

3
77777775
:

ð2Þ

for α � 2.
where α is an integer value, zi 2 Z (i = 1, 2, . . . , m), and tj 2 t (j = 1, 2, . . . , n). Then, the weighted LSM between B(t) and C(t) in the time

sequence set t can be calculated by

RðBðtÞ; CðtÞÞ ¼
Xn
j¼1

vðtjÞ 
 LðBðtjÞ; CðtjÞÞ for a � 2: ð3Þ

Especially, the DNCSs B(t) and C(t) become NCSs with n = 1, and then the weighted LSM of DNCSs is reduced to the one of NCSs.
Then, the weighted LSM of DNCSs has the following properties:
(P1) 0 � R(B(t), C(t)) � 1;
(P2) R(B(t), C(t)) = 1 if and only if B(t) = C(t);
(P3) R(B(t), C(t))= R(B(t), C(t));
(P4) if Q(t) is a DNCS in Z and t, and B(t) � C(t) � Q(t), then R(B(t), Q(t)) � R(B(t), C(t)) and R(B(t), Q(t)) � R(C(t), Q(t)).

Proof. (P1) By Eq. (2), f(B(tj, zi), C(tj, zi)) 2 [0,1] can be obtained because of ½T�ðtj; ziÞ; Tþðtj; ziÞ�, ½U�ðtj; ziÞ; Uþðtj; ziÞ�,
½F�ðtj; ziÞ; Fþðtj; ziÞ� � 0; 1½ � and m(tj, zi), n(tj, zi), l(tj, zi) 2 [0,1] for i = 1, 2, ..., m and j = 1, 2, ..., n. Thus, the logarithm to the base α
of the number a � ða � 1Þf ðBðtj; ziÞ; Cðtj; ziÞ ranges from 0 to 1, so the relative LSM L(B(tj), C(tj)) will also be in the closed internal of [0,1]

for j = 1, 2, ..., n with
Pm
i¼1

uðziÞ ¼ 1. Further by Eq. (3), 0 � R(B(t), C(t)) � 1 can be gotten for
Pn
j¼1

vðtjÞ ¼ 1.

(P2) If B(t) = C(t), there exist T�
B ðtj; ziÞ ¼ T�

C ðtj; ziÞ, Tþ
B ðtj; ziÞ ¼ Tþ

C ðtj; ziÞ, U�
B ðtj; ziÞ ¼ U�

C ðtj; ziÞ, Uþ
B ðtj; ziÞ ¼ Uþ

C ðtj; ziÞ, F�B ðtj; ziÞ ¼ F�C ðtj; ziÞ,
FþB ðtj; ziÞ ¼ FþC ðtj; ziÞ, mBðtj; ziÞ ¼ mCðtj; ziÞ, yBðtj; ziÞ ¼ yCðtj; ziÞ, and lBðtj; ziÞ ¼ lCðtj; ziÞ. Hence, by Eq. (1), there exists f(B(tj, zi), C(tj, zi)) =
0 for i = 1, 2, . . . , m and j = 1, 2, . . . , n. Thus, since the logarithm to the base α of a � ða � 1Þf ðBðtj; ziÞ; Cðtj; ziÞ is equal to 1, R(B(t), C(t)) = 1

can be obtained by Eq. (3) with
Pm
i¼1

uðziÞ ¼ 1 and
Pn
j¼1

vðtjÞ ¼ 1.

Similarly, by Eq. (3), if R(B(t), C(t)) = 1, there exists L(B(tj), C(tj)) = 1. Then by Eq. (2), the logarithm to the base α of the number
a � ða � 1Þf ðBðtj; ziÞ; Cðtj; ziÞ should be 1, and f(B(tj, zi), C(tj, zi)) should be zero. Regarding the conditions of T�

B ðtj; ziÞ ¼ T�
C ðtj; ziÞ,

Tþ
B ðtj; ziÞ ¼ Tþ

C ðtj; ziÞ, U�
B ðtj; ziÞ ¼ U�

C ðtj; ziÞ, Uþ
B ðtj; ziÞ ¼ Uþ

C ðtj; ziÞ, F�B ðtj; ziÞ ¼ F�C ðtj; ziÞ, FþB ðtj; ziÞ ¼ FþC ðtj; ziÞ, mBðtj; ziÞ ¼ mCðtj; ziÞ,
yBðtj; ziÞ ¼ yCðtj; ziÞ, and lBðtj; ziÞ ¼ lCðtj; ziÞ must be satisfied. That is, B(t) = C(t).

(P3) R(B(t), C(t)) = R(C(t), B(t)) can be straightforwardly obtained.
(P4) The condition of B(t) � C(t) � Q(t) implies that T�

B ðtj; ziÞ � T�
C ðtj; ziÞ � T�

Q ðtj; ziÞ, Tþ
B ðtj; ziÞ � Tþ

C ðtj; ziÞ � Tþ
Q ðtj; ziÞ,

U�
B ðtj; ziÞ � U�

C ðtj; ziÞ � U�
Q ðtj; ziÞ, Uþ

B ðtj; ziÞ � Uþ
C ðtj; ziÞ � Uþ

Q ðtj; ziÞ, F�B ðtj; ziÞ � F�C ðtj; ziÞ � F�Q ðtj; ziÞ, FþB ðtj; ziÞ � FþC ðtj; ziÞ � FþQ ðtj; ziÞ,
mBðtj; ziÞ � mCðtj; ziÞ � mQ ðtj; ziÞ, vBðtj; ziÞ � vCðtj; ziÞ � vQ ðtj; ziÞ, lBðtj; ziÞ � lCðtj; ziÞ � lQ ðtj; ziÞ for i = 1, 2, . . . , m and j = 1, 2, . . . ,
n. It follows that

jT�
B ðtj; ziÞ � T�

C ðtj; ziÞj � jT�
B ðtj; ziÞ � T�

Q ðtj; ziÞj; jT�
C ðtj; ziÞ � T�

Q ðtj; ziÞj � jT�
B ðtj; ziÞ � T�

Q ðtj; ziÞj,
jTþ

B ðtj; ziÞ � Tþ
C ðtj; ziÞj � jTþ

B ðtj; ziÞ � Tþ
Q ðtj; ziÞj, jTþ

C ðtj; ziÞ � Tþ
Q ðtj; ziÞj � jTþ

B ðtj; ziÞ � Tþ
Q ðtj; ziÞj,

jU�
B ðtj; ziÞ � U�

C ðtj; ziÞj � jU�
B ðtj; ziÞ � U�

Q ðtj; ziÞj, jU�
C ðtj; ziÞ � U�

Q ðtj; ziÞj � jU�
B ðtj; ziÞ � U�

Q ðtj; ziÞj,
jUþ

B ðtj; ziÞ � Uþ
C ðtj; ziÞj � jUþ

B ðtj; ziÞ � Uþ
Q ðtj; ziÞj, jUþ

C ðtj; ziÞ � Uþ
Q ðtj; ziÞj � jUþ

B ðtj; ziÞ � Uþ
Q ðtj; ziÞj,
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jF�B ðtj; ziÞ � F�C ðtj; ziÞj � jF�B ðtj; ziÞ � F�Q ðtj; ziÞj, jF�C ðtj; ziÞ � F�Q ðtj; ziÞj � jF�B ðtj; ziÞ � F�Q ðtj; ziÞj,
jFþB ðtj; ziÞ � FþC ðtj; ziÞj � jFþB ðtj; ziÞ � FþQ ðtj; ziÞj, jFþC ðtj; ziÞ � FþQ ðtj; ziÞj � jFþB ðtj; ziÞ � FþQ ðtj; ziÞj,
jmBðtj; ziÞ � mCðtj; ziÞj � jmBðtj; ziÞ � mQ ðtj; ziÞj, jmCðtj; ziÞ � mQ ðtj; ziÞj � jmBðtj; ziÞ � mQ ðtj; ziÞj,
jyBðtj; ziÞ � yCðtj; ziÞj � jyBðtj; ziÞ � yQ ðtj; ziÞj, jyCðtj; ziÞ � yQ ðtj; ziÞj � jyBðtj; ziÞ � yQ ðtj; ziÞj,
jlBðtj; ziÞ � lCðtj; ziÞj � jlBðtj; ziÞ � lQ ðtj; ziÞj, jlCðtj; ziÞ � lQ ðtj; ziÞj � jlBðtj; ziÞ � lQ ðtj; ziÞj
Thus, both f(B(tj, zi), C(tj, zi)) � f(B(tj, zi), Q(tj, zi)) and f(C(tj, zi), Q(tj, zi)) � f(B(tj, zi), Q(tj, zi)) can be obtained for i = 1, 2, . . . , m and j = 1,

2, . . . , n. Since the logarithm to the base α in Eq. (2) decreases with the increasing of the function f, R(B,Q) � R(B,C) and R(B,Q) � R(C,Q) can
be obtained.

Thus, the proof of the properties is completed.

4. Medical diagnosis method using the logarithmic similarity measure of DNCSs

This section introduces a novel medical diagnosis method applying LSM in dynamic neutrosophic cubic setting.
Assume D = {D1, D2, . . . , Dq} is a set of the considered diseases, Z = {z1, z2, . . . , zm} is a set of relative symptoms, and t = {t1, t2, . . . , tn} is

a set of time sequence. For a patient Ps with multiple symptoms in Z, the related characteristic values between the patient and symptoms
are indicated in medical diagnosis problems with time-variant NCSs at different time intervals, as shown in Table 1, where Ps(tj, zi) denotes
the characteristic values of the patient's ith symptom zi (i = 1, 2, . . . , m) at the jth time tj (j = 1, 2, . . . , n). If n = 1, only one-time symptom
information of the patient is considered as medical diagnosis problems in the reference Ye (2015). Then, the characteristic values between
the considered disease Dk (k = 1, 2, . . . , q) and the relative symptom zi (i = 1, 2, . . . , m) are given in Table 2, where Dk(zi) expresses the
characteristic values of the kth considered disease Dk (k = 1, 2, . . . , q) on the ith symptom zi (i = 1, 2, . . . , m).

For a medical diagnosis problem with dynamic neutrosophic cubic information, the characteristic values Ps(tj, zi) (i = 1, 2, . . . , m; j = 1,
2, . . . , n) of a patient Ps in the symptom set Z and the time sequence set t are given by a DNCS:

Psðtj; ziÞ ¼ tj; zi;
½T�

Ps ðtj; ziÞ; Tþ
Ps ðtj; ziÞ�;

½U�
Ps ðtj; ziÞ; Uþ

Ps ðtj; ziÞ�;
½F�Ps ðtj; ziÞ; FþPs ðtj; ziÞ�

* +
; mPs ðtj; ziÞ; vPs ðtj; ziÞ; lPs ðtj; ziÞ
� �

tj 2 t; zi 2 Z
��

8><
>:

9>=
>;;

and then the characteristic values between the considered disease Dk and the symptom zi are denoted as a NCS

DkðziÞ ¼ zi;
½T�

Dk
ðziÞ; Tþ

Dk
ðziÞ�;

½U�
Dk
ðziÞ; Uþ

Dk
ðziÞ�;

½F�Dk
ðziÞ; FþDk

ðziÞ�

* +
; mDk

ðziÞ; vDk
ðziÞ; lDk

ðziÞ
D E

zi 2 Zj

8><
>:

9>=
>; for NCS. Suppose the weight vector in the symptom set Z is u = (u
(z1), u(z2), . . . , u(zm)) satisfying u(zi) 2 [0,1] and
Pm
i¼1

uðziÞ ¼ 1 and the weight vector in the time sequence set t is v(t) = (v(t1), v(t2), . . . ,

v(tn)) with v(tj) 2 [0,1] and
Pn
j¼1

vðtjÞ ¼ 1, where the time sequence weight v(tj) can be also considered as its forgetting factor (the weight

value decreases with the time increasing) in some dynamic medical diagnosis problems.
By applying the LSMs of DNCSs defined by Eqs. (2) and (3) to the dynamic medical diagnosis problems, the diagnosis steps are listed

below:
Step 1: Obtain the weighted LSM between a patient Ps and the considered disease Dk (k = 1, 2, . . . , q) in the symptom set Z = {z1, z2, . . . ,

zm} at the time tj (j = 1, 2, . . . , n) along with the weight vector u = (u(z1), u(z2), . . . , u(zm)) by

LðPsðtjÞ; DkÞ ¼
Xm
i¼1

uðziÞloga a � ða � 1Þ 
 f ðPsðtj; ziÞ; DkðziÞÞ
� �

¼
Xm
i¼1

uðziÞloga a � ða � 1Þ

T�
Ps ðtj; ziÞ � T�

Dk
ðziÞ

��� ���þ Tþ
Ps ðtj; ziÞ � Tþ

Dk
ðziÞ

��� ���þ U�
Ps ðtj; ziÞ � U�

Dk
ðziÞ

��� ���
þ Uþ

Ps ðtj; ziÞ � Uþ
Dk
ðziÞ

��� ���þ F�Ps ðtj; ziÞ � F�Dk
ðziÞ

��� ���þ FþPs ðtj; ziÞ � FþDk
ðziÞ

��� ���
þ mPs ðtj; ziÞ � mDk

ðziÞ
��� ���þ yPs ðtj; ziÞ � yDk

ðziÞ
�� ��þ lPs ðtj; ziÞ � lDk

ðziÞ
�� ��

9

2
6666666666664

3
7777777777775

ð4Þ

for α � 2.
Table 1
Characteristic values between the patient Ps and the symptom zi.

tj z1 z2 . . . zm

Ps t1 Ps(t1, z1) Ps(t1, z2) . . . Ps(t1, zm)
t2 Ps(t2, z1) Ps(t2, z2) . . . Ps(t2, zm)
. . . . . . . . . . . . . . .
tn Ps(tn, z1) Ps(tn, z2) . . . Ps(tn, zm)
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able 2
haracteristic values between the symptom zi and the considered disease Dk.

Dk z1 z2 . . . zm

D1 D1(z1) D1(z2) . . . D1(zm)
D2 D2(z1) D2(z2) . . . D2(zm)
. . . . . . . . . . . . . . .
Dq Dq(z1) Dq(z2) . . . Dq(zm)
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Table 3
Characteristic values between the symptom zi and the considered disease Dk in the form of NCSs.

Dk z1(temperature) z2(headache) z3(stomach pain) z4(cough) z5(chest pain)

D1(viral fever) (<[0.3,0.5], (<[0.2,0.4], (<[0.0,0.2], (<[0.3,0.5], <[0.0,0.2],
[0.5,0.7], [0.1,0.3], [0.2,0.4], [0.2,0.4], [0.1,0.3],
[0.0,0.1]>, [0.4,0.6]>, [0.6,0.8]>, [0.2,0.4]>, [0.6,0.8]>,
<0.4,0.6,0.0>) <0.3,0.2,0.5>) <0.1,0.3,0.7>) <0.4,0.3,0.3>) <0.1,0.2,0.7>)

D2(malaria) (<[0.6,0.8], (<[0.1,0.3], (<[0.0,0.1], (<[0.6,0.8], (<[0.0,0.2],
[0.2,0.4], [0.1,0.3], [0.0,0.2], [0.2,0.4], [0.0,0.2],
[0.0,0.1]>, [0.5,0.7]>, [0.8,1.0]>, [0.0,0.1]>, [0.7,0.9]>,
<0.7,0.3,0.0>) <0.2,0.2,0.6>) <0.0,0.1,0.9>) <0.7,0.3,0.0>) <0.1,0.1,0.8>)

D3(typhoid) (<[0.2,0.4], (<[0.5,0.7], (<[0.1,0.3], (<[0.1,0.3], (<[0.0,0.2],
[0.3,0.5], [0.2,0.4], [0.0,0.2], [0.1,0.3], [0.0,0.1],
[0.2,0.4]>, [0.0,0.2]>, [0.6,0.8]>, [0.5,0.7]>, [0.8,1.0]>,
<0.3,0.4,0.3>) <0.6,0.3,0.1>) <0.2,0.1,0.7>) <0.2,0.2,0.6>) <0.1,0.0,0.9>)

D4(gastritis) (<[0.0,0.2], (<[0.1,0.3], (<[0.7,0.9], (<[0.1,0.3], (<[0.1,0.3],
[0.1,0.3], [0.3,0.5], [0.1,0.3], [0.0,0.3], [0.0,0.2],
[0.6,0.8]>, [0.3,0.5]>, [0.0,0.1]>, [0.6,0.8]>, [0.6,0.8]>,
<0.1,0.2,0.7>) <0.2,0.4,0.4>) <0.8,0.2,0.0>) <0.2,0.1,0.7>) <0.2,0.1,0.7>)

D5(stenocardia) (<[0.0,0.2], (<[0.0,0.0], (<[0.1,0.3], (<[0.1,0.3], (<[0.7,0.9],
[0.0,0.2], [0.1,0.3], [0.0,0.0], [0.0,0.0], [0.0,0.2],
[0.7,0.9]>, [0.7,0.9]>, [0.7,0.9]>, [0.7,0.9]>, [0.0,0.2]>,
<0.1,0.1,0.8>) <0.0,0.2,0.8>) <0.2,0.0,0.8>) <0.2,0.0,0.8>) <0.8,0.1,0.1>)
Step 2: Calculate the weighted LSM between the patient Ps and the considered disease Dk (k = 1, 2, . . . , q) in the time sequence set t = {t1,
t1, . . . , tn,} along with the weight (forgetting factor) vector v(t) = (v(t1), v(t2), . . . , v(tn)) by

RðPs; DkÞ ¼
Xn
j¼1

vðtjÞ 
 LðPsðtjÞ; DkÞ ð5Þ

Step 3: Regarding the maximum weighted LSM value of R(Ps, Dk) for k = 1, 2, . . . , q, the proper diagnosis for the patient Ps can be
determined.

Step 4: End.

5. Medical diagnosis example

In this section, the proposed medical diagnosis method using the LSM of DNCSs is applied to a practical medical diagnosis problem
adapted from (Ye, 2015; Ye and Fu, 2016), and both the diagnosis robustness and effectiveness of the proposed method are illustrated by
comparative analysis.

Suppose a set of the considered diseases is given as D = {D1, D2, D3, D4, D5} = {viral fever, malaria, typhoid, gastritis, stenocardia}, and a set
of the relative symptoms is described by Z = {z1, z2, z3, z4, z5} = {temperature, headache, stomach pain, cough, chest pain}. Then, the
characteristic values of the diseases in D and the symptoms in Z are represented by the form of NCSs and are shown in Table 3.

Assume four patients need medical diagnosis. Three samples need to be taken for each patient Ps (s = 1–4) at three different time
intervals, respectively, and then the information of the patient symptoms is expressed by DNCSs. The basic element (NCN) Ps(tj, zi) in DNCS
is used to indicate the characteristic value between the patient Ps and the symptom zi at the time tj. For example, the NCN P1(t1, z1) = {(<[0.7,
0.9], [0.5, 0.7], [0.4, 0.6]>, <0.8, 0.6, 0.5 > )} is the characteristic values of the symptom z1 for the patient P1 at the first time t1. Thus, the
characteristic values of Ps (s = 1–4) on the symptom zi (i = 1–5) at the three times t1, t2, and t3 can be expressed by DNCS, which is composed
of three NCNs for the three times, as shown in Table 4.

Suppose the weight vector of the five symptoms is given by u = (1/5, 1/5, 1/5, 1/5, 1/5) without considering different weights of the five
symptoms and another weight (forgetting factor) vector of the time sequence is indicated by v(t) = (0.25, 0.35, 0.4). Then the proposed
dynamic medical diagnosis method can be applied to the medical diagnosis example.

5.1. Dynamic medical diagnosis based on the logarithmic similarity measure

For the proposed medical diagnosis method, the dynamic medical diagnosis process for the patient Ps (s = 1–4) can be given by the
following steps:

Step 1: By Eq. (4) with the parameter value α = 2, the LSM L(Ps(tj), Dk) between the patient Ps (s = 1–4) and the considered disease Dk

(k = 1–5) at each time tj (j = 1, 2, 3) can be obtained, as shown in Table 5.
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Table 4
Characteristic values between the patient Ps and the symptom zi in the form of DNCSs.

Ps tj z1(temperature) z2(headache) z3(stomach pain) z4(cough) z5(chest pain)

P1 t1 (<[0.7,0.9], (<[0.4,0.6], (<[0.1,0.3], (<[0.6,0.8], (<[0.3,0.5],
[0.5,0.7], [0.3,0.5], [0.0,0.2], [0.5,0.7], [0.2,0.4],
[0.4,0.6]>, [0.2,0.4]>, [0.2,0.4]>, [0.2,0.4]>, [0.1,0.3]>,
<0.8,0.6,0.5>) <0.5,0.4,0.3>) <0.2,0.1,0.3>) <0.7,0.6,0.3>) <0.4,0.3,0.2>)

t2 (<[0.6,0.8], (<[0.5,0.7], (<[0.2,0.4], (<[0.5,0.7], (<[0.5,0.7],
[0.2,0.4], [0.2,0.4], [0.1,0.3], [0.4,0.6], [0.4,0.6],
[0.1,0.3]>, [0.1,0.3]>, [0.3,0.5]>, [0.1,0.3]>, [0.2,0.4]>,
<0.7,0.3,0.2>) <0.6,0.3,0.2>) <0.3,0.2,0.4>) <0.6,0.5,0.2>) <0.6,0.5,0.3>)

t3 (<[0.4,0.6], (<[0.5,0.7], (<[0.2,0.4], (<[0.3,0.5], (<[0.5,0.7],
[0.1,0.3], [0.2,0.4], [0.2,0.4], [0.2,0.4], [0.3,0.5],
[0.3,0.5]>, [0.3,0.5]>, [0.4,0.6]>, [0.1,0.3]>, [0.3,0.5]>,
<0.5,0.2,0.4>) <0.6,0.3,0.4>) <0.3,0.3,0.5>) <0.4,0.3,0.2>) <0.6,0.4,0.4>)

P2 t1 (<[0.5,0.7], (<[0.0,0.2], (<[0.2,0.4], (<[0.5,0.7], (<[0.1,0.3],
[0.5,0.7], [0.1,0.3], [0.1,0.3], [0.1,0.3], [0.2,0.4],
[0.0,0.2]>, [0.5,0.7]>, [0.7,0.9]>, [0.2,0.4]>, [0.6,0.8]>,
<0.6, 0.6, 0.1>) <0.1, 0.2, 0.6>) <0.3, 0.2, 0.8>) <0.6, 0.2, 0.3>) <0.2, 0.3, 0.7>)

t2 (<[0.4,0.6], (<[0.1,0.3], (<[0.1,0.3], (<[0.7,0.9], (<[0.0,0.2],
[0.3,0.5], [0.1,0.3], [0.0,0.2], [0.2,0.4], [0.0,0.2],
[0.1,0.3]>, [0.5,0.7]>, [0.6,0.8]>, [0.0,0.2]>, [0.7,0.9]>,
<0.5, 0.4, 0.2>) <0.2, 0.2, 0.6>) <0.2, 0.1, 0.7>) <0.8, 0.3, 0.1>) <0.1, 0.1, 0.8>)

t3 (<[0.7,0.9], (<[0.1,0.3], (<[0.0,0.2], (<[0.6,0.8], (<[0.0,0.2],
[0.2,0.4], [0.0,0.2], [0.0,0.2], [0.1,0.3], [0.0,0.2],
[0.0,0.2]>, [0.4,0.6]>, [0.8,1.0]>, [0.0,0.1]>, [0.7,0.9]>,
<0.8, 0.3, 0.1>) <0.2, 0.1, 0.5>) <0.1, 0.1, 0.9>) <0.7, 0.2, 0.0>) <0.1, 0.1, 0.8>)

P3 t1 (<[0.2,0.4], (<[0.2,0.4], (<[0.6,0.8], (<[0.2,0.4], (<[0.3,0.5],
[0.0,0.2], [0.1,0.3], [0.5,0.7], [0.1,0.3], [0.3,0.5],
[0.1,0.3]>, [0.1,0.3]>, [0.6,0.8]>, [0.1,0.3]>, [0.2,0.4]>,
<0.3, 0.1, 0.2>) <0.3, 0.2, 0.2>) <0.7, 0.6, 0.7>) <0.3, 0.2, 0.2>) <0.4, 0.4, 0.3>)

t2 (<[0.3,0.5], (<[0.4,0.6], (<[0.3,0.5], (<[0.4,0.6], (<[0.5,0.7],
[0.1,0.3], [0.0,0.2], [0.1,0.3], [0.2,0.4], [0.2,0.4],
[0.1,0.3]>, [0.2,0.4]>, [0.1,0.3]>, [0.2,0.4]>, [0.1,0.3]>,
<0.4, 0.2, 0.2>) <0.5, 0.1, 0.3>) <0.4, 0.2, 0.2>) <0.5, 0.3, 0.3>) <0.6, 0.3, 0.2>)

t3 (<[0.7,0.9], (<[0.6,0.8], (<[0.3,0.5], (<[0.6,0.8], (<[0.6,0.8],
[0.6,0.8], [0.4,0.6], [0.0,0.2], [0.2,0.4], [0.3,0.5],
[0.5,0.7]>, [0.4,0.6]>, [0.0,0.2]>, [0.3,0.5]>, [0.4,0.6]>,
<0.8, 0.7, 0.6>) <0.7, 0.5, 0.5>) <0.4, 0.1, 0.1>) <0.7, 0.3, 0.4>) <0.7, 0.4, 0.5>)

P4 t1 (<[0.1,0.3], (<[0.1,0.3], (<[0.1,0.3], (<[0.1,0.3], (<[0.7,0.9],
[0.0,0.2], [0.2,0.4], [0.1,0.3], [0.0,0.2], [0.1,0.3],
[0.6,0.8]>, [0.6,0.8]>, [0.6,0.8]>, [0.7,0.9]>, [0.0,0.2]>,
<0.2, 0.1, 0.7>) <0.2, 0.3, 0.7>) <0.2, 0.2, 0.7>) <0.2, 0.1, 0.8>) <0.8, 0.2, 0.1>)

t2 (<[0.0,0.2], (<[0.0,0.2], (<[0.1,0.3], (<[0.2,0.4], (<[0.6,0.8],
[0.0,0.2], [0.1,0.3], [0.0,0.2], [0.0,0.1], [0.0,0.2],
[0.5,0.7]>, [0.7,0.9]>, [0.7,0.9]>, [0.8,1.0]>, [0.1,0.3]>,
<0.1, 0.1, 0.6>) <0.1, 0.2, 0.8>) <0.2, 0.1, 0.8>) <0.3, 0.0, 0.9>) <0.7, 0.1, 0.2>)

t3 (<[0.0,0.2], (<[0.0,0.2], (<[0.2,0.4], (<[0.1,0.3], (<[0.8,1.0],
[0.0,0.2], [0.1,0.3], [0.0,0.2], [0.0,0.2], [0.0,0.2],
[0.7,0.9]>, [0.6,0.8]>, [0.7,0.9]>, [0.8,1.0]>, [0.0,0.2]>,
<0.1, 0.1, 0.8>) <0.1, 0.2, 0.7>) <0.3, 0.1, 0.8>) <0.2, 0.1, 0.9>) <0.9, 0.1, 0.1>)

Table 5
LSM values of L(Ps(tj),Dk) between the patient Ps and the considered disease Dk at the time tj.

L(Ps(tj),Dk) t1 t2 t3

L(P1(tj), D1) 0.8115 0.8049 0.8525
L(P1(tj), D2) 0.7872 0.7999 0.7975
L(P1(tj), D3) 0.7805 0.7939 0.8246
L(P1(tj), D4) 0.7375 0.7220 0.7850
L(P1(tj), D5) 0.6969 0.6928 0.7592
L(P2(tj), D1) 0.9276 0.9119 0.8871
L(P2(tj), D2) 0.9052 0.9503 0.9740
L(P2(tj), D3) 0.8266 0.8601 0.8267
L(P2(tj), D4) 0.7687 0.7627 0.7334
L(P2(tj), D5) 0.7392 0.7337 0.7078
L(P3(tj), D1) 0.8372 0.8361 0.7768
L(P3(tj), D2) 0.7684 0.7794 0.7517
L(P3(tj), D3) 0.8089 0.7970 0.7486
L(P3(tj), D4) 0.7903 0.7908 0.7618
L(P3(tj), D5) 0.7536 0.7528 0.6882
L(P4(tj), D1) 0.7784 0.7653 0.7223
L(P4(tj), D2) 0.7284 0.7480 0.7165
L(P4(tj), D3) 0.7926 0.7802 0.7435
L(P4(tj), D4) 0.8249 0.8010 0.7879
L(P4(tj), D5) 0.9458 0.9593 0.9505
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able 6
iagnosis results of the four patients.

D1(viral fever) D2(malaria) D3(typhoid) D4(gastritis) D5(stenocardia) Diagnosis result

R(P1,Dk) 0.8256 0.7958 0.8028 0.7511 0.7204 viral fever
R(P2,Dk) 0.9059 0.9485 0.8383 0.7525 0.7247 malaria
R(P3,Dk) 0.8126 0.7656 0.7806 0.7791 0.7272 viral fever
R(P4,Dk) 0.7514 0.7305 0.7686 0.8018 0.9524 stenocardia
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Fig. 1. LSM values of R(Ps, Dk) between the patient Ps and the disease Dk for α 2 [2, 100].
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Step 2: By Eq. (5) with the parameter value α = 2, calculate the weighted LSM R(Ps, Dk) between the patient Ps (s = 1–4) and the considered
disease Dk (k = 1–5) in the time sequence set t along with the relative weighted vector v(t). The obtained results are shown in Table 6. For
instance, the LSM results between the patient P1 and the considered disease Dk (k = 1–5) are given as R(P1, D1) = 0.8256, R(P1, D2) = 0.7958, R
(P1, D3) = 0.8028, R(P1, D4) = 0.7511, and R(P1, D5) = 0.7204.

Step 3: According to the maximum weighted LSM values R(P1, D1) = 0.8256, R(P2, D2) = 0.9485, R(P3, D3) = 0.8126, and R(P4, D4) = 0.9524
among all weighted LSM values, patients P1 and P3 suffer from viral fever, P2 suffers from malaria, and P4 suffers from stenocardia.

5.2. Diagnosis robust analysis

To illustrate the robustness of the proposed medical diagnosis method, the proposed method is verified by the different parameter
values of α in Eqs. (4) and (5) in the range of [2, 100]. Regarding the diagnosis steps listed in Section 5.1, the LSM values of R(Ps, Dk) are
obtained, as shown in Fig. 1. Obviously, for each patient Ps, although the relative LSM values of R(Ps, Dk) regarding the considered disease Dk

(k = 1–5) increase with the increasing of the parameter values of α, the ranking orders and diagnosis results of the possible suffering
diseases keep identical. Thus, the proposed medical diagnosis method is robust for the practical application regarding the LSM family.

5.3. Comparative analysis

To illustrate the effectiveness of the proposed medical diagnosis method, some comparison with existing similar diagnosis method (Ye
and Fu, 2016) was carried out under the environment of multi-period SvNSs. To apply the existing diagnosis method (Ye and Fu, 2016) with
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the multi-period SvNSs to the medical diagnosis problem with DNCS information, a special case of DNCSs can be considered at the
condition that there are no IvNSs in DNCSs, in other words, DNCSs are reduced to the dynamical SvNSs. Thus, the diagnosis results obtained
from the reference (Ye and Fu, 2016) are the same as the diagnosis results obtained by the proposed new diagnosis method in the medical
diagnosis example. It is obvious that the proposed medical diagnosis method using the LSM of DNCSs is effective and reasonable. And also
the algorithms in the proposed method are easily implemented in computer software, which can be used to establish the computer-aided
diagnosis and decision system.

5.4. Discussion

The above results and analysis indicate that the diagnosis method applying the LSM of DNCSs is robust and effective. The presented
DNCS provides a novel way to represent the dynamic certain and uncertain information which widely exists in clinical medical diagnosis
situations. Then, the current multi-period SvNS (dynamic SvNS) can only depict dynamic certain information at different time intervals and
the NCS can only express certain and uncertain information at a specific time interval. However, the multi-cycle SvNS or NCS cannot express
the DNCS information and is a special case of DNCS. It is obvious that the presented DNCS is superior to the multi-cycle SvNS or NCS in the
information representation.

Moreover, it is the first time that DNCSs have been introduced to medical diagnosis in this work. The LSM of DNCSs can handle medical
diagnosis problems with DNCS information. The advantage of the proposed diagnosis method is that it can express NCNs at different time
intervals (i.e. DNCS) and deal with the medical diagnosis problems with dynamic neutrosophic cubic information, which existing medical
diagnosis methods cannot do. Although the base α � 2 in the LSM of DNCSs is limited as the insufficiency, the proposed medical diagnosis
method based on the LSM of DNCSs is effective and reasonable and shows the robustness of the diagnosis results to some extent. Therefore,
this work provides basic theory and algorithms for the computer-aided diagnosis and decision system.

6. Conclusion

This study presented the concept of DNCSs for the first time to describe the hybrid form of a dynamic IvNS and a dynamic SvNS along
with the truth, indeterminacy, and falsity degrees in a time consequence (at different time intervals), and then gave the basic relations and
operations of DNCSs. Next, the study proposed the LSM of DNCSs and investigated its properties. Then, a medical diagnosis method was
proposed based on the weighted LSM of DNCSs. Lastly, a practical medical diagnosis example with dynamic neutrosophic cubic information
was presented to illustrate the application of the developed medical diagnosis method and to verify the robustness and effectiveness by
comparative analysis. The diagnosis results showed that the proposed dynamic medical diagnosis method can indicate a proper diagnosis
result from dynamic medical diagnosis information. However, it should be noted that the LSM of the DNCSs proposed in this work is valid
only when the base α � 2 in the LSM of DNCSs is limited in this condition. Therefore, in the future research, novel similarity measures for
DNCSs should be further developed to overcome the limitation and applied to the diagnosis/evaluation of benign prostatic hyperplasia,
prostate cancer, renal cancer, and so on.
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